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ABSTRACT 

This investigation of the 2014 midterm election brings together research in 

communication, journalism, political science, and sociology. Incorporating concepts of 

interdependence through the application of social network analysis, I analyzed how journalists 

construct and utilize networks of news sources in election coverage. Survey results indicate that 

journalists use sources in a complementary fashion in order to fulfill their resource needs. Such 

perceptions are also dependent on aspects of the journalist, news norms, organizational 

pressures, and extra-media influences. Overall, source networks are strategically used to fulfill 

traditional journalistic norms of objectivity and credibility as well as economic and entertainment 

needs. Content analysis results suggest that, along with more traditional variables such as 

ownership and source type, networks characteristics also influence new outcomes, with higher 

network density resulting in increases in issue coverage. In other words, greater connections 

among sources may result in more substantive information being passed on to voters. For the 

field of communication, this study enhances our understanding of agenda building and framing 

by revealing (1) how journalists perceive their networks (networks to journalists), (2) how they 

translate real life networks into symbolic networks within news coverage (networks from 

journalists), (3) how source networks vary across time and election contexts (networks across 

time), and (4) how such networks influence coverage outcomes. It furthers our understanding of 

the role interdependence plays in news construction and suggests the incorporation of network 

concepts and measures will increase our understanding of the news production process.  
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CHAPTER 1: INTRODUCTION  

Studies of news sourcing are quite common within the fields of communication, 

journalism, and sociology (see Alexseev & Bennett, 1995; Gans, 1979; Hayes & Guardino, 

2010; Powers & Fico, 1994). For researchers, sourcing is both pivotal and controversial (Blumler 

& Gurevitch, 1991), as sources are the “authorized knowers” in society (Ericson, Baranek, & 

Chan, 1989, p. 3). Whether politicians, government officials, interest groups, polling 

organizations, or citizens, sources are those people and organizations that journalists turn to for 

authoritative representations of the world. It is from sources that journalists garner the “facts” 

included in their final product (Tuchman, 1978). Within this field of “authorized knowers,” some 

play larger role than others (Ericson, Baranek, & Chan, 1989). To understand why the media 

focus on certain topics and perspectives at the expense of others, we must examine the success of 

various parties in attaining coverage.  

Scholars studying this phenomenon tend either to examine the correspondence between 

political propaganda and news coverage or to investigate the prevalence of certain types of 

sources in news (e.g., politicians, interest groups, experts, etc.), sometimes linking source 

frequencies to news outcomes. This project suggests a different approach – one that examines the 

interdependencies among the many actors involved in the portrayal of politics. I suggest, and the 

findings here confirm, that studying such actors in isolation produces an incomplete picture of 

news sourcing. Our understanding of the role sources play in building media agendas and 

constructing news narratives is incomplete unless we investigate how interdependent actors play 

off of and are connected to one another. This forces us to look not at isolated individuals but 

networks of interconnected power holders.  
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This view aligns with scholars who believe that capturing the complete picture of 

information flow requires recognition of the reciprocal and interdependent nature of 

communication (Rogers & Kincaid, 1981). Such an emphasis goes back to Berlo’s (1960) 

argument that interdependent processes, rather than simple linear ones, may be the most 

influential in our lives. Communication is seldom a one-way process or the product of 

independent actors. Yet scholars of political and mass communication rarely examine the 

interdependencies among the many actors involved in the portrayal of policy. Interdependence in 

this study can be understood as both a mutual influence among actors, as well as the analysis of 

an entire system of connected parts. It is a process in which two or more parties – be it a 

journalist and a news source, a journalist and many news sources, or simply a group of news 

sources – share information and collectively influence one another’s narratives in the process of 

news construction. When sources provide information and journalists compose narratives, they 

are responding to “the behavior and characteristics of others in [their] environment” (Huckfelt, 

2009, p. 922). Further, within networks of sources and journalists, interrelated actors are seen as 

part of a system of communication, “studied as a total unit, not as separate parts” (Rogers & 

Kincaid, 1981, p. 46).  

Of course, a focus on the process of communication is not entirely absent from the 

literature. The role of networks in communication was established long ago with studies of 

information diffusion and voting (Katz & Lazarsfeld, 1995; Rogers, 1983). When Rogers and 

Kincaid (1981) wrote Communication Networks, the shift to analysis of communicative 

structures was still in its infancy and the link between this research and social network analysis 

(SNA), which focuses on relations among actors, was not readily apparent (Huckfelt, 2009). 

Today, studies of political communication that take into account “the observational imperative of 
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interdependent actors” remain sparse (Huckfelt, 2009, p. 925). Nor is SNA widely practiced in 

the field of communication. In the study of news, the focus on networks is limited. Methods 

analyzing entire communication networks are rarely incorporated into analyses of mass media 

message construction and effects.  

This project is based on the premise that examining the networks journalists turn to for 

information and the ways in which such sources are connected within coverage allows for a more 

in-depth understanding of the dynamic influences facing the news production process. This is not 

to say that news production is only contingent upon network-level or interdependent processes, 

discrediting those variables studied in the bulk of literature. Journalists’ perceptions, news 

norms, media ownership, and individual source attributes all play a role in shaping the news 

(Shoemaker & Reese, 1996); however, the communicative aspects of news construction should 

be studied as a process of negotiation and exchange among myriad actors. Journalists are 

constrained by their networks, they use sources within networks in a complementary fashion, and 

such relationships collectively influence news outcomes.  

Research taking into account the influence of larger communication environments would 

offer a more complete picture of source use. The results of this study suggests as much – that the 

way sources are connecting together, both within journalists’ perceived environments and within 

news text, are important determinants of source use and news outcomes. Such findings may 

reach far beyond journalists. When analyzing various politics outcomes – be it elections, 

policies, or perceptions – the communicative structures at all levels should be investigated and 

incorporated into our analyses. Thus, we reframe from committing what Rogers and Kincaid 

(1981) call the ultimate contradiction in communication research: “Communication was defined 

as a process, but studied as a push-pull-click-click kind of one-shot monologue focusing on the 
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communication event” (p. 328).  By definition then, we cannot remove communicative objects 

from their context, just as we should not remove news sources or journalists from their networks.  

How do journalists construct networks and what influence do they have in relation to 

media coverage of politics? Theoretical propositions linking concepts of communication 

interdependence and larger communication environments to news are largely absent from the 

literature. I argued that interdependence, among both journalists and sources and among groups 

of sources vying for media attention, is a neglected determinant of agenda setting and framing – 

two of the most cited theories in political and mass communication research. Interdependence is 

“a fundamental theoretical postulate that underlies politics,” as it underlies the majority of social 

interactions (Huckfelt, 2009, p. 941). Just as Granovetter (1985) felt organizational scholars were 

neglecting the networks in which organizations were embedded, current scholarship on media 

coverage of politics can be criticized for failing to see sourcing as a series of interdependent 

connections. Going forward, the incorporation of system-level concepts, studied through the 

investigation of networks, can help us better understand the many influences facing newswork, 

which encompasses those journalistic decision-making processes and behaviors that occur as 

journalists fulfill their professional responsibilities. Influences determining their day-to-day 

activities include reporter characteristics and ideologies, journalistic norms and values, 

organizations pressures, and external influences of source networks and cultural ideologies 

(Brüggemann, 2014; Shoemaker & Reese, 1996).   

Summary of Focus and Layout 

The goal of this project is twofold. First, this study gains insight into journalists’ 

perceptions of source networks through application of work on news socialization and source 

use. A survey was used to assess journalistic evaluations of source networks and the resources 
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various actors contribute to a given network. After examining the centrality and substitutability 

of various sources based on the perceived resources they provide, the relationship between 

source selection and individual, routinized, organizational, and external factors was investigated. 

Building on these findings, the appearance of networks within news coverage and the 

contributions of such networks to news outcomes was analyzed through application of agenda-

setting and framing theories. Content analysis of news coverage allowed the mapping of 

networks and the coding of frames, and the relationship between the two was investigated. 

Results reveal how journalists go about constructing networks within election coverage, how this 

changes over time, and how networks contribute to collective sense making in politics. This 

research provides new, holistic level insight into the news production process.  

The 2014 midterm elections offered a testing ground for such research. While the survey 

targeted journalists covering both state- and local-level races (congressional, senate, 

gubernatorial), the content analysis focused solely on congressional races. Congressional 

elections are truly “local,” in that congresspersons serve local districts and constituents and 

receive limited national coverage. Local politicians, therefore, rely on local news outlets to get 

their message out (Kaniss, 1991). This, in turn, results in an established relationship among 

candidates, local news practitioners, and the various interest groups in a given district. Local 

elections also constitute a neglected area of political communication research (Shea, 1999).  

For both survey and content analysis, data collection focused on those races identified by 

www.realclearpolitics.com as “toss ups” in 2014 from September 2012 to Election Day. The 

survey targeted journalist covering any of the 35 congressional races, 10 senate races, and 16 

gubernatorial races identified as toss-ups, while the content analysis focused solely on coverage 
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of the 35 congressional races in “local” newspapers.1 RealClearPolitics is an often-cited polling 

data aggregator that averages polls for national, state, and local election. For the purposes of the 

current study, where a focus is not on election outcomes but coverage of close races, 

RealClearPolitics is a solid source for identifying races of interest.  

Ultimately, I argue that the networks in which journalists are embedded and the diversity 

of actors and resources therein are a largely unexplored and unquantified determinant of news 

construction. The interdependence of actors within such structures, played out through 

negotiations among competing and complementary interests, is a largely overlooked aspect of 

newsmaking. Building upon theories applied in communication literature, the incorporation of 

interdependence allows for a more nuanced examination of sourcing. Based on the current 

findings, we cannot truly understand the contribution of sources until we cease treating sources 

as isolated entities. Communication is a process to which all actors within an information 

network contribute varied resources; therefore, the dynamics of source networks tell us more 

about the news production process than studies examining isolated actors. The current project 

represents the beginning of a more in-depth, process-oriented view of journalist-source relations.  

Chapter two begins with a discussion of those theories and concepts most often applied to 

newswork, with emphasis placed on the ways network-level processes can change our theoretical 

outlook. Chapter three presents a discussion of social network analysis (SNA), the methodology 

that allows for the investigation of networks of actors. Chapters four and five focus on previous 

findings on newswork, agenda building, and framing. Within these chapters, hypotheses and 

research questions incorporating networks concepts and measures are proposed. Chapter six 

!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!
1!Even with the focus on toss-up races, some news organizations still did not garner enough 
coverage to be included in the current study.  
!
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describes the survey and content analytic methods used in the current study. In chapters seven 

and eight, survey findings on source use are presented, along with findings on the relationship 

among source use and the hierarchy of news influences. Chapters nine and ten present findings 

from a content analysis, including how source use changes over time and the relationship 

between source networks and election coverage. Finally, chapter eleven describes the 

implications of the current research and possibilities for moving forward. In sum, the purpose of 

this study is to broaden our understanding of political news coverage by revealing (1) how 

journalists actually perceive, use, and construct source networks, (2) how source use relate to the 

hierarchy of news influences, (3) how source networks within news change over time and across 

political contexts, and (4) how the structure of source networks relates to coverage outcomes.  
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CHAPTER 2: AN OVERVIEW OF SOURCE-JOURNALIST INTERACTIONS 

What we know thus far about journalist-source relations, and the power struggle therein, 

comes from the fields of sociology, journalism, political science, and communication. 

Sociological literature offers a look into media socialization, or the daily routines that influence 

journalistic endeavors (see Gans, 1979; Schudson, 2011). Research from the area of journalism, 

on the other hand, tends to focus on the various models of journalism and how these compare to 

source use and journalistic decision-making (see Blumler & Gurevitch, 1995). Literature from 

political science tends to focus on macro-level influences on policy development, while 

communication research tends to focus on audience dissemination and effects (Wolfe, 

Baumgartner, & Jones, 2013). Recent communication research also encourages that researchers 

take a more holistic, system-level approach to news that accounts for the flow of messages from 

politicians to the media to the public (Matthes, 2012). 

Studying the Role of Interdependence in News Output 

Across these various fields there is one important emerging theme: We must move 

beyond analyzing micro- and macro-level political processes in a simple, linear fashion. As the 

findings of the current study suggest, we need to examine relationships among sources in order 

to truly understand their role in the newsmaking process and their impact on news outcomes. We 

must move from a linear conceptualization to a focus on mutual causation (Rogers & Kincaid, 

1981). Political communication does not happen in a vacuum. It is an ongoing process involving 

many actors collectively contributing to various outcomes over time. Whether focusing on the 

interactions between politicians and journalists, the effects of political messages on voters, or 

taking a system-level approach that incorporates the public, elite sources, and the media, the 
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complexity of such relationships makes studying these topics from a network perspective all the 

more important. A look at quantitative and qualitative finding suggests as much.  

Quantitative theories that analyze the relationship between politicians and journalists tend 

to describe the process as one in which politicians tell the media what to report on. For example, 

this is characteristic of the indexing hypothesis, in which media practitioners index debates based 

on the views of political elites (Bennett, 2014, forthcoming), and agenda-building theory, which 

largely investigates the relationship between topics in political propaganda and media coverage 

(McCombs, 2004). Both of these theories have been called into question, as influence is simply 

more complicated than such direct, causal relationships (Althaus, 2003; Jones & Wolfe, 2001; 

Van Aelst & Walgrave, 2011). For this reasons, scholars suggest moving beyond such linear 

conceptualization to system-level policy processes (Wolfe et al., 2013). According to Jones and 

Wolfe (2001),  

a major problem with existing models … is that they are rooted in an influence 

framework. This question of who has power is certainly not irrelevant, but it has led to 

overly simplistic models of the interaction between government officials and the media. 

(p. 29)  

One way of moving beyond traditional examinations of influence, especially narrow 

examinations of influence by politicians, is by taking into account networks and the ways in 

which journalists employ various interdependent sources in coverage.  

The need to focus on network-level evaluations is also demonstrated in qualitative 

research, some of which analyzes journalist-source relations through the lens of power and 

exchange. Such qualitative findings suggest that relationships between sources and journalists 

should be characterized not as purely adversarial, as suggested by the watchdog model of news 
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construction (Eriksson, & Östman, 2013), nor purely dependent, as suggested by models that 

stress elite power (Manning, 2001). They are better characterized as a mixture and include 

various levels of cooperation (Blumler & Gurevitch, 1995; Davis, 2009).  

In the end there is a give and take between journalist and source (Cook, 2005; Cottle, 

2013; Swanson, 1992). This give and take moves beyond journalists and politicians, as 

journalists rarely exchange with just one actor, but rather networks of actors involved in the 

creation of a given story. It is through these interactions that the frames in coverage come about 

(Entman, Matthes, & Pelicano, 2009). Therefore, the themes that appear often move beyond the 

simple input of a powerful politician (e.g. the president). At the same time, sources and 

journalists are driven by the norms and values ascribed to their position (Blumler & Gurevitch, 

1995). For example, for politicians this includes using mass media as a mechanism for 

persuasion (Cook, 2005). For journalists, it means producing news that attracts and informs 

audience members (Gans, 2003). What binds them is that all actors “have a stake in maintaining 

the political communication process itself and that they typically appreciate the need to maintain 

a working relationship, to which each can settle” (Blumler & Gurevitch, 1995, pp. 31-32). 

Within this cycle of cooperation and confrontation, the network may play an important role not 

just in news construction, but also in relationship maintenance. For example, in an effort to 

remain objective and create a cohesive storyline, journalists often incorporate 

complementary/conflicting outlooks prior to sending a piece to print (Albæk, 2011a; Reich, 

2006). Journalists may maintain their professional norms, which include remaining autonomous 

and objective, by looking to outside sources for comment, which, in turn, lessens the relational 

impact that comes from self-imposed criticism (Eriksson & Östman, 2013). In this light, 

interdependencies within journalists’ networks become all the more important.   
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Significance of Research 

Obviously, discussions of the many interrelated actors that contribute to newsmaking 

occur, but such assumptions have not been examined quantitatively. The study of 

interdependence, especially through the application of SNA, is limited – made all the more 

surprising by the complementary nature of SNA to this body of research. First, it can be used to 

bring together qualitative research on newswork with quantitative research on the prevalence of 

various actors in news coverage.  By analyzing the networks in which journalists are embedded 

and the uses to which they put various sources, we can quantify the source-journalist 

interdependence often spoke of in field studies and perhaps shed light on mixed findings in 

quantitative research. It also works to broaden our understanding of agenda building, which 

focuses on the extent to which various sources set the media agenda (Denham, 2010). Studies of 

agenda building tend to focus on the influence of the most powerful actors and rarely examine 

influence over time. It is important to look beyond candidates and political elites to determine 

how networks of actors appear in election coverage, as well as to examine network development.  

The same is true for framing, which documents the themes passed on in news coverage 

(Entman, 1993). While studies have examined how actor prevalence relates to coverage frames 

(Adams & Cozma, 2012; Albæk, 2011a; Althaus, 2003; Strömbäck et al., 2013), there is a need 

to examine how journalists use sources in a complementary and interdependent fashion to 

compose specific narratives. Analyzing the relationship between networks and news outcomes 

could offer insight into the ways in which network use and interdependence influence the 

information made available to voters. Over the course of an election, these networks could also 

say a great deal about news norms and the influence of various political contexts. 
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Expanding our understanding of sourcing is also important because the dynamics of 

journalist-source relations are recognized as “a key discursive focus for debate on the news 

media’s effective functioning in democratic societies” (Davis, 2009). Empirical findings in this 

area of study are important and relevant for democratic politics in that they help determine 

whether news practitioners are satisfying the informational needs of a democracy (Althaus, 

2012). Blumler and Gurevitch (1991) aptly describe sourcing in news as both problematic and 

pivotal. Journalists serve as an unelected body charged with bringing the news to the people. In 

this endeavor, it is their choice to include certain sources, allowing particular stories to be told, 

as they maneuver through fragile relationships (Powers & Fico, 1994). The facilitation and 

maintenance of such relationships also plays a pivotal role in journalistic routines. Journalists 

spend a great deal of their time creating and maintaining such relationships, raising issues about 

journalistic autonomy. I argue that by quantifying networks of individuals, it may be possible to 

tease out how patterns of interaction relate to effective portrayal of policy and elections. The next 

section discusses social network analysis, the method that makes the study of networks of actors 

possible.   
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CHAPTER 3: NETWORKS AS  

REPRESENTATIVE OF COMMUNICATION DYNAMICS 

The application of social network analysis (SNA) to source use involves the quantitative 

exploration of the source structures involved in news coverage. This includes those real-life 

source structures journalists create and cultivate and those structures that appear in news 

coverage through the linking of sources sequentially in an effort to create a cohesive storyline. 

This constitutes an important move away from the predominant examination of isolated news 

sources or source categories (e.g. politicians, interest groups, ordinary citizens), which, though 

enlightening, only tells us about the prominence of individual news sources and says nothing 

about interdependence of source use and the role such connections play in journalistic decision 

making. Further, those scholars who do analyze the prominence of various sources rarely 

investigate how such source use relates to coverage outcomes (for a rare example, see Strömbäck 

et al., 2013). When they do, they treat sources as isolated actors and fail to tap the role of 

networks in constructing news narratives. Using SNA, it is possible to analyze such structures 

and link them to coverage.  

The primary focus of SNA is on relations among actors, with “relations” defined by the 

given research question of interest. The various assumptions that underlie the study of networks 

include that actors are interdependent; that network influences are more important than actor 

characteristics; that social networks influence our perceptions and actions, providing 

opportunities and limitations; and that networks, while revealed through patterns, are not static 

(Knocke & Yang, 2008; Wasserman & Faust, 2009). According to Wasserman and Faust (2009), 

the “difference between a social network explanation and a non-network explanation of a process 

is the inclusion of concepts and information on relationships among units in a study” (p. 6). To 
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reiterate, individual attributes do play a role in source selection by journalists, as discussed in the 

next section. Such attributes are examined along with source structures. I argue that we must also 

place emphasis on the way actors from various backgrounds are connected within news 

coverage, and my findings suggests that such networks account for journalistic outcomes over 

and above the examination of individual sources alone.  

Monge and Contractor (2003) further suggest, “communication networks are patterns of 

contact that are created by the flow of messages among communicators through time and space” 

(p. 3). It is important that we explore such patterns in political communication, especially in an 

election context, due to the interdependent nature of politics. As stated by Huckfelt (2009):  

[I]t is certainly the case that politics involves, at its essence, a large set of interdependent 

processes— communication, persuasion, mobilization and countermobilization, 

disagreement, conflict and polarization, delegation, compromise, and cooperation. None 

of these occur through the actions of independent, atomized individuals; all occur as a 

function of one or more actors interacting with other actors—both friend and foe. (p. 921)  

Examining networks of actors in relation to political coverage is one way to take such 

interdependent processes into account. The application of network analysis to news coverage of 

politics, though rarely applied, has benefits for network scholarship, as well. For social networks 

analysts, the use of archival data in the form of news coverage offers opportunities to move 

beyond the cross-sectional research that dominates the field (Monge & Contractor, 2003). 

According to Burt (1983), along with overcoming temporal concerns, archival data overcome 

problems related to scope and access. 

The mapping and examination of networks is accomplished through the creation of 

matrices of relations (X), which are then mapped with nodes (N = {n1, n2, …, ng}), lines (L = {l1, 
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l2, …, lL}), and values (xij) representing actors, connections, and the relational ties. When such 

connections occur among individuals this is known as a one-mode network. When individuals 

are connected to organizations, such as sources being connected to news outlets through 

appearance in news content, this is known as a two-mode or affiliation network (Breiger, 1974), 

and includes a second set of actors (M = {m1, m2, …, mh}). Values assigned to relations may 

include, for example, frequency of contact or perceptions of relationship strength (trust, 

confidence, etc.). In the current study, reported frequency of interaction and extent to which 

sources are expected to provide a given type of resource or embody a particular characteristic 

were used to create valued ties in relation to survey data, while frequency of connections was 

used to create valued ties in relation to news coverage.  

Based on connections among actors and the values assigned to those connections, various 

network measures were used to shed light on the network structure. These include egocentric 

measures, which apply to individuals within a given network, and network-level measures, 

which apply to the network as a whole. The following measures were applied in the current study 

(Wasserman & Faust, 1994): 

1. Actor degree centrality (CD (n1)): A measure of the number of ties an actor has to 

others actors in a network 

2. Structural equivalence: The relative similarity of ties shared by a given set of actors 

3. Network centralization (CD): The variability of actor degree measures across a network 

4. Network density (Δ): The sum of valued ties within a network divided by the number 

of possible ties 

Actor centrality scores were used to determine which sources are most central. In other words, 

these help us determine what source has the greatest chance of getting their message across 
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based on their connections to other actors. Structural equivalence, on the other hand, as used to 

examine the extent to which various sources are considered interchangeable in terms of their 

ability to provide a given resource. For example, can politicians and experts be expected to 

provide authoritative information to a similar extent? Network centralization scores were used to 

determine whether there was “equal representation” of various actors within a network. In other 

words, were the various actors within the network given similar opportunities to share their 

viewpoints? Higher numbers would indicate “that a single actor is quite central, with the 

remaining actors considerably less central” (Wasserman & Faust, 1994, p. 176). Finally, density 

was used to examine the extent to which actors in a network were able to respond to one another, 

with higher numbers indicating greater communication among actors involved. For analytical 

purposes, these network measures were in certain cases examined alongside the more typical 

individual attribute variables more commonly used in the social sciences. For example, in multi-

level models they were examined alongside actor-level covariates (e.g. class and political 

identification), as well as variables that describe news outlet characteristics (e.g. circulation) or 

the type of congressional race (open vs. incumbent-challenger).  

Networks to, from, and across Media 

It was Tuchman (1978) who first used “news net” to label news sources. She saw 

sourcing as a product of the prevalent “pattern of staff deployment” by news organizations. 

Tuchman described the news wire as “a spider’s web, fanning out from a central office to 

connect with bureaus and beats and also to connect diverse news media to a central location” (p. 

256). Through the use of prominent politicians, industry officials, and think tanks, she saw major 

news outlets as filling the same gaps and leaving the same holes. Though not studied through the 

application of SNA, Tuchman’s description helps orient our thinking toward source structures. 
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The networks derived from news sourcing can take different, yet complementary forms. 

Monge and Contractor (2003) discuss how the broad conceptualization of networks within the 

study of SNA allows the application of its measures to phenomenon beyond face-to-face 

communication. For example, Guo (2012) recently introduced the network agenda-setting model 

to the study of news in which she examined salient connections among attributes within news 

coverage. These salient connections were also prevalent in the minds of audience members. Such 

work exemplifies the varied application of SNA to communication, with networks subject to the 

definitions and scope measures applied by the researcher (Laumann, Marsden, & Prensky, 1983).  

In terms of the application of SNA to the study of news sourcing, Reese, Grant, and 

Danielien (1994), Bro (2010), and Kiousis and colleagues (2013) provide rare examples of the 

varied network forms that can be derived from source use. Reese et al. (1994) examined 

networks closest to those normally applied by network analysts – actual interactions between 

journalists and news sources. In a study of source appearance in network news interview 

programs such as Nightline and public affairs programming such as Face the Nation, Reese and 

colleagues revealed similar structures across news outlets. This study of journalist-source 

interactions upholds Tuchman’s thesis and exemplifies the first level of network analysis as 

applied to news. The use of common sources across such programs revealed a “large central 

group characterized by a preponderance of government officials and other political insiders, 

[which] spans a number of programs and issues.” (p. 101).  

Going forward, these are labeled networks to journalists. Such in-person interactions are 

easily captured through transcripts and television interviews, but those that go on behind the 

scenes between journalists and members of source networks are no doubt the hardest to capture. 
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In the current study, surveys were used to capture such behind the scenes processes, with 

journalists offering their own perceptions of various source contributions to a given network.  

Across programs, Reese and colleagues also found that news outlets played an important 

role in linking different groups of sources. The role of television networks in linking sources to 

one another brings us to another, more macro level network structure – networks to and across 

news organizations. The sources that appear within news outlets are linked to one another by 

shared appearance, and news outlets are linked to one another through shared use of sources. 

This is known as the principle of duality – persons are connected by virtue of shared 

organizational affiliations, and organizations are connected by virtue of shared members 

(Breiger, 1974). In the end, “two distinct matrices, one of person-to-person relations (P) and one 

of group-to-group relations (G), are uniquely defined by and derivable from a single ‘translation’ 

matrix (A) of person-to-group affiliations” (Breiger, 1974, p. 183). The linking of various types 

of sources to newspapers will help to identify how journalists go about creating election 

networks and how features of the news outlet and race in question might influence network 

construction. This will do much to help us tap differential source use in a partisan media 

environment (Prior, 2013).  

Finally, those real-life networks in which journalists are embedded are then translated 

into symbolic networks – those networks journalists create by connecting sources to one another 

within news coverage (Bro, 2010). At the symbolic level, we move from actual interactions 

between sources and journalists to the ways in which journalists choose to connect these 

individuals within coverage in an effort to create a cohesive narrative. Analyzing the networks 

within news coverage, or networks from journalists, reveals how reporters augment their 

communicative structures and use sources in a complementary fashion within the text. This 



NETWORKS OF NEWS PRODUCTION 

!

27 

differs from the traditional conceptualization of networks in that these “are situated within the 

news media” (Bro, 2010, p. 19). Two sources are considered connected when they appear 

sequentially within a news story, with multiple connections resulting in stronger ties. In other 

words, when journalists use sources sequentially within news, whether they are directly quoted, 

paraphrased, or simply mentioned, they create symbolic connections among those sources. Bro 

(2010) is one of the only scholars to explore such networks empirically, charting the change in 

connections across sources over a century. His application of SNA to sourcing in Denmark 

newspapers demonstrated quantitatively how networks became progressively inclusive of 

sources outside of official circles over time. In the early 20th century, most links connected 

politicians to each other, making up one third of all connections. By 1955, however, ties from 

politicians to experts and politicians to private citizens increased. By 2005, their non-collegial 

connections continued to become more equally distributed.  

In a recent study, Kiousis, Ragas, Wheat, and Kochlar (2013) move past individual 

sources to examine how networks of “stakeholders,” or actors, within campaign media related to 

networks of stakeholders within news coverage. The method was unclear, but it is assumed that 

actors were linked through sequential appearance. The authors consider this the third level of 

agenda building, an extension of the original agenda-building hypothesis, considered the fourth 

phase of agenda setting (McCombs, 2004). As originally conceptualized, the first level of agenda 

building focuses on the salience of issues among campaign and news media and the second level 

focuses on the salience of issue attributes among such media (McCombs, 2004). This third level, 

naturally, examines the salience of connections among attributes. Kiousis and colleagues (2013) 

took this a step further and examined the connections among actors in coverage rather than 

attributes. The most important finding in relation to the current study was that the strongest 
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relationship between campaign media and news media occurred at this third level of agenda 

building (the connections among actors in campaign media were transferred to news).  

Still, there is a need to examine how journalist perceive and utilize source networks 

during election time, as well as the relationship between networks of actors and news narratives. 

The influence of source structures remains elusive, be it among journalists and sources, sources 

and news organizations, or sources within news coverage. Yet it is the networks that journalists 

have at their disposal and put to use that result in the building of agendas. It is through the 

symbolic construction of networks that reporters transform first-hand interactions into coherent 

narratives, choosing the roles different sources play in the construction of frames. And the use of 

certain networks may influence the information that reaches audience members. Measuring these 

structures quantitatively offers insight into newswork and source influence beyond that of 

previous research. 
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CHAPTER 4: MEDIA SOCIALIZATION, RESOURCES, AND SOURCE USE 

Sociologist Michael Schudson (1991) suggested, “the story of journalism, on a day to day 

basis, is the story of the interaction of reporters and officials” (p. 148). Observations (Gans, 

1979; Ericson, Baranek, & Chan, 1989; Eriksson & Östman, 2013; Tuchman, 1978) along with 

interviews and surveys of journalists and sources (Albæk, 2011a; Davis, 2009; Len-Rios et al., 

2009; Powers & Fico, 1994; Reich, 2006; Ross, 2010) have helped get at the inner workings of 

the media production process and the resources that help determine the character of news 

coverage. When combined with content analyses of news coverage (Hopmann & Shehata, 2011; 

Schneider, 2011; Yoon, 2005), they offer a foundation for the current research. In the current 

study, the resources garnered from sources were not only measured, they were examined in 

relation to the hierarchy of news influences (Brüggemann, 2014; Reese, 2001; Shoemaker & 

Reese, 1996). Moving from micro- to macro-level influences, they include: individual 

characteristics (journalistic attitudes and backgrounds), news norms (including routines and 

values), organizational influences (limits imposed within the working environment), and extra-

media factors (external influences, including sources and cultural ideologies). In the current 

study, emphasis was placed on extra-media influences in the form of journalists’ networks and 

contextual characteristics.   

As stated previously, my focus is on connections among sources in election coverage 

rather than simple source frequencies. Networks of sources that journalists interact with on a 

daily basis I label networks to journalists. Such connections were established by adapting 

questions known as resource generators in social network analysis (Van Der Gaag & Snijders, 

2004). This allowed analysis of networks of complementary sources. In other words, though 

source use has been investigated in the past, this study investigated the topic at the level of the 
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network and employed network specific measures. Measures meant to examine the strength of 

ties between journalists and various sources allowed for comparison of perceived networks and 

those found in coverage, revealing how reporter perceptions relate to the actual reporting.  

Actor Characteristics and Resources as a Harbinger of Source Use 

The first aspect of the journalist-source relationship investigated in the current study 

focused on the resources that various sources contribute to journalistic networks. By (1) 

compiling the various possible resources that sources might contribute based on past studies and 

(2) investigating how these relate to network utilization, we gain greater insight into the social 

exchange process in news and how journalists go about using sources to offset one another. As 

stated previously, journalist-source relations are properly characterized as relationships of social 

exchange (Blumler & Gurevitch, 1995; Cottle, 2003; Davis, 2009). Further, research shows that 

journalist look for certain characteristics and use sources in a complementary fashion (Albæk, 

2011a; Gans, 1979; Hopmann & Shehata, 2011).  

The majority of work on source use focuses on the prevalence of political elites, which 

Schudson (1991) described as the “deep dark secret of the power of the press” (p. 127). 

Journalistic routines, the result of time constraints and organizational demands, force reporters to 

rely on a few, readily available sources. Gans (1979) identifies six determinants of source use: 

past suitability, productivity, reliability, trustworthiness, authoritativeness, and articulateness. 

The need to be as productive as possible forces journalists to rely on a minimal number of 

sources – mainly authoritative political officials – that have proven worthy of consultation in the 

past. Journalists require sources that will be perceived as legitimate, call them back promptly, 

and give them genuine, usable information. They use authoritative sources to further “underscore 

their own authority” (Ericson et al., 1989, p. 5), resulting in “a cumulative pattern by which 
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journalists are repeatedly brought into contact with a limited number of the same types of 

sources” (Gans, 1979, p. 144). Not only journalists, but also candidates and politicians ascribe a 

great deal of importance to making the news (Cohen, Tsfati, & Sheafer, 2008; Cook, 2005; 

Swanson, 1992). The use of various sources has not specifically been analyzed in an election 

context or with respect to networks of interdependent actors; however, due to their availability, 

the effort they put into manipulation of media, and perception of political authority, I predicted 

the following concerning politicians:  

H1: When it comes to authoritative information, journalists perceive politicians, 

including campaigns and campaign spokespersons, as more central than other sources.  

H2: When it comes to articulate information, journalists perceive politicians, including 

campaigns and campaign spokespersons, as more central than other sources.  

H3: When it comes to timely information, journalists perceive politicians, including 

campaigns and campaign spokespersons, as more central than other sources. 

On the other hand, reporters may question the accuracy of information coming from 

candidates, especially because they are trying to manipulate the media and voter perspectives. 

This raises an important question concerning networks of actors, resulting in the following 

research question: 

RQ1: When evaluating networks of sources, what sources do journalists’ evaluate as 

central when it comes to providing accurate information? 

Regardless of accuracy, journalists are often attracted to content that emphasizes conflict 

and competition (Patterson, 1996; Tuchman, 1972).  Journalists stress such content mainly 

because it is seen as newsworthy and essential in garnering readers. Due to the competitive 

nature of the political campaign, I propose the following: 
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H4: When it comes to conflict-laden information, journalists perceive politicians, 

including campaigns and campaign spokespersons, as more central than other sources. 

Not only do journalists look for conflicting viewpoints, they also, to a certain extent, seek 

information that can be used for elaboration and interpretation. For example, a recent study 

found that the use of experts in news has increased exponentially (Albæk, Elmelund-Praesteker, 

& Klemmensen, 2011). Albæk’s (2011a) survey revealed that journalist mainly used experts for 

background and analysis. Therefore, I propose the following: 

H5: When it comes to providing background on the issues, journalists perceive experts as 

more central than other sources. 

H6: When it comes to providing analysis of the issues, journalists perceive experts as 

more central than other sources. 

Finally, ordinary citizens and interest groups, characterized as secondary sources by 

Knight (1988), play a different role than primary sources. According to Knight (1988), 

journalists tend to rely on elite sources for both ideological and practical reasons. First, they tend 

to keep separate the political and the social (public vs. private). Second, for practical purposes 

they rely on democratic institutions to define events as newsworthy. This results in a lack of non-

elite perspectives in news and relegates the testimony of ordinary citizens to emotional or 

dramatic extensions of elite provided content. While elite’s are given privileged access, ordinary 

citizens are only able to weigh in on and “react to the actions and views of officials and experts” 

(Knight, 1988, p. 20). This resulted in the call for a multiperspectival approach by news media 

practitioners (Gans, 2001). In relation to election coverage, ordinary citizens tend to serve as 

exemplars for issues raised by elites (Daschmann & Brosius, 1999) and mainly appear in stories 



NETWORKS OF NEWS PRODUCTION 

!

33 

concerning social issues, such as welfare, education, and employment (Hopmann & Shehata, 

2011). Citizens are therefore hypothesized to provide the following resources: 

H7: When it comes to unique information, journalists perceive ordinary citizens as more 

central to the network than other sources. 

H8: When it comes to drama-laden information, journalists perceive ordinary citizens as 

more central to the network than other sources. 

The above hypotheses also suggest a hierarchy concerning the most central actors in 

source networks within congressional coverage: 

H9: Within journalists’ networks, where valued ties are based on the frequency of contact 

between journalist and source, politicians will be the most central actors.  

After analyzing the connections within individual resource networks, source selection 

was then examined in relation to characteristics of the individual journalist, role perceptions, 

organizational influences, and extra-media influences that have been found to play a role in 

journalistic decision-making (Donsbach, 2004; Weaver, Beam, Brownlee, Voakes, & Wilhoit, 

2007). As suggested by Albæk, 2011b, “journalism research has long recognized that abstract 

and often ambiguous norms and values must be interpreted and implemented in daily journalistic 

practice” (p. 475). These norms are by and large related to ideas of objectivity, democratic 

functioning, and the economic imperatives of news, and there is evidence that such influences 

result in similar content across news organizations in the United States (Cook, 2005). At the 

same time, there is limited literature on how such norms translate to journalism practice, 

especially source use during elections. Nor have those individual-level characteristics found to 

influence content decisions, such as political affiliation (Patterson & Donsbach, 1996) and 

gender (Rodgers & Thorson, 2003), been tested in relation to the sources journalists turn to in an 
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effort to garner certain resources. Linking individual characteristics, norms, and organizational 

and extra-media influences to source use is an important step in the direction of revealing just 

how journalists translate perceptions into practice. If decision rules related to journalistic norms 

are “required for deciding how to establish the right mix of sources and views in stories,” it is 

important that we examine their implementation (Bennett, 1996, p. 374).  

There are certain assumptions we might come to in relation to some of the resources 

included in this analysis. For example, ascribing to the norms of objectivity might increase one’s 

reliance on politicians for certain information in an effort to provide balance between official 

viewpoints. But there is reason to believe this may also be a driver in the use of sources other 

than government elites, as balance also has to do with the inclusion of opposition voices from 

society. In the case of local elections, it is also possible that journalists employ such norms in a 

specialized manner. For example horse race/game framed coverage is highly prevalent in this 

area of news, suggesting that journalists choose to narrate elections in a specific fashion (Zaller 

& Hunt, 1994). Overall then, there is limited quantitative research linking journalistic norms to 

source selection and the possibility that specialized decision rules play out in the election 

context.  For these reasons, I ask the following research questions, which were applied to all 

resource types included in the current study: 

RQ2: Do characteristics of the journalist influence the likelihood of choosing a specific 

source to provide certain resources? 

RQ3: Do journalistic role perceptions influence the likelihood of choosing a specific 

source to provide a certain resources? 

RQ4: Do characteristics of the news organization influence the likelihood of choosing a 

specific source to provide a certain resources? 
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RQ5: Do characteristics of the race influence the likelihood of choosing a specific source 

to provide a certain resources? 

Source Strategy and the Theory of Agenda Building 

It is no surprise societal institutions and leaders are in prime positioning to determine the 

content of news. Government officials and political elites reign supreme in the world of political 

reporting not only because of the journalistic inclinations mentioned in the sociological 

literature, but also because they have the resources to make themselves heard, a phenomena 

known as agenda building. As originally defined by political scientists Cobb, Ross, and Ross 

(1976), agenda building focuses on “the ways in which different subgroups in a population 

become aware of and eventually participate in, political conflicts, whether the issues are initiated 

by groups in the general public or by political leaders” (p. 126). Within the political process of 

agenda building, they identify two important types of agendas: those of the public and those of 

the decision makers. While issues on the public agenda require widespread attention and action 

to gain the consideration of government officials, those on the formal agenda “have already been 

accepted for serious consideration” (p. 126).  

Mass communication researchers adopted agenda building in an effort to determine the 

origins of the media agenda. The theory was incorporated as the fourth phase of agenda setting.2 

As originally conceptualized, agenda setting focuses on how those issues emphasized by the 

media become the most important issues in the eyes of audience members (McCombs & Shaw, 

1972). Agenda building, therefore, focuses on the ability of various sources to determine the 

prevalence of such issues in news. Most of the communication literature on agenda building 

!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!
2 The first phase of agenda setting focuses on the passing of topics from the media to public. The 
second phase focuses on who/what sets the media agenda. The third phase focuses on who/what 
sets the policy agenda (Rogers & Dearing, 1988).  
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during elections focuses on the transfer of issue salience from candidate media to news media, 

also known as intermedia agenda setting (Denham, 2010).  In other words, the dominance of 

government officials – be it at the local, state, or national level – to a great extent is determined 

by the persistent supply of information to the news media in the form of press releases, 

advertisements, press conferences, speeches, hearings, and briefings. The emphasis in the current 

study, however, is on agenda building as understood in the political science literature. Rather 

than focusing on “first movers,” political scientists are more interested in attention dynamics 

within media or political institutions (Wolfe et al., 2013). By analyzing the creation and use of 

networks over time, this study sheds light on the extent to which media allow those representing 

various agendas to infiltrate source networks. These networks to/across news organizations were 

established through content analysis and the identification of sources in news over time.   

Because we know that politicians reign supreme in election coverage, it is intuitive, 

though not trivial, to purpose the following hypothesis.   

H10: In both journalists’ perceived networks and symbolic networks within coverage, 

politicians are the most central actors.  

H11: Frequency of source use in perceived and actual networks will be correlated.  

These hypotheses are important because (1) they link journalistic perceptions to news outcomes, 

and (2) even though we know politicians will be central, it is important to investigate how this 

evolves over time and across races.  

According to Blumler and Gurevitch (1995), network dynamics may change over time. 

There is also evidence that the use of ordinary citizens in news coverage increases over the 

course of an election (Hopmann & Shehata, 2011). Analysis and interpretation within coverage 

has also increased in recent years (Albæk, 2011a), which suggests the incorporation of a greater 
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number of experts, but there is limited evidence on the use of experts over the course of an 

election. To understand the role of sources, we must examine not only which sources are 

dominant, but also the relations among sources, and how network centrality changes over time, 

which would suggest a change in attention dynamics. This will be examined by looking at 

networks to news organizations during the two months prior to the election for each of the 

newspapers content analyzed in this study. I ask the following: 

RQ6: Is source use across months highly correlated?  

RQ7: How does network density change over time? 

 Events may also have an effect on coverage of local elections. For example, Fogarty 

(2013) found that scandal can effects the attention paid to a given candidate within a 

congressional election. Such events may, in turn, influence the use of sources. Therefore, for 

those source structures that display a dissimilar pattern when compared to the majority of 

networks, networks characteristics were examined in effort to answer the following: 

 RQ8: Are changes in networks over time related to election-related events or journalistic 

norms?   

Taken together, the hypotheses and research questions in this chapter help us understand 

the resources journalists garner from various sources, the relationship between source use and the 

hierarchy of influences, the amount of similarity between perceptions and actual source use, as 

well as how source use changes over time. Above all, by allowing reporters to examine sources 

in relation to one another, we may better understand the complementary nature of source use. 

The emphasis now shifts from theories of source use to those of news outcomes.     
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CHAPTER 5: TRANSFORMING REAL NETWORKS INTO SYMBOLIC NETWORKS 

Just as journalists use discretion when choosing sources and topics, research also shows 

that they use their judgment (with input from editors) when combining source narratives to 

construct frames in coverage. While agenda building explores source and attention dynamics in 

news, framing examines how the media then take that information and organize it within news, 

thus promoting “a particular problem definition, causal interpretation, moral evaluation, and/or 

treatment recommendation for the item prescribed” (Entman, 1993, p. 52). In other words, by 

taking the information offered up by sources and organizing it in certain ways, journalists 

promote various interpretations of reality (Tuchman, 1978), a reality rooted in culture and 

collective sense making (Brüggemann, 2014). The idea of “collective sense making” is 

paramount to the current study in that networks of sources contribute to news narratives. In other 

words, sources are interrelated and collectively determine news outcomes. For this reason, it is 

argued that source dynamics and media coverage must be studied in tandem (Matthes, 2012; 

Wolfe et al., 2013) and there is a need for greater “focus on political sources of frames” (Entman 

et al., 2009, p. 175). The current study used content analysis to examine source and frame 

appearance in news and employed a social network analytic approach. While the previous two 

sections focused on networks to journalists and networks to/across news outlets, this section 

focuses on networks from journalists, which are analyzed at the level of the individual news 

article.  

Echoed throughout the literature is the sentiment that while sources may largely 

determine the news agenda, journalists have greater control over the portrayal of dominant issues 

(Davis, 2007; Ericson et al., 1989; Reich, 2006; Ross, 2010; Strömbäck & Nord, 2006).  Of 

course, as real life networks are translated into symbolic networks within news coverage (Bro, 
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2010), both sources and journalists actively generate the end product. Journalistic framing may 

work on a continuum from frame sending, in which they act as stenographers, to frame setting in 

which journalists impose their own interpretations (Brüggemann, 2014). The extent of this is 

difficult to determine. While the end product is always somewhat determined by a reporter’s 

“political company,” journalists have extensive control over the interpretation of issues (Ross, 

2010, p. 273). Those studies in which sources and journalists were interviewed about the framing 

process have resulted in revisions to Gans’ (1979) dance metaphor, which originally suggested 

that sources do most of the leading in terms of news construction. Even if the source initiates the 

tango, recent research suggests reporters may lead on the dance floor (Reich, 2006; Ross, 2010; 

Van Aelst & Walgrave, 2011). Research on frame building, which looks at the frames passed on 

by political actors, also suggests that journalist play a decisive role in shaping issue 

interpretation, (Bedingfield & Anshari, 2014; Hänggli & Kriesi, 2010), though politicians, 

especially political incumbents, also help determine news frames (Hänggli, 2012). In the end, 

access must also be distinguished from coverage, as one is about space and the other about 

representation (Reich, 2006). While sources may lead the initiation phase, journalists often lead 

in the gathering phase, including obtaining diverse viewpoints (Reich, 2006).  

Due to all of this, source structures should play an instrumental role in framing, as 

journalists gather and organize viewpoints to put forth a cohesive narrative. I argue that 

connecting source structures to the frames that appear in news offers a novel way of linking 

sources and journalists to the framing process. Analyzing such structures allows for a more 

nuanced understanding of the ways journalists move from the agenda-building process, in which 

they are confronted with various viewpoints, to framing process – it provides the bridge between 

the two most prevalent theories in the field of mass communication. Framing has been described 



NETWORKS OF NEWS PRODUCTION 

!

40 

as arising “from networks of professional communicators who engage in framing” (Entman et 

al., 2009, p. 176), yet no one has studied network contributions. Analyzing the way journalists go 

about linking sources within news coverage and the relationship between these networks and 

resulting frames sheds light on the role interdependence plays in news. It may also tell us who is 

ultimately responsible for the narratives we see in coverage, journalists or sources.  

The Tenets of Framing Theory 

The idea of framing originated with Gregory Bateson and Erving Goffman (Entman et 

al., 2009), with Goffman (1974) stressing cognitive schemas as guiding issue interpretation. 

Today, what constitutes a frame continues to be a controversial topic in communication research. 

Framing ‘‘has proved to be an elusive concept to measure’’ (Maher, 2001, p. 84). Scholars 

define and measure frames in various ways across the literature (Matthes, 2009a; Scheufele & 

Iyengar, forthcoming). Semetko and Valkenburg’s (2001) assessment that “there is not yet a 

standard set of content analytic indicators that can be used to reliably measure the prevalence of 

common frames in the news” is still true today (p. 94).  Beyond this, the factors that shape the 

construction of frames are just as bewildering (Schuck et al., 2013), and research on the 

contributions of sources is extremely limited (Entman et al., 2009; Strömbäck, et al., 2013). 

Those studies that have investigated the role of sources still address them as independent actors, 

even as they recognize the opposing interests among sources. Such conflicting interests are vital 

to framing. In politics, narratives are highly contested and the way journalists organize these 

conflicting interests should help determine coverage outcomes. 

For journalists, frames are inescapable, important tools (Tuchman, 1972). Frames allow 

journalists to organize events and issues, affecting audience interpretation (Gitlin, 1980; Pan & 

Kosicki, 1993). The factors influencing frames are the same as those that influence source use, 
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including extra-media influences, characteristics of news organizations, journalistic routines, and 

reporter ideologies (D’Alessio & Allen, 2000; Gamson, 1989; Patterson & Donsbach, 1996; 

Shoemaker & Reese, 1996; Tuchman, 1978). Matthes (2012) describes frames as “a part of 

culture, they guide how the elite construct information, they affect journalists’ information 

selection, they are manifest in media texts, and they influence cognitions and attitudes of 

audience members” (pp. 248-249). 

Frames are often characterized in general terms, such as central organizing ideas in 

coverage (Tewksbury & Scheufele, 2009). Some disagree with such broad definitions, arguing 

that they benefit us little when it comes to frame measurement (Matthes, 2009b). The unit of 

analysis in framing studies ranges from paragraphs to entire articles (Matthes, 2009a). There is 

also controversy over the relationship between frames and attributes in the agenda-setting 

literature (McCombs & Ghanem, 2001; Shah, McLeod, Gotlieb, & Lee, 2009), though attributes 

have been likened to frames in the literature (McCombs, 2004). Regardless, there is agreement 

that frames must move beyond topics (Brüggemann, 2014) and move beyond accessibility into 

applicability (Scheufele & Iyengar, forthcoming). They must also be repeatedly and reliably used 

(Entman et al., 2009).  

This research focuses on the contribution of source networks to the framing process; 

therefore, frames must be considered as made up of their constituent parts, with actors 

contributing their own pieces of the framing puzzle. In other words, a focus on source 

contributions sharpens our understanding of micro-level contributions of various actors, which 

contribute to macro-level frames. Such contribution must still move beyond topics and into the 

realm of problem definitions, interpretations, and evaluations. For the purposes of the current 

study, frames are essentially analyzed in competition. The prevalence of frames was measured 
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both at the actor-level and that of the article. Defining frames as interpretations of various length 

and specificity best allowed me to capture individual source contributions. Such examinations 

are also more realistic because frames are more often than not presented in competition (Chong 

& Druckman, 2007; Sniderman & Theriault, 2004). As (1) frames can have different effects on 

audience members depending upon their cognitive schemas (Neuman, Just & Crigler, 1992; Shah 

et al. 2009), (2) news coverage rarely presents only one type of frame to audience members, and 

(3) frames in competition can be combined in “idiosyncratic ways” (Entman et al., 2009), it is 

important that we examine the multiple frames that appear in coverage and the ways in which 

various actors contribute to such frame competition. Of interest is whether changes in structural 

elements of source networks result in changes certain frame elements.  

Framing Politics 

Despite abundant research on frames in election coverage, the role of source structures in 

determining frame prevalence in a competitive election environment are once again absent 

(Schuck et al., 2013). The most prevalent frame applied to election coverage is the game/strategy 

frame (Cappella & Jamieson, 1997; Patterson, 1996). In the broadest sense, game and strategy 

frames focus on “who is winning and losing, the performances of politicians and parties, and on 

campaign strategies and tactics” (Aalberg, Strömbäck, & de Vreese, 2011, p. 163). While game 

frames focus on opinions polls and language characterized as “war” oriented, strategy frames 

focus on the actions of political candidates. In contrast, issue frames are more similar to 

Entman’s (1993) definition in that they are characterized by “stories about policy problems and 

solutions, descriptions of politicians’ policy stands, and implications of different proposals or 

legislations” (Aalberg et al., 2011, p. 169). Other authors similarly label issue/policy frames as 
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describing, interpreting, and advocating for policy positions, as well as discussing their 

consequences (Pedersen, 2012; Rhee, 1997).   

By applying strategy/games frames, I depart from the suggestions of Matthes and 

Kohring (2008). Though I agree with their perspective that frames must move beyond topics, I 

do not agree that we should disregard generic frames in our research. Generic frames are 

essential to comparative research, be it across news outlets or countries (Aalberg et al., 2011). 

They also present a controversial aspect of political coverage – that news media rather than 

informing individuals of the issues tend to focus on aspects of elections that leave the pubic with 

little substantive information (Capella & Jamieson, 1997; Patterson, 1996).  The prevalence of 

strategy- and game-framed coverage is often attributed to journalists themselves (Cappella & 

Jamieson, 1997; Patterson, 1996), but research has found that horse race coverage at times 

originates with the candidate (Lancendorfer & Lee, 2010). By examining how source networks 

within coverage relate to the amount of strategy- and issue-framed coverage, we may come to 

some understanding on what source structures result in strategy coverage and the extent to which 

connections among sources contributes to such coverage.  

As suggested previously, defining frames as interpretations of various lengths will allow 

me to determine the contribution of network structures.  But studies focusing on such frames 

tend to code for dominance or presence/absence, applying binary codes. In examining network 

contributions, it may be more important to examine the extent of certain frames in coverage, 

rather than focusing on the overall frame or dichotomizing for dominance or appearance. Just as 

access must be differentiated from coverage, it may be important to differentiate dominance from 

extent. When analyzing coverage of the 2014 midterm elections, the number of strategy and 

issue framed paragraphs were coded in order to discover the total amount of each within a given 
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story, as well as whether a given news source contributed/was embedded in more strategy/game 

framed coverage or more issue coverage. 

To shed light on this, I first examined whether network measures of centralization and 

density influence the overall amount of strategy/issue-framed coverage. This has not yet been 

tested, but there is reason to believe that lower centralization scores result in greater dialogue and 

a greater chance for informed debate than high centralization scores. Further, as higher density 

scores indicate greater communication among actors involved, this may result in lower levels of 

strategy framing than lower density scores. I first suggest the following hypotheses: 

H12: There is a positive relationship between network centralization and the amount of 

game and strategy framing.  

H13: There is a negative relationship between network density and the amount of game 

and strategy framing.  

Of course, the opposite is suggested for issue coverage, with lower centralization resulting in 

higher amounts of issue coverage and higher density resulting in greater amounts of issue-framed 

paragraphs.  

One last aspect of framing was investigated. It has already been suggested that the 

composition of networks within coverage changes over the course of the election. This would 

result in changes to frame prevalence. For example, one study found that horse race frames 

increased on a weekly basis as Election Day neared (Schuck et al., 2013). A recent study found 

the same using an indicator of days until the election (Dunaway & Lawrence, 2014). This was 

also found with strategy frames as the final vote on the Patient Protection and Affordable Care 

Act approached (Adams & Cozma, 2012). On the other hand, a negative correlation has also 

been found between the appearance of ordinary citizens and the number of days until Election 
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Day, suggesting an increase in the proportion of coverage on societal issues (Hopmann & 

Shehata, 2010). Regardless, the preponderance of evidence would suggest the following:  

H14: There is a negative relationship between the amount of strategy framing and 

number of days until the election.   

Along with the effect of these network-level variables on overall frame, questions remain 

as to whether individual actors or the networks in which they are embedded are driving the 

extent of strategy and issue frames. In other words, is it actor prevalence or connections among 

actors that are driving these results? The extent to which the network accounts for the variability 

of strategy coverage was tested using multi-level modeling, with individuals nested within 

networks. I argue that interdependence is an important part of message construction and 

therefore propose the following hypotheses: 

H15a: The network level accounts for a significant amount of variability in strategy 

coverage.  

H15b:  The network level accounts for a significant amount of variability in issue 

coverage. 

Within this multi-level model, the proposed effect of covariates (actor attributes and 

networks measure) was also investigated. First, actor-level covariates were entered to determine 

the effect of source class and political affiliation. Past research reveals that certain sources are 

more prevalent in strategy versus substance coverage (Adams & Cozma, 2012; Albæk, 2011a; 

Cross, 2010). It is, therefore, possible then that even as network-level covariates account for the 

likelihood that a source will produce strategy/issue coverage, certain actors may be more likely 

to produce strategy/issue coverage. An analysis of Obama’s health care reform initiative by 

Adams and Cozma (2011) found that political officials, from the president to House and Senate 
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members, were sources in articles focusing on game/conflict more than issues, suggesting that 

politician are more likely to produce strategy coverage compared to other sources. In an analysis 

of television coverage during a Canadian election, Cross (2010) also found that politicians 

appeared 82% of the time when the focus was on the campaign. To examine whether such 

findings map on to networks structures, I tested the following hypothesis:  

H16a: Politicians are more likely to produce strategy-framed coverage than non-

politicians.  

H16b: Politicians are less likely to produce issue-framed coverage than non-politicians.  

If within multi-level models isolated politicians are commonly linked to strategy frames 

over and above network-level measures, then the construction of frames may be considered both 

a network-level and source-level phenomenon. However, if the likelihood of a politician 

producing strategy or issue coverage is not significant, framing outcomes may to a greater extent 

depend on the ways in which journalists choose to link sources to one another.  

Beyond the prevalence of politicians, we know enough about the prevalence of other 

actors in strategy/game frames to make certain predictions. Cross (2010) found that experts were 

mainly used for campaign-related rather than issue-related stories. Overall, the list of experts was 

“dominated by political pundits and marketing professors talking about party strategies, party 

advertisements, polls results, and campaign activities” (p. 425). Albæk et al.  (2011) found that 

experts were used equally across articles on content and process. Based on both of these 

findings, I suggest: 

H17a: Experts are more likely to produce strategy-framed coverage than non-experts.  

H17b: Experts are less likely to produce issue-framed coverage than non-experts.  
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The role of government organizations and interest groups is in need of further 

exploration, though it has been suggested that they may dominate issue articles (Cross, 2010). 

Hopmann and Shehata (2010) found that ordinary citizens play an important role by supplying 

exemplars to “liven” up the news in coverage of welfare, education, and unemployment, which 

may result in less strategy coverage and more issue coverage.  On the other hand, they could be 

used to provide information about public opinion or the possible success of political candidates, 

technically defined as strategy coverage. Therefore, the following research question is proposed: 

RQ9: Are sources other than politicians and experts commonly linked to strategy or issue 

coverage? 

An individual covariate was also entered to determine whether political affiliation was a 

significant predictor of the amount of strategy/issue coverage. Because there is no previous 

research to suggest that, for example, Republicans would be more likely to produce strategy 

coverage than Democrats, the following research questions were proposed: 

RQ10a: Was political affiliation a significant predictor of strategy-framed coverage? 

RQ10b: Was political affiliation a significant predictor of issue-framed coverage?  

The egocentric network measure of centrality was also entered in the model for each 

individual actor. Should higher levels of centrality relate to higher levels of strategy coverage, 

this suggest a need for greater connections across sources within a given news story. Because 

this has not yet been tested, I ask the following research question: 

RQ11a: Is there a relationship between actor degree centrality and the likelihood of 

producing strategy-framed coverage? 

RQ11b: Is there a relationship between actor degree centrality and the likelihood of 

producing issue-framed coverage? 
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Finally, a goal of this study was to determine whether being quoted or simply mentioned 

has an effect on the likelihood of source producing strategy of issue coverage. We therefore 

asked the following research questions: 

RQ12a: Is there a relationship between being quoted and producing strategy-framed 

coverage? 

RQ12b: Is there a relationship between being quoted and producing issue-framed 

coverage?  

Next, network-level covariates were entered into the model. Hypotheses predicting the 

likelihood of producing strategy/issue coverage suggested similar outcomes for density and 

centralization as H12 and H13: 

H18a: Higher levels of network centralization are linked to an increased likelihood of 

producing strategy-framed coverage  

H18b: Lower levels of network centralization are linked to an increased likelihood of 

producing issue-framed coverage. 

H19a: Lower levels of networks density are linked to an increased likelihood of 

producing game/strategy-framed coverage.  

H19b: Higher levels of networks density are linked to an increased likelihood of 

producing issue-framed coverage.  

The content analytic aspect of this research is therefore meant to move beyond simple 

examinations of source use and reveal just how such use relates the coverage of issues, 

specifically the amount of substantive coverage available to voters. As reporters transfer their 

real-life networks to symbolic networks, they determine the narrative form a given story will 

take. In line with framing research, I argue they do so through a collective sense-making process 
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(Brüggemann, 2014). In the end, this research suggests such symbolic network construction is an 

important determinant of the extent of strategy versus issue coverage in news – something 

impactful for voters. This is in all likelihood determined by both source and journalists, and the 

extent to which such parties determine framing is elaborated on in this research. The current 

study not only reveals the extent to which networks influence news outcomes, but also provides 

preliminary light on the extent to which this is determined by source versus journalist.  The next 

chapter describes the methods and measures employed in order to test hypotheses and answer the 

research questions of interest.  
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CHAPTER 6: STUDY METHODS 

The configuration of source networks and the relationship between network structures 

and news outcomes were investigated using a mixed-methods approach, as this is essential to 

understanding the news production process (Brüggeman, 2014). Examining networks through the 

content analysis does not provide the context behind network ties (Abrahamsen, Henneberg, & 

Naudé, 2012). It is anticipated that the combination of reporter perceptions, captured through 

survey, and actual coverage, captured through content analysis, should provide greater insight 

into networks in congressional election coverage.  

Networks to Journalists 

Networks to journalists were established through survey. Specifically, the survey targeted 

journalist covering any of the 35 congressional races, 10 senate races, and 16 gubernatorial races 

identified as toss-ups in 2014 by www.realclearpolitics.com. RealClearPolitics is an often-cited 

polling data aggregator that averages polls for national, state, and local election. Toss-ups were 

specifically targeted in hopes that they would garner a great deal of attention and, in turn, a great 

deal of coverage on behalf of the journalists in question. Journalists to be included were 

identified through a search of the staff directories of and political content within each of the 48 

newspapers identified as covering races of interest. For senatorial and gubernatorial races, the 

largest newspaper in the state was selected. For congressional races, the main paper serving a 

given congressional district was identified (in some cases it was also the largest). Table 1 

displays the newspapers surveyed for each race of interest. Once journalists were identified as 

covering politics for their newspaper through a search of newspaper directories and the 

monitoring of election coverage, they were sent the initial survey via email the week following 

the close of the midterm election. Journalists were sent follow-up emails into mid-January and 
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Table 1: Newspapers Included in Survey Based on Toss-Up Races (* = incumbent) 
Newspaper Congressional Race Senate Race Gubernatorial Race 
Alaska Dispatch News ----- Begich (D) vs. Sullivan 

(R) 
Parnell (R) vs. Walker (I) 

Arkansas Democrat-Gazette Hays (D) vs. Hill (R) Pryor (D) vs. Cotton (R) Ross (D) vs. Hutchinson (R) 
Arizona Daily Star Barber (D)* vs. McSally (R) ----- ----- 
Arizona Republic Kirkpatrick (D)* vs. Tobin 

(R) 
----- DuVal (D) vs. Ducey (R) 

Atlanta Journal Constitution ----- Nunn (D) vs. Perdue (R) Carter (D) vs. Deal (R) 
Augusta Chronicle Barrow (D)* vs. Allen (R) ----- ----- 
Baltimore Sun ----- ----- Brown (D) vs. Hogan (R) 
Boston Globe ----- ----- Coakley (D) Baker (R)  
California Press Enterprise Ruiz (D)* vs. Nestande (R) ----- ----- 
Charlotte Observer  Hagan (D) vs. Tillis (R) ----- 
Charleston Gazette Casey (D) vs. Mooney (R) ----- ----- 
Chicago Daily Herald Schneider (D)* vs. Dold (R) 

Foster (D)* vs. Senger (R) 
----- ----- 

Chicago Tribune ----- ----- Quinn (D) vs. Rauner (R) 
Courier Journal ----- Lundergan Grimes (D) 

vs. McConnell (R) 
----- 

Dallas Morning News Gallego (D) vs. Hurd (R) ----- ----- 
Denver Post Romanoff (D) vs. Coffman 

(R) 
Udall (D) vs. Gardner 
(R) 

Hickenlooper (D) vs. Beauprez 
(R) 

Des Moines Register Appel (D) vs. Young (R) Braley (D) vs. Ernst (R) ----- 
Detroit Free Press ----- ----- Schauer (D) vs. Snyder (R) 
Duluth News Tribune Nolan (D)* vs. Mills (R) ----- ----- 
Hartford Courant  ----- Foley (R) vs. Malloy (D) 
Herald Dispatch Rahall (D)* vs. Jenkins (R) ----- ----- 
Honolulu Star Advertiser Takai (D) vs. Djou (R) ----- ----- 
Iowa Gazette Murphy (D) vs. Blum (R) ----- ----- 
Las Vegas Review Journal Horsford (D)* vs. Hardy (R) ----- ----- 
Miami Herald  Garcia (D)* vs. Curbelo (R) ----- ----- 
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Newspaper Congressional Race Senate Race Gubernatorial Race 
Milwaukee Journal Sentinel  ----- ----- Burke (D) vs. Walker (R) 
Mining Journal Cannon (D) vs. Benishek (R)   ----- ----- 
Nashua Telegraph Kuster (D)* vs. Garcia (R) ----- ----- 
New Hampshire Union 
Leader 

Shea-Porter (D)* vs. Guinta 
(R) 

Shaheen (D) vs. Brown 
(R) 

Hassan (D) vs. Havenstein (R) 

New York Daily News Recchia (D) vs. Grimm (R)* ----- ----- 
New York Post-Standard Maffei (D)* vs. Katko ----- ----- 
Newsday Bishop (D)* vs. Zeldin (R) ----- ----- 
Omaha World-Herald Terry (R)* vs. Ashford (D) ----- ----- 
Palm Beach Post Murphy (D)* vs. Domino 

(R) 
----- ----- 

Pine Bluff Commercial Westerman (R) vs. Witt (D) ----- ----- 
Providence Journal ----- ----- Raimondo (D) vs. Fung (R) 
Portland Press Herald Cain (D) vs. Polquin (R) ----- Michaud (D) vs. LePage (R) 
San Diego Union Tribune Peters (D)* vs. DeMaio (R) ----- ----- 
Sacramento Bee Bera (D)* vs. Ose (R) ----- ----- 
St. Louis Post Dispatch Enyart (D)* vs. Bost (R) ----- ----- 
State Journal-Register Callis (D) vs. Davis (R) ----- ----- 
Tallahassee Democrat Graham (D) vs. Southerland 

(R) 
----- ----- 

Tampa Bay Times ----- ----- Crist (D) vs. Scott (R) 
Times-Picayune ----- Landrieu (D) vs. 

Cassidy (R) 
----- 

Ventura County Star Brownley (D)* vs. Gorrell 
(R) 

----- ----- 

Washington Post Foust (D) vs. Comstock (R) ----- ----- 
Watertown Daily News Woolf (D) vs. Stefanik (R) ----- ----- 
Wichita Eagle ----- Roberts (R) vs. Orman 

(I) 
Davis (D) vs. Brownback (R) 
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contacted once by phone to encourage participation. Of the 249 journalists identified as covering 

politics for their newspaper, 78 fully completed the survey resulting in a 31% response rate.3  

To examine the resources contributed by various network actors, those resources 

investigated in past studies on source use were compiled (Albæk, 2011a; Albæk et al., 2011; 

Daschmann & Brosius, 1999; Gans, 1979; Hopmann & Shehata, 2011; Knight, 1988; Len-Rios 

et al., 2009). Within this body of literature, some researchers asked how important certain 

characteristics and resources were on a 1-7 scale, some asked open-ended questions, and some 

performed content analysis of source use, and some determined resource use through qualitative 

fieldwork. These “uses” were then incorporated into the current survey, which was loosely based 

on a resources generator survey originally created by social network analysts (Van Der Gaag & 

Snijders, 2004).  

Resource generators, as originally conceptualized, were meant to tap a respondent’s 

social capital (Snijders, 1999). Social capital, as defined by Bourdieu (1985), focuses on the 

“aggregate of the actual or potential resources which are linked to possession of a durable 

networks of more or less institutionalized relationships of mutual acquaintance and recognition” 

(p. 248). Such generators allow respondents to report whether they have access to various 

resources, to whom they can turn for access, and to weigh individuals against one another, 

including family members, friends, and acquaintances. The goal of this study is not to measure 

one’s social capital, but rather the resources provided by individuals within a journalist’s circle 

of sources. Identifying the various resources contributed by sources within a journalist’s network 

offered insight into the complementary nature of source use. Resources included accurate 

!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!
3 In total, 80 journalists “completed” the survey, for a 32% response rate. However, two 
journalists answered “No” to the initial check question, which asked whether they covered the 
midterms and were consequently routed to the end of the survey. 
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information, conflict-laden accurate information, articulate information, authoritative 

information, conflict-laden information, context on issues, emotion-laden information, 

interpretation/analysis on issues, timely information, and unique information. Because such 

questions have not been asked previously, two batteries of “resource generator” questions were 

created to establish reliability, with the second battery using synonyms for the original resources 

(see Chapter 7: Results 1 and Appendix A).  Journalists were asked to rank sources based on the 

extent to which they contribute various resources. By comparing sources, rather than evaluating 

isolated sources on a 7-point scale, journalists must discern source contributions in relation to 

other network actors.  

These networks to journalists were then examined through the calculation of social 

network measures using UCINET, a package for the analysis of social network data (UCINET 

was used to calculate all network measures in the current study). Actor degree centrality 

measures were used to determine the role various actors play in news coverage. Measures of 

structural equivalence and centralization were used to determine the extent to which journalists 

might see certain actors as interchangeable or providing similar resources. Finally, quadratic 

assignment procedure (QAP) correlations were used to determine which of these networks were 

correlated and whether journalists see them as similar. QAP correlations are unique in that they 

take into account the interdependent nature of the data.  

Next, hierarchical logistic regression was used to determine whether individual attributes, 

role conceptions, organizational characteristics, and extra-media factors influence the actors most 

commonly chosen to provide a given resource. The dependent variable for each model was a 

dichotomous indicator of the probability of choosing the most central source in a given network. 

Measures meant to examine the first three levels within the hierarchy (attributes, role 



NETWORKS OF NEWS PRODUCTION 

!

55 

perceptions, and organizational characteristics) were taken from a previous survey by Weaver 

and colleagues (2007). Extra-media influences specifying the type of race a journalist covered 

were also included. Taken together, these variable blocks tap every level of influence that has in 

the past been shown to play a role in journalistic perceptions and actions (Brüggemann, 2014), 

though they have not yet been examined in relation to source use. 

Networks from Journalists and to Journalists/Newspapers  

Networks from journalists, actual networks to journalists, and networks to newspapers 

were created through content analysis. The time frame for the content analysis was from 

September 1, 2014 through Election Day. September 1 marked two months before Election Day 

and just after the primary elections had concluded.  This is a common timeframe used in 

previous studies (Dunaway & Lawrence, 2014; Kahn & Kenney, 2002). The initial plan was to 

analyze a sample of coverage by the largest “local” newspaper in each of the 35 congressional 

districts of interest. Six races, however, did not garner enough coverage to be included in any 

analysis (less than 10 articles total about the election).4 Six others races garnered enough 

coverage to be included in the framing analysis (see below), but not enough coverage in Month 1 

to be included in the examination of networks to news outlets (at least four articles).5  Therefore, 

the final over-time analysis focused on 23 newspapers (see Table 9 in Chapter 9: Results 2) 

while the final framing analysis focused on 29 newspapers (see Table 2). In some cases, this was 

also the largest newspaper in the state. For example, for Arizona District 1 the Arizona Republic, 

both the local and the largest, was content analyzed. In other cases, it was simply the largest in 

!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!
4 These included The Charleston Gazette, Chicago Daily Herald (only for the District 11 race), 
the Nashua Telegraph, the St. Louis Post Dispatch, the Illinois State Journal Register, and the 
Michigan Mining Journal.  
5 These included the Arkansas Pine Bluff, The California Press Enterprise, the Denver Post, the 
Las Vegas Review Journal, Palm Beach Post, and the Tallahassee Democrat.  
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the area. For example, for Arizona District 2 the Arizona Daily Star was content analyzed. 

To facilitate the overtime analysis a stratified sample across months was taken to 

examine frame development over time and facilitate network comparison over time. Table 2 lists 

those newspapers included along with the total number of articles produced each month and the 

sample of articles coded in parentheses. For the majority of newspapers, five articles per month 

were coded. In those cases where three to five articles were published in Month 1, all were coded 

Table 2: Breakdown of Sample for Content Analysis (n = 290) 

Newspaper Month 1 Total (coded)  Month 2 Total (coded) 
Arizona Daily Star 4 (4) 10 (6) 
Arizona Republic 5 (5) 10 (5) 
Arkansas Democrat Gazette 4 (4) 6 (5) 
Arkansas Pine Bluff Commercial 3 (3) 7 (7) 
Augusta Chronicle 5 (5) 5 (5) 
California Press Enterprise 2 (2) 14 (8) 
Chicago Daily Herald 7 (5) 18 (5) 
Dallas Morning News 5 (5) 6 (5) 
Denver Post 3 (3) 14 (7) 
Des Moines Register 9 (5) 10 (5) 
Duluth News Tribune 6 (5) 7 (5) 
Herald Dispatch (West Virginia) 6 (5) 7 (5) 
Honolulu Star Advertiser 4 (4) 10 (5) 
Iowa Gazette 6 (5) 9 (5) 
Las Vegas Review 2 (2) 10 (5) 
Miami Herald 5 (5) 11 (5) 
New Hampshire Union Leader 6 (5) 9 (5) 
New York Daily News 4 (4) 8 (6) 
Newsday 8 (5) 9 (5) 
Omaha World Herald 9 (5) 27 (5) 
Palm Beach Post 3 (3) 10 (7) 
Portland Press Herald 10 (5) 8 (5) 
New York Post Standard 12 (5) 20 (5) 
Sacramento Bee 6 (5) 13 (5) 
San Diego Union Tribune 18 (5) 19 (5) 
Tallahassee Democrat 3 (3) 9 (7) 
Ventura County Star 6 (5) 11 (5) 
Washington Post 10 (5) 24 (5) 
Watertown Daily News 15 (5) 12(5) 
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and one to two extra articles were coded for Month 2. For the majority of newspapers, content 

was gathered through using ProQuest or NewsBank Access World News databases. Those 

newspapers that did not make content available on any University of Arizona database (San 

Diego Union Tribune, Des Moines Register, Press Herald, Newsday) were gathered manually by 

monitoring newspaper websites daily.  

To create all three of the aforementioned networks based on news content, a team of three 

trained undergraduate coders identified the sources in coverage. This data was then used to 

create one- and two-mode matrices (See Appendix B). For the purposes of the current study, 

sources who were simply mentioned and those who were directly quoted were coded as 

constituting a “source.” In other words, one does not need to be directly quoted to be considered 

a source. Using a source to demonstrate a concept or mentioning a source in passing still 

constitutes the use of a source. Being quoted is a good indicator of success infiltrating the media 

(Trumbo, 1996); however, I argue that overlooking those that are not directly quoted offers an 

incomplete picture. The possible different level of influence between such sources was 

accounted for by coding sources as either “quoted” or “mentioned.” This was then translated into 

a dichotomous dummy variable in multi-level models (see below). When sources were identified 

in coverage, their category and political affiliation (if applicable) was also identified to facilitate 

comparisons across news networks/journalists and to use as dummy variables in multi-level 

analyses. Categories included politicians, appointed government officials, experts, interest 

groups, other journalists/media outlets, and ordinary citizens. Political affiliation was only coded 

if it was blatantly apparent to the reader. The three undergraduates6 coded an equal number of 

articles from the sample (two coders coded 97 articles, one coded 96), and reliability was 

!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!
6 The author would like to thank undergraduate coders Nathaniel Drake, Meezan Mir, and 
Christianna Silva for their hard work on this project.  
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reached on quoted vs. mentioned (α = .80), source category (α = .86), and source political 

affiliation (α = .89).  

After coding all content for sources, networks were created for journalists, newspapers, 

and for individual articles. Networks created for a select group of 20 journalists who finished the 

survey and whose coverage was included in the content analysis were used to compare perceived 

and actual networks. Networks created for news outlets were used in analyses of change over 

time. Networks created for individual articles were used to create variables to be included in 

regression/multi-level models.  

To compare perceived and actual networks (networks to journalists), the frequency of 

appearance across the various source classes (e.g. politicians, government officials, etc.) within 

actual news coverage was counted and these values were placed in an Excel spreadsheet 

representing connections between journalists and the various source categories, similar to a two 

mode matrix. For each source category, two values were created for each journalist, one 

representing source counts and one representing source rank. Ranks were assigned based on the 

frequency of source mentions and correlation across category ranks in surveys and content 

analysis were then computed. 

 Networks to newspapers were created using the same general approach. For each 

newspaper, an Excel spreadsheet was created for each month in which sources (not categories 

but actual sources) were linked to a given newspaper of interest. The average valued tie 

(representing the density of the two-mode network) between sources and newspapers was then 

computed for each month and these density measures were compared. Next, based on their class 

assignment, these sources were collapsed in order to create measures representing the frequency 

of connections between a newspaper and the categories mentioned above. Correlations between 
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frequency of source use in Month 1 and frequency of source use in Month 2 were then 

calculated.  

To create independent variables to be used in multiple regression and multi-level models, 

one-mode networks were created based on connections across individual sources within 

coverage. Within individual articles, sources are considered connected through their sequential 

appearance within news coverage, with multiple links resulting in the creation of valued ties. In 

other words, the sequential use of sources was used to establish connections among sources 

within a given news article. Measures of actor centrality, network density, and network 

centralization were then computed and entered into regression/MLM datasets.  

Coding of Frames 

 To investigate how the source structure within a given article contributed to the framing 

of news, both the network and the individual actors within such networks were used as predictors 

of the amount of strategy-framed and issue-framed coverage. The coding definitions offered by 

Aalberg et al. (2011) were incorporated into the current study in an effort to maintain consistency 

with the literature (see Appendix B). They proposed a coding scheme based on analysis of past 

literature in an effort to provide consistency in strategy/game frame coding. Rather than coding 

for dominant frames using a dichotomous variable, the unit of analysis in this case was the 

paragraph. Each paragraph was assigned a code of strategy (2), issue (1), or neither (0). 

After coding at the level of the paragraph, the number of strategy/game-framed 

paragraphs and the number of issue-framed paragraphs were counted for each individual article. 

The same three trained coders were used to establish such frames, and acceptable levels of 

reliability were achieved for the number of strategy-framed paragraphs (α = .88) and the number 

of issue-framed paragraphs (α =.86) in a given news article. Next, the strategy/issue 
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contributions of individual sources were identified. Based on the amount of strategy and issue 

coverage to which a source was connected, each source was assigned a code of strategy (2), issue 

(1), or neither (0). Once again, the same three coders were used to establish individual source 

codes and an acceptable level of reliability was reached (α = .74).  

Multiple regression analysis was first used to examine the relationship between network-

level measures and the amount of strategy/issue coverage to discover whether these measures 

predict such variability.  For each article the total number of issue paragraph was subtracted from 

the total number of strategy paragraphs; therefore, negative scores indicate a greater amount of 

issue-framed paragraphs, while positive scores indicate a greater amount of strategy-framed 

paragraphs. Independent variables in these analyses included the circulation size, newspaper 

ownership, the number of days until the election, and whether or not the type of race (open 

versus incumbent/challenger). Beyond these more traditional independent variables, which are 

essentially used as controls in the current analysis, the density of a given network (a normalized 

cohesion score in which the total ties are divided by the maximum possible), and the network 

degree centralization (a calculation of how dispersed the centralities of the actors are) were also 

included in the model. 

Moving further, to discover the variance accounted for by the networks within coverage, 

multi-level models (MLMs) were used to test the remaining hypotheses concerning network 

influence. In such analyses, the frame contributed by each individual source served as the 

dependent variable. Source-level covariates in MLMs included dummy variables representing 

source class and political affiliation, as well as actor-degree centrality. Network-level covariates 

were the same as those included in the regression analysis. Beyond this, newspaper circulation, 
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newspaper ownership, days to election, and the type of race (open or incumbent) were also 

included in the model. 

To sum up, the current study utilizes two datasets, one garnered through survey and one 

through content analysis, to examine the use of source networks within news. A survey of 

reporters across the country offers insight into source utilization during the 2014 midterm 

election. Analysis of source appearance through content analysis, on the other hand, taps the 

actual use of sources within news coverage and how it varies over time. Regression and multi-

level models then suggest the extent to which individual sources and networks influence news 

construction. We now move to the results of the current study.  
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CHAPTER 7: RESULTS 1 

Exploring Networks to Journalists based on Information Characteristics 

The results of the current study begin with an examination of the resources provided by 

the various types of sources, as explored through a survey of journalists across the country who 

covered the 2014 midterm elections. The goal was to move beyond previous qualitative research 

and reveal quantitatively how journalists choose to use sources in an effort to garner various 

resources. Hypotheses were proposed based on previous examinations of resources use. Research 

questions concerning the use of ordinary citizens and experts were also examined.  

Of the 78 journalists included in the current analysis, the majority worked at either a 

newspaper with less than 100 newsroom employees (21%) or between 100 and 199 employees 

(33%). Fifty respondents reported covering a specific beat (64%). The majority were male 

(70%), White (95%), and reported having a journalism degree (83%). In terms of political 

affiliation, 60% of respondents reported their political affiliation as Independent, 27% as 

Democrat, 1% as Republican, and one refused to answer.7 In terms of the races covered, 59% of 

respondents covered congressional races, 41% covered senate races, 45% covered a 

gubernatorial race, and 40% covered some other type of race (e.g. city council).  

Final Resources Included 

Before analyzing the actual makeup of networks, Spearman’s rank correlations were used 

to examine the similarity between questions meant to tap the same resources in separate question 

batteries. As the resources provided by various sources have not been measured previously, two 

questions were included for each resource to ensure accuracy of resource perceptions among 

journalists. For 7 of 11 questions sets, Spearman’s rank correlations were significant and the two 

!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!
7 The lack of Republican journalists prevents me from using political affiliation as a predictor in 
analyses (see Results 2).  
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questions were combined into a scale. These included correlations between the following: 

accurate and factual information (rs ranged from 0.46 to 0.61, p < .001 across all sources), 

quotable and articulate information (rs ranged from 0.25 to 0.42, p < .05 for all sources), timely 

and available information (rs ranged from 0.36 to 0.52, p < .001 across all sources), interpretation 

and analysis (for politicians, interest groups, experts, and citizens rs ranged from 0.39 to 0.60, p 

< .05; for government officials rs = 0.20, p < .10), trustworthy and reliable information (rs ranged 

from 0.34 to 0.55, p < .05 for all sources), context and background (for politicians, interest 

groups, experts, and citizens rs ranged from 0.32 to 0.50, p < .05; for government officials rs = 

0.18, p < .10), and unique and distinct information (rs ranged from 0.36 to 0.52, p < .001 across 

all sources, p < .01 for all sources).8  

Results suggest journalists see “authoritative” and “official” information differently. On 

authoritative information, experts were ranked highest, while government officials were seen as 

providing official information. The difference between authoritative and official information 

may be attributable to the idea that officials, while providing official information, may not be 

considered “experts” on such information.  

Differences were also found between information defined as “conflict laden” and 

information defined as “argumentative.” On conflict candidates were ranked highest, followed 

by interest groups, and experts, with citizens and government officials tied for fourth. On 

argumentative information, experts surpassed interest groups. It seems that while interest groups 

are seen as higher than experts when it comes to providing information on conflict, experts 

provide a greater amount of argumentative information. This may be due to the fact that conflict 

!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!
8 Though correlations for government officials’ on interpretation versus analysis and context 
versus background information were marginally significant (p < .10), analysis revealed minimal 
difference when these were tested separately and the categories were collapsed.   
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might be seen as more heated than argumentation, and experts are less likely to contribute 

conflict per se.  

Results also suggest that journalists define dramatic and emotional information 

differently. On dramatic information, candidates were ranked highest, followed by interest 

groups, citizens, and experts. With emotional information, citizens came in first, followed 

closely by politicians, then interest groups, and then government officials. It seems that while 

dramatic information may be something provided on the campaign trail, emotional information is 

something more genuine and provided by citizens in their testimonies.  

Based on the above, the final analysis focuses on 13 resources: accurate information, 

argumentative information, articulate information, authoritative information, conflict-laden 

information, context/background information, dramatic information, emotional information, 

interpretative information, official information, timely information, trustworthy information, and 

unique information.  

Before performing analyses on resource contributions, results of original rank-order 

questions were reverse coded so that those actors with the highest ranking on a given resource 

had the highest weighted tie in the network. The resulting 5 by 78 two-mode matrices 

represented ties from journalists to sources for a given resource. These 13 matrices were then 

transformed into one-mode networks depicting weighted ties among sources that represent their 

likelihood of being linked together (or dominance) within a certain resource network. In other 

words, ties among sources within these one-mode networks are used as proxies for the 

prevalence of sources within a given resource network. Within these networks the connection 

between two actors was computed using the sum of the cross products of the minimum valued tie 

between two actors, as is common in networks with valued ties. In other words, when UCINET 
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creates a tie between two actors, it chooses the minimum value as this essentially represents the 

largest possible weighted tie. Table 3 lists the average rank for each source on each resource, the 

cluster in which they fell in analyses of structural equivalence, and centralization scores for each 

of the 13 networks.  

Resources Provided by Politicians 

We begin with those hypotheses that politicians were the most central actors within the 

network. Hypotheses 1 through 4 suggested politicians would be the most central actors when it 

came to authoritative, articulate, timely, and conflict-laden information. Overall, politicians were 

not seen as providing either authoritative or official information and H1 was not supported. 

Results show that experts were perceived as the most central actors in the authoritative 

information network, followed by government officials and politicians. For official information, 

government officials were the most central actors followed by politician and experts. 

On the other hand, politicians were seen as providing articulate and timely information, 

most likely the result of a well-oiled campaign machine. Politicians were the most central actors 

when it came to articulate information, followed by experts and interest groups, supporting H2. 

Candidates appeared as central actors when it came to providing timely information, followed by 

interest groups and experts, supporting H3.  

Finally, H4 suggested journalists would see politicians as central actors when it comes to 

providing conflict-laden information. This hypothesis was supported for both conflict-laden and 

argumentative information. With argumentative information, experts came in second followed by 

interest groups and ordinary citizens; however, with conflict-laden information interest groups 

came in second followed by experts. 
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Use of sources was further investigated using network centralization scores, as well as 

hierarchical cluster analysis to establish structural equivalence (see Table 3). Cluster assignment 

suggests government officials and experts are seen as playing similar roles in the authoritative 

information networks; however, politicians and government officials are seen as similar on 

official information, further solidifying the difference between the two. Politicians and experts 

play similar roles in relation to articulate information, and politicians and interest groups fulfill 

similar roles in relation to timely, conflict-laden and argumentative content. This further suggests 

that while experts contribute to conflict-laden and argumentative information, they do so in a 

different way than politicians. Of these networks, conflict-laden and official information 

networks were the most centralized, suggesting that the top sources in these networks retain 

greater exclusivity. The timely information network was the least centralized, suggesting that 

multiple sources provide timely content for news. All of the above suggest that politicians, 

experts, and interest groups play important roles when it comes to convincing, well-articulated, 

timely, and conflict-laden information.  

But What Sources Do They Trust? 

RQ1 asked which sources journalists see as providing the most accurate information. 

Averages displayed in Table 3, as well as degree centrality scores, suggest that experts and 

government officials are seen as providing accurate information, with interest groups and 

politicians coming in third and fourth, respectively. In terms of trustworthy information, experts 

were the most central actors, followed closely by government officials. All of this suggests that 

while candidates are readily available and well spoken, experts and government officials are 

perceived as more authoritative, accurate, and trustworthy than are other sources. Cluster 

analysis suggests that on both types of information, government officials and experts are seen as
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Table 3: Centrality and Clustering for Resource and Frequency Networks 
 

Resource Politicians Government 
Officials 

Interest 
Groups Experts Citizens Network 

Centralization 
Accurate 2.56 (2) 3.86 (1) 2.58 (2) 4.38 (1) 1.62 (3) 47.92 
Argumentative 4.61 (2) 1.82 (1) 3.88 (2) 2.05 (1) 2.62 (3) 42.46 
Articulate 4.08 (1) 2.31 (3) 2.93 (2) 3.76 (1) 1.92 (3) 42.46 
Authoritative 3.32 (2) 3.54 (1) 2.59 (3) 4.14 (1) 1.41 (4) 44.58 
Background 3.15 (2) 3.23 (1) 3.21 (1) 4.06 (3) 1.34 (4) 43.13 
Conflict  4.42 (2) 2.06 (1) 3.56 (2) 2.82 (3) 2.13 (1) 57.50 
Dramatic 4.51 (2) 1.88 (1) 3.58 (2) 2.06 (1) 2.94 (3) 60.83 
Emotional 4.01 (2) 1.76 (1) 3.74 (3) 1.68 (1) 4.08 (2) 51.25 
Frequency 4.50  (3) 4.05 (1) 3.15 (2) 3.44 (2) 2.82 (1) 29.42 
Interpretation 2.90 (1) 2.57 (1) 3.16 (2) 4.55 (2) 1.81 (3) 47.67 
Official 3.99 (2) 4.35 (2) 2,73 (1) 2.83 (1) 1.10 (3) 55.42 
Timely 3.99 (1) 2.56 (3) 3.47 (1) 3.27 (2) 1.71 (4) 41.00 
Trustworthy 2.74 (2) 3.70 (1) 2.49 (2) 4.29 (1) 1.78 (3) 46.75 
Unique  3.16  (2) 1.91 (3) 2.92 (2) 3.33 (1) 3.67 (1) 18.08 
Note: To create one-mode matrices of the columns from the two-mode matrices of reporters and sources, the minimums method was 
used in which UCINET examines the entries for the two actors at each event, and selects the minimum value.  Therefore, the tie 
between the two actors is equal to the weaker of the ties of the two actors to the event, which represents the maximum possible valued 
tie. This approach is commonly used when the original data are measured as valued. These matrices were then used in tests of 
structural equivalence and calculation of network centralization (expressed as a proportion, not percentage).   
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structurally equivalent, as are politicians and interest groups. Regardless of the fact that 

politicians and interest groups rank lower than experts and government officials, centralization 

scores were not as high as other networks in the analysis. It seems that while journalists see 

experts and government officials as more trustworthy, they do not necessarily see politicians and 

government officials as untrustworthy or inaccurate, per se.  

The Resources Provided by Experts 

We now turn to those networks where experts were expected to be central. H5 suggested 

that experts would be most central when it comes to providing background on issues, while H6 

suggested they would be most central in resource networks for interpretation and analysis. 

Results support H5, with experts coming in most central to the background information network, 

followed by interest groups and government officials. Test of structural equivalence suggest 

experts occupy their own cluster.  

Results were similar for interpretation, though politicians surpassed government officials. 

In the interpretation network, experts and interest groups also fell in same cluster, suggesting that 

interpretation is not considered as specialized as background/context. Overall, due to their 

specialized training and knowledge, experts are especially seen as providing the background 

information needed on the issues.  

What about Ordinary Citizens? 

H7 and H8 focused on the use of ordinary citizens, who on the items discussed thus far 

came in last in all resource networks, with the exception of the conflict network in which they 

tied government officials. For unique and dramatic content, citizens were predicted to be most 

central to the network, but only H7 was supported. Ordinary citizens were most central when it 

came to unique information, though experts and political officials were close behind. Tests for 
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structural equivalence show that on unique information citizens and experts clustered together, as 

were politicians and interest groups. Centralization scores show this is the least centralized 

network of all. Though journalists do see citizens as providing information that is distinctive, 

they also see other sources as commonly fulfilling this role.  

On dramatic and emotional information, politicians and interest groups came in first and 

second respectively, followed by citizens. This network was the most centralized of all networks, 

suggesting that such information is to a certain extent specialized. On emotional information, the 

network was less centralized and citizens and candidates were clustered together, as were 

government officials and interest group. All of this suggests that while citizens move up the 

ladder on these resources, becoming the top source in the unique information network, they still 

lag behind others on emotion, and to a greater extent drama. The high centralization of 

politicians in the dramatic network is attributable to the dramatic nature of the campaign.  

Resources Translated to Frequency 

Based on the above, it was suggested that the frequency of sources-journalist interactions 

should follow a certain pattern in the election context. Results support H9.9 Centrality scores for 

the frequency network show that candidates are the most central actors, followed by experts, 

interest groups, government officials, and citizens. Structural equivalence scores further suggests 

candidates are in a cluster all their own, while interest groups and experts play similar roles, as 

do appointed government officials and citizens, who are the least central actors.  

 Connections across Networks 

To investigate further the similarities and dissimilarities across networks, the networks 

were mapped and quadratic assignment procedure (QAP) correlations were used to determine the 

!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!
9 One journalist refused to comment on frequency of contact and was dropped from this network, 
resulting in a sample of 77.  
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extent of similarity across networks. The networks for all 13 resources, as well as the network 

representing frequency of interactions, are displayed visually in Figure 1 where actors are 

grouped by centrality and the thickness of the lines represents the value of the tie. Looking at the 

networks displayed in Figure 1, there is evidence of differential tie strength. For example, 

networks for authoritative, official, articulate, and timely information, as well as that of 

interpretation, display similar strength across ties. The networks for conflict and argumentative 

information, on the other hand, see a greater number of weak ties with candidates and interest 

groups seeming to dominate. Accurate and trustworthy information networks exhibit quite a few 

strong ties, as do the networks for background information and unique information. Dramatic 

and emotional information, on the other hand, seem to display a specific triangle shaped pattern.  

 Correlations across networks are displayed Table 4 and seem to follow a pattern with 

three groups of correlated information networks. Correlations were found across accurate, 

authoritative, contextual, and trustworthy information networks. Correlations were also found 

across argumentative, dramatic, and emotional information networks, as well as articulate, 

interpretative, and timely information networks. To further investigate these patterns, the 

correlation matrix was transformed into a series of eigenvectors using principal component 

analysis. Upon inspection the first two vectors were found to explain a great deal of the variance 

across networks and were therefore plotted and displayed in Figure 2 in the form of a 

correlogram in which resource networks were grouped by similarity and colors represent the 

extent of correlations.  One can see that authoritative, contextual, interpretive, official, timely, 

and trustworthy information networks are clustered in top left, while networks for conflict-laden, 

emotional, unique, and dramatic information are cluster together in the bottom right. This pattern 

suggests the networks representing resources having to do with informing readers are quite 
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Figure 1: Network Visualization Based on Centrality and Valued Ties 
 

 
Note: C = candidates and campaign spokespersons, E = Experts, GO = Government Officials, IG – Interest Groups, V = Voters 
(ordinary citizens). Sources are groups by degree centrality, with thickness of lines representing valued ties.  
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Table 4: QAP Correlations across Resource Networks 

 

Accu-
rate Argue 

Articu-
late 

Auth-
ority Conflict 

Con-
text Drama 

Emot-
ion 

Inter
-pret Official Timely Trust Unique 

Accurate 1.00 --- --- --- --- --- --- --- --- --- --- --- --- 
Argue 0.37 1.00 --- --- --- --- --- --- --- --- --- --- --- 
Articulate 0.46 0.34 1.00 --- --- --- --- --- --- --- --- --- --- 
Authority 0.94* -0.19 0.69 1.00 --- --- --- --- --- --- --- --- --- 
Conflict 0.08 0.83* 0.80* 0.32 1.00 --- --- --- --- --- --- --- --- 
Context 0.88* -0.03 0.75 0.96* 0.47 1.00 --- --- --- --- --- --- --- 
Drama -0.39 0.99* 0.28 -0.22 0.78 -0.07 1.00 --- --- --- --- --- --- 
Emotion -0.62 0.85* -0.09 -0.52 0.47 -0.41 0.89* 1.00 --- --- --- --- --- 
Interpret 0.75 0.01 0.85* 0.85 0.54 0.93* -0.06 -0.41 1.00 --- --- --- --- 
Official 0.77 0.01 0.58 0.89 0.42 0.87 -0.01 -0.31 0.68 1.00 --- --- --- 
Timely 0.57 0.39 0.90* 0.76 0.82* 0.88 0.33 -0.07 0.88 0.78 1.00 --- --- 
Trust 0.98* -0.41 0.48 0.95* 0.05 0.86* -0.43 -0.67 0.73 0.78 0.55 1.00 --- 
Unique -0.49 0.54 0.27 -0.37 0.44 -0.28 0.50 0.47 0.00 -0.44 0.04 -0.48 1.00 
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Figure 2: Correlogram of Correlations across Resource Networks 

 
Note: To create the above, the correlation matrix from Table 4 was transformed into a series of Eigen vectors. The first two vectors, 
which accounted for the majority of the variance, were then plotted. Blue is an indicator of high correlation while red is an indicator of 
low or no correlation. 
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similar to one another, and different from those networks having to do with the more 

entertainment-oriented resources.  

Results of this analysis (1) reveal quantitatively the resources journalists expect to 

received from certain sources, (2) the extent to which sources are seen as providing similar 

resources, and (3) how resource networks are related to one another. Perhaps most important is 

the finding that networks representing more traditional information characteristics and values 

(e.g., authority, credibility) take on a different form when compared to those representing more 

entertainment-laden characteristics. The next chapter analyzes source use in relation to 

characteristics of the journalist, the organization, the type of race (incumbent vs. open), and 

perceptions of journalistic norms and values. 
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CHAPTER 8: RESULTS 2 
 

Networks and the Hierarchy of Influences 
 

The next set of analyses focus on how individual characteristics, role perceptions, 

organizational characteristics, and extra-media variables relate to source use (RQ2, RQ3, RQ4, 

and RQ5, respectively). Within the literature to date, there is a need to investigate how individual 

attributes, journalistic norms, characteristics of the news organization, and extra-media 

influences effect the selection of certain sources in an effort to acquire journalistic resources. In 

studies focusing on journalistic motives and identities, role perceptions are more often than not 

treated as dependent variables in regression models (Skovsgaard, Albæk, Bro, & de Vreese, 

2013). In this case, role perceptions are treated as independent variables that predict journalists’ 

use of sources. Hierarchical logistic regression was performed using blocks meant to represent 

each level in the hierarchy of influences (Shoemaker & Reese, 1996). Analyses move from 

individual-level variables, including demographics, to those entrenched journalistic norms and 

values learned over time, to the external organizational norms, to the type of race a journalist 

covered.  

Thirteen logistic regressions were performed (one for each possible resource included in 

the previous analysis). The outcome for each regression was a dichotomous outcome variable 

that represents whether a respondent chose the most central actor identified in the previous 

analysis (1 = yes, 0 = no).10 For example, for the models focusing on authoritative information, I 

am predicting the likelihood of choosing an expert. For each model in the current analysis, 

listwise deletion of cases was used to handle missing data on any independent variables. This 

ensured that the sample size did not differ across models (n =72). 

!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!
10 Analysis revealed too many low cell counts to perform a multinomial regression based on 
source ranks.  
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Individual-level variables included whether the journalists covered a beat (1) or covered 

many areas (0); whether he/she had 10 or more (1) or less than 10 (0) years of journalism 

experience; whether individuals had 1 to 3 years of college or a bachelor’s degree (0), some 

graduate work (1), or a master’s degree (2); whether he/she had a journalism degree (1) or not 

(0); and whether a respondent a respondent was male (1).11  

Journalistic norms included whether journalists thought it important to (1) get 

information to the public quickly, (2) provide analysis and interpretation of complex problems, 

(3) provide entertainment and relaxation, (4) stay away from stories where content cannot be 

verified, (5) concentrate on news that is of interest to the widest possible audience, (6) discuss 

policy issues while they are being developed, (7) be an adversary of public officials by being 

constantly skeptical of their actions, (8) set the political agenda, (9) give ordinary people a 

chance to express their views on public affairs, (10) motivate ordinary people to get involved in 

public discussion of important issues, and (11) point people toward possible solutions to societal 

problems.12 These questions were asked on a 1 to 5 scale from not at all important to extremely 

important. Due to low cell counts, these variables were dichotomized to facilitate analyses. For 

the roles describe in 1, 2, 4, 6, and 10, those who answered extremely important were compared 

!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!
11 The author would have liked to include a variable representing the political affiliation of the 
journalist; however, only one journalist reported being a Republican and many journalists (15) 
refused to answer a question inquiring about their political ideology, preventing the comparison 
of conservatives and liberal affiliation/ideology.  
12 The survey also inquired about whether journalists should investigate claims and statements 
made by government. Descriptive statistic revealed that approximately 91% of journalists found 
this extremely important, and it was therefore not included in the analysis because of lack of 
variance in this item.  
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to all others in the sample. For the roles described in numbers 3, 5, 7, 8, 9, and 11, those who 

answered extremely or somewhat important were compared to all others in the sample.13  

Characteristics of the news organization included whether it was corporate-owned (1 = 

yes, 0 = no), the number of full-time employees working at a given news organization on a scale 

from 1 to 4 scale, with each one-unit increase representing an increase in 100 employees, how 

much freedom journalists had in story selection, how much freedom journalists had in selecting 

story topics, how much freedom journalists had in choosing the aspects of a story they wished to 

emphasize, whether or not they felt their new organization was doing a good job of informing the 

public, were measured on a 1 to 10 scale (such that higher numbers indicated strong agreement), 

and perceptions of where their news organization ranked ideologically on a scale from liberal (1) 

to conservative (10).14 Questions about journalistic freedom were initially asked on a scale from 

1 to 5. For the purposes of the current analysis, these questions were dichotomized and those 

who answered “a great deal” of freedom were coded as 1, while those with none, a small amount, 

and a moderate amount were coded as 0.  

Finally, in terms of extra-media influences, three dichotomous variables meant to 

represent race-level characteristics were also included. These three indicators captured whether a 

journalist reported covering a congressional race, a senate race, or a gubernatorial race.  

 

 

!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!
13 Such dichotomization was based on whether or not those in the “extremely important” 
category composed more than 70% of the sample. If this was the case, those who answered 
extremely important were compared to all others.!!!
14 The author would have like to include the results of a questions inquiring whether a 
journalist’s news organization focused on profit above content; however, enough journalists 
refused to answer questions about the priority of profit (5) that it would have dropped the sample 
size below 70.  
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Results of Logistic Regression 

Results of logistic regressions are presented in Table 5, Table 6, and Table 7. The 

explained variance by a block of variables was determined using the likelihood ratio test for 

nested models in which the goodness of fit (LL2) of each model is compared to the LL2 of the 

previous model. This difference follows a Chi Square distribution and thus can be statistically 

tested using a given degrees of freedom. The results, along with the pseudo R2, are used to 

indicate the contribution of a given block of variables (see Table 8), while individual coefficients 

within final (i.e., saturated) model used to describe particular variables of interest. Due to their 

having only one or no statistically significant variables, regressions for articulate information, 

accurate information, trustworthy information, argumentative content, context, interpretation, 

and drama are not included in Table 5.15  

The lack of significant variables across logistic regressions and lack of fit on many of the 

models could be due to the sample size.16 Due to the low number of journalists who completed 

the survey, these analyses do not have the power to detect effects if they occur in the population 

of journalists covering the midterm elections. High standard errors due to sparse data issues also 

prevent me from reporting odds ratios, as they may be misleading. I simply report and interpret 

!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!
15 For articulate information, argumentative content, context, interpretation, and drama none of 
the variables were significant. For the model that predicted the likelihood of choosing experts as 
providing accurate information, only ownership status was a significant predictor (β = -2.14, SE 
= 1.03, p < .05). Those working at a corporate-owned newspaper were less likely to choose 
experts for this resource in comparison to those who did not work at a corporate-owned 
newspaper. For the model predicting the use of experts for trustworthy information, only 
perceptions of whether or not a newspaper was doing a good job of informing the public was a 
significant positive predictor (β = 0.70, SE = 0.31, p < .05). For the variable predicting the use of 
experts for context, only covering a congressional election was significant (β = 2.14, SE = 0.94, 
p < .05). 
16 Power analysis was conducted using G*Power to determine a sufficient sample size using 
alpha of 0.05, a power of 0.80, a large effect size (2.48), and a two-tailed test with multiple 
binomial covariates (R² other X = .1). Based on these assumptions, the desired sample size was 
231. 
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the direction of the effect, as well as the variance accounted for by the different variable blocks. 

Nonetheless, data in tables 5, 6, and 7 offer coefficients that may be used to create odds ratios if 

desired. The preliminary findings here can be used as a starting point in future analyses. 

Authoritative Information. We begin with the models for authoritative information, in 

which we are predicting the probability of choosing experts. The results are shown in Table 5. 

Within the block for individual-level predictors, beat reporters were less likely to choose an 

expert for authoritative information than were non-beat reporters. For these journalists, other 

more familiar sources may fill this role. Within the block representing journalistic norms, only 

perceived importance of appealing to a wide audience was a significant predictor. The odds of 

choosing an expert for authoritative information were lower for those who felt it extremely 

important to appeal to a wide audience compared to those who did not. For these individuals, 

other sources are more likely to be authoritative and garner a larger audience, perhaps because 

experts are not as attractive/well-known.  

Within the block representing organizational-level variables, corporate ownership status 

was significant positive predictor. Those from a corporate-owned newspaper were more likely to 

choose experts as the most authoritative in comparison to those who do not work for a corporate-

owned newspaper. It seems that those who work for corporate-owned newspapers see experts as 

especially important in fulfilling this role. Within the block representing extra-media influences, 

those covering a congressional race were more likely to choose experts as authoritative 

compared to those who did not cover a congressional race. This is perhaps because, in such local 

elections, politicians themselves carry less authoritative weight.  

When taken together, these findings suggests that when it comes to garnering 

authoritative information during election time, beat reporters tend to turn to sources other than 



NETWORKS OF NEWS PRODUCTION 

!

80 

experts, as do those who want to appeal to a large audience. It is also a more regular practice at 

the corporate level and in relation to congressional elections. Model fit statistics can be found at 

the end of the chapter in Table 8. Only the addition of role-related and election-related variable 

blocks resulted in a significantly greater model fit. The likelihood Chi Square for the final model 

also suggest it fits significantly better than an empty model (44.58, p < .01). 

Official Information. The next model predicted the probability of selecting government 

officials as providing official information. The results are shown in Table 5. None of the 

individual-level variables within this model were significant. When it comes to journalistic 

norms, those who reported verifying information as important were less likely to choose officials 

for official information than those who do not see this as important. It seems that using 

government officials for such information is at odds with keeping them accountable. 

Within the organizational block, freedom to select stories was a negative predictor. Those 

with more freedom to select stories were less likely to choose government officials as providing 

official information.  None of the variables related to the type of race being covered were 

significant predictors.  

Overall, for at least some journalists, choosing government officials for official 

information may be in conflict with the need for verifiable information. Journalists who have 

more freedom also do not look to government officials to provide official information. All of 

this, however, should be interpreted in light of the fact the final model was not a good fit and 

only the block representing the organization-level significantly increase model fit.  

Timely Information. The results for timely information are displayed in Table 6. For 

timely information, those who covered a beat were less likely to choose politicians as providing 

timely information when compared to those who did not cover a beat. There are two possible  
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Table 5: Results for Logistic Regression Models Predicting Authoritative and Official 
Information (n = 72) 

 
Experts Provide 

Authoritative Info 
Government Officials 
Provide Official Info 

 B SE B SE 
Experience -0.38 0.65 0.60 0.64 
Cover a Beat -1.66* 0.84 -0.96 0.77 
Male -0.28 0.90 -0.49 0.84 
Education -0.73 0.51 0.40 0.50 
Journalism Degree 0.34 1.33 1.53 1.10 
Getting Information Out Quickly 0.11 1.15 0.59 0.97 
Providing Analysis -2.56 1.15 -0.61 1.16 
Providing Relaxation & 
Entertainment -1.48 0.97 -0.99 0.84 

Attract a Wide Audience -1.77* 0.92 0.11 0.81 
Discuss Policy Issues 1.04 1.15 0.76 0.93 
Be Skeptical of Officials 1.85 1.06 -1.90 1.01 
Verify Information -1.68 0.93 -2.72** 0.99 
Set the Political Agenda -0.21 1.08 -0.44 0.98 
Let Voters Express Views -2.05 1.15 1.09 0.95 
Motivate People to Get Involved -1.02 0.91 0.37 0.86 
Provide Solutions 1.68 1.26 -0.28 1.09 
Corporate Owned 2.28* 1.05 1.20 0.86 
Number of Full Time Workers -0.25 0.48 0.41 0.50 
Free to Select Stories -0.52 1.27 -3.88* 1.63 
Free to Choose Story Emphasis -1.13 1.26 0.59 1.12 
Newspaper Doing a Good Job 0.24 0.31 -0.45 0.41 
Newspaper Leaning 0.43 0.27 0.53 0.29 
Covered Senate -1.17 0.91 -1.63 0.90 
Covered Governor 0.51 0.87 0.42 0.85 
Covered Congress 3.22* 1.34 0.91 0.87 

* p < .05, ** p < .01 

reasons why this might be the case. First, political beat reporters build up a list of sources to 

which they regularly turn for information. This could result in less of a reliance on politicians. 

Further, political beat reporters closely follow election and may at times produce content that 
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conflicts with the storyline politicians wish to produce. This may cause conflict, forcing such 

journalists to look elsewhere when they need a quick response.  

None of the variables related to journalistic role perceptions or organizational-level 

characteristics were significant, which could, once again, be due to the sample size (see footnote 

16). The only other variable that was significant was covering a senate race. Those covering the 

senate were less likely to choose politicians as providing timely information when compared to 

those who did not. As senate races are often high profile and receive national attention, senators 

and senatorial candidates may be less available to journalists than other candidates. It is 

important to note that only the race-level variable block significantly improved the model and 

none of the models fit the data well.  

Conflict-laden Information. The model predicting the likelihood of choosing politicians 

to provide conflict-laden information are also displayed in Table 6. This model saw at least one 

significant variable in every block, except that representing the individual level of the journalist. 

In terms of journalistic norms, those who perceived it as important to get info to the public 

quickly were more likely to choose politicians as providing conflict-laden information than those 

who do not see this as important. It makes intuitive sense that information on political conflict 

coming from politicians is also considering information that the public should receive quickly 

due to its news value. Those who perceived it as important to provide relaxing and enjoyable 

content were less likely to choose politicians as providing conflict-laden information than those 

who did not see this as important. Also, those who perceived it as important to motivate citizens 

to get involved were more likely to choose politicians for conflict-laden information. For those 

wanting to get information out quickly and get people involved in politics, politicians fit the bill 

when it comes to conflict. For those who see entertaining and relaxing information as important, 
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Table 6: Results for Logistic Regression Models Predicting Timely and Conflict-laden 
Information (n =72) 

 
Politicians Provide 

Timely Info 
Politicians Provide 
Conflict-laden Info 

 B SE B SE 
Experience 0.66 0.55 1.06 0.78 
Cover a Beat -1.49** 0.77 -0.44 1.32 
Male 0.81 0.77 -0.98 1.12 
Education -0.18 0.21 0.34 0.65 
Journalism Degree -1.13 1.05 1.84 1.78 
Getting Information Out Quickly 1.65 0.91 5.00** 1.90 
Providing Analysis 0.32 1.10 2.36 1.55 
Providing Relaxation & 
Entertainment -1.94 1.26 -2.86* 1.32 

Attract a Wide Audience -0,22 0.68 -1.38 1.03 
Discuss Policy Issues -0.83 0.84 -2.11 1.32 
Be Skeptical of Officials -0.82 0.84 0.05 1.07 
Verify Information -0.65 0.72 0.85 1.24 
Set the Political Agenda -0.13 0.77 -2.76 1.44 
Let Voters Express Views -0.57 0.77 -2.66 1.41 
Motivate People to Get Involved -0.81 0.75 2.95* 1.31 
Provide Solutions 1.75 0.99 1.24 1.40 
Corporate Owned 0.00 0.72 0.04 1.04 
Number of Full Time Workers -0.40 0.41 -0.84 0.62 
Free to Select Stories -0.49 1.04 -5.38 2.86 
Free to Choose Story Emphasis -1.25 0.93 3.53 1.96 
Newspaper Doing a Good Job 0.16 0.23 -0.30 0.38 
Newspaper Leaning -0.01 0.22 1.34* 0.63 
Covered Senate -1.69* 0.77 -3.20* 1.32 
Covered Governor -1.13 0.77 2.00 1.28 
Covered Congress -0.25 3.40 0.41 1.17 

* p < .05, ** p < .01 

the conflict provided by politicians is not of as much interest as that provided by other sources.  

At the organizational level, organizational leaning was a significant predictor, suggesting 

that those who place their organization on the right (i.e., conservative) side of the political 
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spectrum are more likely to choose politicians as providing conflict-laden information. In other 

words, the leaning of the newspaper may play a role in perceptions of the sources that provide 

conflict. Finally, those covering a senate race were less likely to choose politicians, suggesting 

that candidates and campaigns in this arena are less likely to be seen as producing the greatest 

amount of conflict during election time.  

In this case, both the block representing journalistic role perceptions and the block 

representing race-level characteristics resulted in a significantly better model fit. The likelihood 

Chi Square for the final model also suggest it fit significantly better than an empty model (39.67 

p < .05).  

Unique Information. On the model predicting the use of ordinary citizens to provide 

unique information, displayed in Table 7, only the individual-level variable of beat reporting and 

the norm-level variable of perceived importance of appealing to a wide audience were significant 

predictors. Beat reporters were significantly less likely to choose citizens to provide such 

information, in all likelihood because they have cultivated long-standing ties with more elite 

sources that fulfill this role. That said, those who saw it as important to attract a wide audience 

were more likely to choose citizens in comparison to those who saw this as less important. 

Therefore, they may see the use of citizens for unique information as an important factor in this 

goal. Only the block representing role perceptions significantly increased model fit. The 

likelihood Chi Square suggested the model did fit the data better than did an empty model 

(44.48, p < .05).  

Emotional Information. For the model predicting the use politicians for emotional 

content, also displayed in Table 7, beat reporters were more likely to see politicians as fulfilling 

this role. As they get to know politicians, perhaps beat reporters are better able to dig into the  
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Table 7: Results for Logistic Regression Models Predicting Unique and Emotional Information 
(n = 72) 

 
Citizens Provide 

Unique Info 
Politicians Provide 

Emotional Info 

 B SE B SE 
Experience -0.286 0.62 -0.93 0.75 
Cover a Beat -2.72* 1.14 2.23* 1.08 
Male -0.93 1.01 0.17 0.95 
Education -0.91 0.58 1.27 0.74 
Journalism Degree -2.13 1.35 -1.32 1.12 
Getting Information Out Quickly 0.52 1.19 -3.65* 1.50 
Providing Analysis -4.30* 2.21 3.71* 1.82 
Providing Relaxation & 
Entertainment 1.78 1.08 0.64 1.02 

Attract a Wide Audience 2.45* 1.06 0.25 1.02 
Discuss Policy Issues 1.00 1.22 -0.85 1.07 
Be Skeptical of Officials 2.29* 1.13 1.36 1.12 
Verify Information -1.70 1.06 1.16 1.13 
Set the Political Agenda 0.13 1.10 0.23 1.14 
Let Voters Express Views -1.76 1.24 -2.18 1.28 
Motivate People to Get Involved -0.75 093 0,09 0.87 
Provide Solutions 0.14 1.19 -2.46 1.48 
Corporate Owned -1.70 0.88 0.64 0.95 
Number of Full Time Workers 0.22 0.54 -1.55* 0.66 
Free to Select Stories 2.64 1.87 0.46 1.38 
Free to Choose Story Emphasis -0.02 1.28 -0.30 1.18 
Newspaper Doing a Good Job -0.52 0.35 -0.61 0.43 
Newspaper Leaning -0.77* 0.39 0.14 0.30 
Covered Senate -1.58 0.98 2.13* 1.10 
Covered Governor -0.39 0.95 0.20 1.10 
Covered Congress 1.20 0.98 -0.69 1.17 

* p < .05 

emotions of political candidates. In terms of journalistic norms, the perceived importance of 

getting information to the public quickly was a significant predictor. Those who saw this as very 

important were less likely to see politicians as providing emotional content. Perhaps other 
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sources fulfill emotional needs in a timelier manner. On the other hand, those who saw providing 

analysis as important were also more likely to choose politicians as fulfilling this need. This 

indicates that they see a link between analysis and politicians providing emotional content.  

The size of the news organization was a significant predictor, with those working at 

newspapers with a larger staff being less likely to see politicians as providing emotional 

information compared to those in smaller newsrooms.  Larger news organizations with larger 

staff sizes possible have greater resources/sources to seek out emotional information. Finally, 

covering a senate race was also a positive predictor, suggesting politicians especially fill this role 

in these races. Though none of the variable blocks significantly improved model fit, the 

likelihood Chi Square for the final model suggested the model did fit the data better than an 

empty model (39.36, p < .05).  

Overall, the result here suggest that news norms are the most important determinant of 

source use, and that journalists may struggle as they try to fulfill two disparate categories. 

Journalists must choose sources for the sake of trustworthy, accurate information, as well as to 

garner entertainment-laden content that attracts and motivates audience members. In other 

words, the selection of sources seems to be driven by two somewhat conflicting categories of 

role perceptions. 

 
 
 
 
 
 
 
 
 
 
 
 



NETWORKS OF NEWS PRODUCTION 

!

87 

Table 8: Fit Statistics for Logistic Regression Models 

 LL2 Pseudo R2  
Experts Provide Authoritative info 2241.20 0.04 
 1318.46* 0.27 

 1034.90 0.35 

 
738.32* 0.45 

Government Officials Provide Official Info 2207.21 0.04 

 1688.31 0.16 

 1188.96* 0.30 

 
1007.50 0.35 

Politicians Provide Articulate Information 2322.53 0.03 
 1804.89 0.15 
 1467.07 0.23 
 1344.08 0.27 

Government Officials Provide Accurate Info 1554.61 0.04 

 1363.72 0.09 

 1041.33 0.20 

 
692.89* 0.35 

Experts Provide Trustworthy info 1997.30 0.03 

 1254.04 0.18 

 613.43* 0.26 

 
556.08 0.30 

Politicians Provide Timely Info 2255.89 0.05 

 1910.09 0.12 

 1725.49 0.17 

 
1427.69* 0.24 

Politicians Provide Conflict-Laden Info 2058.27 0.07 
 1264.98* 0.27 

 878.81 0.39 

 
540.81* 0.52 

Politicians Provide Argumentative Info 1883.46 0.04 

 1563.01 0.12 

 1326.91* 0.19 

 
1288.61 0.20 

Experts Provide Context 1579.96 0.10 
 1295.41 0.19 
 1102.15 0.25 
 898.53 0.32 

Table 8: Fit Statistics for Logistic Regression Models (Cont.) 
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Experts Provide Interpretation 1497.20 0.04 
 766.23* 0.32 
 444.76 0.48 
 294.35 0.58 

Citizens Provide Unique Info 2314.86 0.03 
 1197.63* 0.30 
 875.95 0.40 
 751.62 0.45 

Politicians Provide Emotion-Laden Info 1796.03 0.10 
 1243.56 0.25 
 899.89 0.36 
 751.29 0.42 

Politicians Provide Dramatic Information 2142.73 0.05 
 1831.61 0.18 
 1567.36 0.18 
 1536.50 0.19 
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CHAPTER 9: RESULTS 3 

Real Life Networks and Network Evolution 

After analyzing the centrality of sources and the predictors of source use, the shape of 

actual networks within coverage was examined. This was done first by comparing journalists’ 

perceived networks to those employed in coverage. We then turn our attention to the overall 

networks use over time within newspapers.  

Real versus Perceived Networks  

Twenty journalists qualified for the comparison of perceived and actual networks, as they 

completely finished the survey and their content was analyzed in the content analysis. These 

journalists came from 16 newspapers across the country and 70% identified themselves as 

covering a specific beat. Forty percent came from a corporate-owned newspaper, 15% came 

from a newspaper that is owned by a larger company, and 45% came from a privately owned 

newspaper. Demographic makeup mirrored that of the survey as a whole. Twenty five percent 

were female. All graduated from college, 30% had some graduate work, and 5% (one person) 

had a master’s degree. Of these, 80% had an actual journalism degree. The majority (75%) had 

more than 10 years of journalism experience.  

The use of sources was quite varied, but reflective to a greater extent of the number of 

articles a journalist produced during the election than of the actual varied use of sources. To 

quantify source use in a way that allowed for comparison with perceived frequencies, the 

frequency of appearance across the various source classes (e.g. politicians, government officials, 

etc.) was counted. For each source category, two values were created for each journalist, one 

representing source counts and one representing source rank. The first represented the number of 

times a given type of source appeared within coverage by a given reporter. For example, if a 
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given journalist produced five articles and across those articles 4 experts were cited (either 

different experts within the same article or the same expert was cited in more than one article), 

that reporter was assigned a 4, which represented the frequency of connection between that 

journalist and the general category of expert. This was done for every type of source in the 

network. For the second value, these counts were translated to ranks based on the number of 

times a given source was cited. For example, if a given journalists cited politicians 12 times, 

government officials 0 times, interest groups 7 times, experts twice, and citizens 0, the 

corresponding rankings were: 4, 1, 2, 3, and 1. Correlations were then computed between rank 

vales for perceived and real networks.  

H10 assumed that politicians would be the most central actors in real and perceived 

networks. This hypothesis was supported. In perceived networks and real networks (both those 

based on counts and ranks), politicians came in first, followed by interest groups, government 

officials, experts, and citizens. Therefore, journalists’ real and perceived networks are quite 

similar in terms of the sources they are interacting with during the election season. Further, H11 

suggested that those networks representing the frequency of source use in perceived and actual 

networks would be correlated. To test this hypothesis, correlations were computed between real 

and perceived source ranks. Because the data are coming from both the survey and the content 

analysis are based on ranks and follows a non-normal distribution, Spearman’s rank correlations 

were used. Correlation for the use of candidates (rs = 0.86, p < .001), government officials (rs = 

0.91, p < .001), interest groups (rs = 0.90, p < .001), experts (rs = 0.83, p < .001) and citizens (rs 

= 1, p < .001) within real and perceived networks were highly correlated. Journalists generally 

have good recall of the frequency of contact they have with various source groups.  
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Exploring Network Change  

Next, we turn to network change over time. Though source networks are largely 

unexplored, there is at least research on individual source use that allowed for the proposing of 

hypotheses. The subject of source use over time, however, is largely unexplored even in relation 

to individual sources. Therefore, this analysis is exploratory and was performed inductively by 

examining correlations in source use over time and identifying general patterns across networks 

in the level of density over time.  

For each of the 23 newspapers that garnered enough coverage to be included in the 

current analysis a stratified sample of news coverage from Sept. 1, 2014, to Nov. 4, 2014 

(Election Day), was taken to facilitate network comparison over time (see Table 9). This is a 

common timeframe used in previous studies (Dunaway & Lawrence, 2014; Kahn & Kenney, 

2002). For most newspapers, a sample of five articles was content analyzed from each month of 

coverage. In some cases, only five articles were printed in Month 1; therefore, all five were 

content analyzed. For five newspapers, only four articles focused on the congressional election 

of interest during Month 1, and all four were content analyzed. A t-test comparing the mean 

number of sources that appeared within those networks based on four articles and those networks 

based on five articles revealed the means were not significantly different; therefore, those 

newspapers in which only four articles were printed in Month 1 were still included in the 

analysis. While those with four were considered for inclusion, in six cases three articles were 

published on the congressional election of interest during Month 1. These six newspapers were 

dropped from over-time analyses resulting in the inclusion of 23 newspapers. For those 

newspapers where four articles were coded in Month 1, six articles were coded in Month 2 for a 

total of 10. Once again, a t-test comparing the mean number of sources that appeared within  
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Table 9: Sample of Articles Used in Analysis of Network Change 

Newspaper 
Month 1 Total 

(Coded) 
Month 2 Total 

(Coded) 
Arizona Daily Star 4 (4) 10 (6) 
Arizona Republic 5 (5) 10 (5) 
Arkansas Democrat Gazette 4 (4) 6 (6) 
Augusta Chronicle 5 (5) 5 (5) 
Chicago Daily Herald 7 (5) 18 (5) 
Dallas Morning News 5 (5) 6 (5) 
Des Moines Register 9 (5) 10 (5) 
Duluth News Tribune 6 (5) 7 (5) 
Honolulu Star Advertiser 4 (4) 10 (6) 
Iowa Gazette 6 (5) 9 (5) 
Miami Herald 5 (5) 11 (5) 
New Hampshire Union Leader 6 (5) 9 (5) 
New York Daily News 4 (4) 8 (6) 
New York Post Standard 12 (5) 20 (5) 
Newsday 8 (5) 9 (5) 
Omaha World Herald 9 (5) 27 (5) 
Portland Press Herald 10 (5) 8 (5) 
Sacramento Bee 6 (5) 13 (5) 
San Diego Union Tribune 18 (5) 19 (5) 
Ventura County Star 6 (5) 11 (5) 
Washington Post 10 (5) 24 (5) 
Watertown Daily News 15 (5) 12(5) 
West Virginia Herald Dispatch 6 (5) 7 (5) 

 

those networks based on five articles and those networks based on six articles revealed the means 

were not significantly different.  

Descriptive analyses suggest that the use of sources followed similar patterns within the 

two months. Of the 1,025 sources that appearance across all networks during Month 1, 

politicians were the most prevalent sources (61%), followed by interest groups (20%), other 

media organizations (7%), government officials (5%), experts (4%), citizens (3%) and other 

sources (1%). Of the 1,211 source appearances across all networks during Month 2, politicians 

were once again the most prevalent (60%), followed by interest groups (17%), other media 
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organizations (8%), government officials (7%), citizens (5%), experts (2%) and other sources 

(1%). With the exception of citizens being more prevalent than experts in Month 2, the use of 

sources within the two months was remarkable similar.  

While the percent totals were similar, correlations across count totals were not 

significant. Therefore, the answer to RQ6, which asked whether networks across month were 

highly correlated, the answer is no. Only the correlation for politicians approached significance 

(p = .08). To further investigate these results, paired sample t-tests were used to examine whether 

the mean use for the various types of sources in Month 1 was significantly different than the 

mean use for sources in Month 2. Here, only the use of government officials was found to be 

significantly different (t  = -2.06, p < .05). It is quite possible that the sample size in this case 

was simply not large enough to detect effects if they were present.17 But several indicators 

suggest quite different source use across newspapers. First, variances for source totals between 

the two months were quite similar; however, for some source types, especially politicians and 

interest groups, they were also quite large.  

To shed light on RQ7, which asked how network density changed over time, I then 

performed follow-up analyses on networks density. Density was computed for each two-mode 

network in which sources were linked to the newspaper of interest, some of whom appeared 

several times over the course of each month. While density of a one-mode network of sources is 

the average number of ties between sources, for a valued two-mode network between source and 

newspaper it is the average number of ties between sources ad the newspaper in question.18 

!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!
17 Power analysis was conducted using G*Power to determine a sufficient sample size using 
alpha of 0.05, a power of 0.80, a standard mean difference of .5, and a two-tailed test. Based on 
these assumptions, the desired sample size was 34. 
18 When transformed from a one-mode to a two-mode network, a measure of density would then 
represent the number of possible ties across sources within news coverage. !
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Therefore, unlike the one-mode source network in which higher density would suggest greater 

connections across sources, in this case higher average ties suggests a greater number of sources 

that appeared regularly in coverage. Across the 23 newspapers within this sample, 52% saw their 

average tie value decrease and 43% saw their average tie value increase. One newspaper did not 

see a density change across months. For those newspapers that saw their density decrease, the 

average valued tie between source and newspaper was 1.64 in Month 1 (SD = 0.27) and 1.45 in 

Month 2 (SD = 0.19). For those that saw their density increase, the average valued tie was 1.33 

(SD = 0.13) in Month 1 and 1.47 in Month 2 (SD = 0.14). These differences do not seem large; 

however, paired-sample t-tests comparing the density of Month 1 to the density of Month 2 for 

those newspapers that saw network density decrease revealed a significant difference (t = 2.98, p 

< .05). Paired sample t-tests comparing the density of Month 1 to the density of Month 2 for 

those newspapers that saw network density increase also revealed a significant difference (t = -

2.77 p < .05).  

To examine this further, the use of source types across the two months was examined for 

each newspaper (see Table 10). For those networks that saw their average tie value decrease, the 

percentage of appearances by politicians, interest groups, and experts all decreased, while the 

percentage of appearances by government officials, other media organizations, and citizens 

increased. This suggests that for some newspapers, politicians, interests groups, and experts were 

used to a lesser extent with other sources being incorporated into coverage to a greater extent 

during Month 2.  

On the other hand, for those networks where the average tie value between sources and 

newspapers increased, the use of politicians, and government officials increased, while the 

percentage of experts, other media, and citizens either decreased or stayed the same. The only  
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Table 10: Source Use across Months Based on Density Change 

Newspaper Percent in Month 1 Percent in Month 2 
Density Decreased   
        Politicians 62% 59% 
        Government Officials 4% 6 % 
        Interest Groups 21% 17% 
        Experts 4% 2% 
        Media 6% 8% 
       Citizens 1% 5% 
Network Density Increased   
        Politicians 59% 61% 
        Government Officials 6% 7% 
        Interest Groups 17% 15% 
        Experts 3% 2% 
        Media 9% 8% 
        Citizens 5% 5% 

dominant source that saw their percentage of appearances fall was interest groups. This should 

all be interpreted in light of the fact that the percentage of source use between the two groups of 

newspapers was relatively similar in Month 2. While there is either a general trend toward the 

inclusion of more diverse sources in cases where average ties are lower or greater inclusion of 

politicians and interest groups in cases where average ties increased, in the end the use of sources 

was quite similar in month two. This would suggest that patterns of source use were quite 

uniformed across newspapers/races at least in final month of the election. Qualitative 

examination of coverage between these two groups in which I examined whether or not scandals 

or other race-specific events were possibly influencing the diversity of sourcing (Fogarty, 2013), 

revealed that event and scandal driven coverage occurred within both groups. This suggests the 

patterns of source use may be due to journalistic norms and routines to a greater extent than 

campaign events. In answer to RQ8, which asked whether changes in networks over time were 

related to election-related events or journalistic norms, the latter may be responsible for network 

change.  
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These analyses give us confidence in journalists’ recall of frequency of contact with 

source networks, in that perceived frequency mirrored the frequency of actors’ appearances 

within coverage, at least among the journalists in this study. This is a positive sign for the 

measurement of journalistic networks through survey. Beyond this, patterns established here 

suggest that network analysis can be used to generalize across elections and issues. Finally, 

results suggest that reporters may take different routes in covering elections, but tend to converge 

in their practices as time goes on. 
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CHAPTER 10: RESULTS 4 

Networks as a Predictor of Content 

The final step is this analysis is to determine the extent that networks contribute to 

content, specifically the amount of strategy-framed versus issue-framed coverage. The analyses 

presented in this chapter, therefore, test whether aspects of the source, the network, and the 

newspaper relate to the framing of news content. This was examined first using multiple 

regression analysis, with network-level measures as predictors of the amount of issue and 

strategy coverage in a given piece of news. Next multi-level modeling was used to determine (1) 

the extent of influence accounted for by the article level and the level of the individual source 

and (2) whether certain network-level and individual-level covariates were significant predictors 

of variability in issue and strategy coverage.  

Networks as a Predictor of Overall Frame Use 

The unit of analysis in preliminary regression analyses was the article (n = 179).19 For 

each article the total number of issue paragraphs was subtracted from the total number of 

strategy paragraphs; therefore, negative scores indicate a greater amount of issue-framed 

coverage, while positive scores indicate a greater amount of strategy-framed coverage. The 

distribution of this outcome variable is displayed in Figure 3. The mean of the outcome variable 

was 2.68, while the median was 3, suggesting that more articles overall were strategy framed 

than issue framed. Preliminary results do suggest that the strategy frame increased over time. The 

mean for the frame outcome variable was 2.21 in Month 1 and 3.09 in Month 2.  

Independent variables in these analyses included the circulation size, ownership type, and 

days until the election as studies suggest that such variables may affect news content (Dunaway 

!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!
19 Of the 290 articles coded, 111 were not included in the current analysis because they contained 
only strategy or only issue coverage.  
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Figure 3: Histogram of Variable Representing Framing versus Issue Paragraphs 

 

Note: Positive numbers represents greater amounts of strategy-framed coverage, while negative 
numbers indicate greater amounts of issue-framed coverage.  

 & Lawrence, 2014; Hamilton, 2004; Shoemaker & Reese, 1996). Circulation size of the 

newspaper was measured on a 0 to 5 scale in the following increments: less than 100,000 (0), 

100-000-199,999 (1), 200,000-299,999 (2), 300,000-399,999 (3), 400,000-499,999 (4), 500,000 

or more (5).20 Ownership type was also included with privately owned single holding ownership 

(0) compared to small local chains (1), large geographically diffuse chains (2), and publically 

traded corporations (3).21 Type of race was a dichotomous variable indicating whether a race was 

!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!
20 Circulation numbers were gathered from the Audit Bureau of Circulation’s 2012 database. In 
the event that the circulation of a particular newspaper was not listed, that newspaper was 
contacted directly.  
21 Ownership was determined by visiting the website of each individual newspaper. If not readily 
apparent, follow–up searches were used to determine the holdings of each company. In the event 
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Table 11: Results of Regression Predicting Amount of Strategy/Issue Coverage (n = 179) 
 Model 1 (Controls) 

Coef. (SE) 
Model 2 (Final Model) 

Coef. (SE) 
Intercept -1.42 (2.48) 1.87 (2.73) 
Days until Election -0.08 (.04) -0.06 (.04) 
Incumbency 1.62 (1.71) 2.07  (1.64) 
Circulation 0.47 (.52) 0.58 (.50) 
Ownership 2.21 (.77)** 1.99 (.75)* 
Centralization  -0.12 (2.65) 
Density  -4.21 (1.01)** 
Adjusted R-squared0 .07 0.14 
* p < .05, ** p < .01 

open (0) or incumbent/challenger (1). Beyond these more traditional independent variables, the 

ultimate focus here is whether aspects of the network predicted frame outcomes. Network 

measures used in the current analysis were network density (a normalized cohesion score in 

which the total ties are divided by the maximum possible) and the network degree centralization 

(a calculation of how dispersed the centralities of the actors are).22  

Results of regression analyses are displayed in Table 11 and already suggest that the 

network plays a significant role in the determinant of frames. H12 predicted a positive 

relationship between network centralization and the amount of game and strategy framing. This 

hypothesis was not supported. Network density, on the other hand, was a significant negative 

predictor of the amount of strategy framing, supporting H13. The negative relationship between 

density and the amount of strategy framing is exhibited in Figure 4 and demonstrates that as  

!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!
that holding could not be determined through the above searches, the newspaper was contacted 
directly.  
22 I had initially planned to ask whether those articles in which certain sources were central had 
higher/lower levels of strategy/issue frames. Although dummy variables were created to 
represent the most central actor in the network (politician, expert, or other), 168 of the 174 
networks included in the analysis featured the politician as central actor, preventing me from 
testing these hypotheses. The influence of various types of actors was, therefore, investigated in 
the context of a multi-level model through the assignment of covariates (see subsequent 
analysis).  
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Figure 4: Scatterplot of Density and Amount of Strategy/Issue Framed Coverage 

 

Note: Positive numbers represents greater amounts of strategy-framed coverage, while negative 
numbers indicate greater amounts of issue-framed coverage. 
 
network density increases and there are greater connections among actors in a news story, the 

amount of strategy coverage decreases. As displayed in Table 11, for every one-unit increase in 

density, the amount of strategy framing decreases by 4.21 paragraphs. Similarly, as the density of 

a networks decreases and there are less connections among actors, the amount of strategy 

coverage increases.  

H14 predicted a negative relationship between the amount of strategy framing and 

number of days until the election; however, the variable representing the days until the election 

was not a significant predictor of strategy coverage. Circulation was not a significant predictor, 

but newspaper ownership was a significant positive predictor, in line with recent research by 
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Dunaway and Lawrence (2014). Follow-up comparisons in which privately owned single holding 

companies (i.e. a newspaper owned by a private citizen/family where this citizen/family does not 

own any other publications) were compared to all other categories revealed that only publically 

traded corporations differed from privately owned single holding companies (β = 6.12, SE = 

2.49, p < .05). 

Multi-Level Analyses 

The final goal of this study was to determine the extent to which the organization of 

sources within a given article (the network) versus the individual sources themselves account for 

the variability of strategy and issue coverage. To accomplish this, the data were compiled into 

long form, with sources (n = 1,899) nested within articles (n = 179) nested within newspapers 

(n= 29).23 Because I am interested in the production of both strategy and issue frames, two multi-

level models (MLMs) were performed, each predicting a dichotomous framing outcome. During 

the coding process, each source was assigned a categorical outcome indicating whether the 

source contributed mainly strategy coverage (2) issue coverage (1) or neither (0). For the 

purposes of the current analysis, this triadic variable was then transformed into two dichotomous 

outcome variables. The first variable, strategy, indicated whether a source contributed mainly 

strategy-framed coverage (1=yes, 0 = no). The second variable, issue, indicated whether a source 

contributed mainly issue-framed coverage (1=yes, 0 = no).  

Each analysis began with an unconditional model and a random effect for the level-3 

(newspaper) and level-2 (article) intercept to determine the variation that exists at the level of the 

network (Ene, Leighton, Blue, & Bell, 2014; Singer & Willet, 2003). The unconditional model 

!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!
23 It is possible for sources (e.g. Barack Obama) to be cited across newspapers. Therefore, the 
data are potentially crossed rather than nested. Something like this requires cross-classified 
analysis , which is beyond the scope of this dissertation.  
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contains no predictors and is used to determine the level of variance accounted for at the 

different levels of analysis through calculation of the intraclass correlation coefficient (ICC). 

Next, model complexity was gradually increased first by introducing level-1 (source) covariates, 

second by introducing level-2 (article) covariates that included network measures, and third by 

introducing level-3 (newspaper) covariates.  

Individual-level covariates included six dichotomous, dummy coded variables 

representing the various source categories (politicians, appointed government officials, experts, 

interest groups, other journalists/media outlets, and ordinary citizens), two dichotomous dummy 

coded variables representing source political affiliation (Republican, Democrat)24, and the 

individual-level network measure of source degree centrality, a measure of the number of ties an 

actor has to others actors in a network. Article-level covariates included centralization and 

density. Newspaper-level covariates include circulation size, ownership type, a dichotomous 

dummy coded variable indicating the type of race (incumbent vs. open), and an indicator of the 

number of days until the election. Circulation size of the newspaper was measured on a 0 to 5 

scale in the following increments: less than 100,000 (0), 100-000-199,999 (1), 200,000-299,999 

(2), 300,000-399,999 (3), 400,000-499,999 (4), 500,000 or more (5).25 Ownership type was also 

included with privately owned single holding ownership (0) compared to small local chains (1), 

large geographically diffuse chains (2), and publically traded corporations (3).26 Along with the 

reported significance level for these variables, these nested models were compared using -2 log 

!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!
24 Source political affiliation was only coded if it was blatantly apparent to the reader.  
25 Circulation numbers were gathered from the Audit Bureau of Circulation’s 2012 database. In 
the event that the circulation of a particular newspaper was not listed, that newspaper was 
contacted directly.  
26 Ownership was determined by visiting the website of each individual newspaper. If not readily 
apparent, follow–up searches were used to determine the holdings of each company. In the event 
that holdings could not be determined through the above method, the newspaper was contacted 
directly.  
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likelihood scores. All models were estimated in SAS using PROC GLIMMIX and Laplace 

estimation.   

Model 1: Modeling the Likelihood of Strategy Framed Coverage. I began with the 

MLM for the dependent variable of strategy framing. The covariance parameter representing the 

random intercept at the level-3 was not significant (0.06, p = 0.29). This indicates that the 

probability of producing strategy coverage does not vary significantly across newspapers. Being 

that this is the case, I proceeded with a two-level model and included those covariates related to 

the newspaper at level 2.27  Within the two-level model, the covariance parameter representing 

the random intercept at level-2 was significant (β = 1.47, Z = 5.69, p < .001, df = 178). This 

indicates that the probability of producing strategy coverage does vary across groups. Using 3.29 

as the level-1 error variance (Ene, Leighton, Blue, & Bell, 2014)28 and the estimate for the 

random effects intercept an interclass correlation (ICC) was computed. Results of the ICC 

indicate that approximately 31% of the variability in strategy-framed coverage is accounted for 

at the article level, leaving 69% accounted for by the source and other unknown factors. The 

fixed-effect estimate for the intercept (β = 0.11, t = 1.05, p = 0.33) was not significant. When the 

estimate is transformed into predicted probabilities, this indicates that the probability of being 

linked to strategy coverage was 0.53, while the probability of not being linked to strategy 

!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!
27 It is possible to proceed with a 3-level model even when the level does not account for a 
significant portion of variance. However, results of the three-level model predicting issue 
coverage (see next section) produced negative variance estimates possibly due to model 
misspecification. By eliminating the third level, possible negative random variance estimates 
were eliminated from all models and the models predicting strategy and issue were rendered 
comparable.  
28 According to Ene, Leighton, Blue, and Bell (2014) “in HGLMs, there is assumed to be no 
error variance at level-1, therefore, a slight modification is needed to calculate the ICC. This 
modification assumes the dichotomous outcome come from an unknown latent continuous 
variable with a level-1 residual that follows a logistic distribution with a mean of 0 and a 
variance of 3.29 (Snijders & Bosker, 1999, as cited in O’Connell et al. 2008).” 
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coverage was 0.47. To put it plainly, across sources there was approximately a 50/50 chance of 

producing strategy coverage. Therefore, although the average effect across sources was not 

significantly different from 0, the probability of producing strategy coverage still randomly 

varies across articles, supporting my hypothesis that a significant portion of the variance would 

be accounted for at the article level (H15a). 

Next, individual-level covariates were added to the model. The solution for these fixed 

effects are displayed in Table 12. Politicians were not more likely to produce strategy coverage. 

H16a was not supported.  Being an expert was a significant positive predictor, supporting H17a. 

Sources that were classified as experts were almost 17 times more likely to be linked to strategy 

coverage compared to non-experts. RQ9 asked whether any of the other source types were linked 

in any way to strategy coverage. In this model, being classified as a government official, member 

of an interest group, a member of the media, or an ordinary citizen was not a significant predictor 

of strategy coverage. Therefore, at least for strategy coverage, the answer to RQ9 is no. RQ10a 

asked if political affiliation was linked to the production of strategy coverage. Both being 

classified as a Republican and being classified as a Democrat was a significant positive predictor 

of producing strategy coverage. Republicans were 1.7 times more likely to be linked to strategy 

than those not classified as Republicans, and Democrats were 1.8 times more likely to be linked 

to strategy coverage than those not classified as Democrats. In other words, Democrats and 

Republicans were significantly likely to produce strategy coverage. RQ11a asked if actor degree 

centrality was related to the production of the strategy frame. There was no relationship between 

actor degree centrality and the likelihood of producing strategy coverage. RQ12a asked whether 

being quoted versus mentioned was a significant predictor of producing strategy coverage; 

however, this variable was not a significant predictor of producing strategy-framed coverage. 
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Table 12: Estimates from a Two-Level Generalized Model Predicting the Probability of Producing Strategy Coverage 
 Model 1 Model 2 Model 3 
Fixed Effects    
Intercept 0.11 (0.11) -0.52 (0.55) -0.41 (0.67) 
Politician  0.04 (0.58) 0.18 (0.59) 
Government Official  -1.09 (0.60) -0.99 (0.60) 
Interest Group  0.67 (0.56) 0.78 (0.56) 
Expert  2.83*** (0.70) 2.92*** (0.70) 
Media  0.75 (0.58) 0.83 (0.58) 
Citizen  -0.41 (0.61) -0.40 (0.62) 
Republican  0.50* (.023) 0.49* (0.23) 
Democrat  0.59* (0.24) 0.55* (0.24) 
Quoted  -0.03 (0.10) -0.01 (0.09) 
Actor Degree  0.03 (0.03) 0.02 (0.03) 
Centralization   -0.32 (0.40) 
Density   -0.49** (0.16) 
Circulation   0.03 (0.06) 
Ownership   0.28** (0.09) 
Incumbency   -0.06 (0.23) 
Days until Election   -0.01 (0.01) 
    
Error Variance    
Level-2 Intercept 1.47*** (0.26) 1.46 (0.27)*** 1.31 (0.24)*** 
    
Model Fit    
-2LL 2029.37 1932.79* 1923.44* 
* p < .05, *p < .01, *** p < .001 
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Finally, those variables related to the article/newspaper were entered in the model. 

Results continue to support H17a. Experts were approximately 18 times more likely to produce 

strategy coverage than were non-experts. Being a Republican was still as significant predictor of 

producing strategy-framed coverage (1.6 times more likely than non-Democrats), as was being a 

Democrat (1.8 times more likely than non-Democrats).  H18a predicted that network 

centralization would be positive a predictor of producing strategy coverage. There was not a 

significant relationship between centralization and the likelihood of producing the strategy 

frame. Results do suggest that density was negatively associated with strategy coverage, 

supporting H19a. For every one-unit decrease in network density actors were 0.49 times more 

likely to produce strategy coverage. Circulation was not a significant predictor of strategy 

coverage; however, newspaper ownership was a significant negative predictor. Follow-up 

comparisons indicate that only corporate-owned newspaper were significantly more likely to 

produce strategy coverage (approximately 4 times more likely) compared to single-holding 

newspapers. Neither the variables for incumbency nor the number of days until the election were 

significant predictors of producing strategy-framed coverage. Likelihood ratio tests performed 

using the -22LL for each model suggest that model 3 (the full model) fit the data best.  

Model 2: Modeling the Likelihood of Issue-Framed Coverage. Next, a multi-level 

model was performed with a dichotomous measure for issue-framed coverage as the dependent 

variable. In other words, I am predicting the likelihood that a source will produce issue-framed 

coverage.  Once again we move forward with only a two-level model. Within the two-level 

model, the covariance parameter representing the random intercept at level-2 was significant (β = 

1.84, Z = 5.48, p < .0001). This indicates that the probability of producing strategy coverage does 

vary across articles. Using 3.29 as the level-1 error variance (Ene, Leighton, Blue, & Bell, 
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2014)29 and the estimate for the random effects intercept, an interclass correlation (ICC) was 

computed. The ICC indicated that 36% of the variability in issue-framed coverage is accounted 

for at the article level, and 64% of the variance is accounted for by the source and other unknown 

factors. Therefore, H15b is supported. Unlike the previous model, the fixed effect intercept for 

this model was significantly different from zero (β = -0.88, t = -7.23, p < .001, df = 178). When 

transformed into predicted probabilities, this indicates that the probability of being linked to 

issue coverage is .30 and the probability of not being linked to issue coverage is 0.70.  

Next, individual-level covariates were added to the model. The solution for these fixed 

effects are displayed in Table 13. When the outcome was the probability of producing issue 

coverage, being a politician was not a significant predictor; therefore H16b was not supported. 

RQ10 asked whether any of the other source types were linked in any way to issue coverage. 

Here, being classified as a government official was a significant positive predictor. Government 

officials were almost 5 times more likely to produce issue coverage than were non-government 

officials. Being an expert was also a negative predictor of issue coverage, supporting H17b. 

Those classified as experts were approximately 0.82 times less likely to produce issue coverage 

than were non-experts. In both models, interest groups, members of the media, and citizens did 

not contribute to either type of frame. RQ10b asked whether political affiliation was linked in 

any way to the production of issue-framed coverage. In this case, being a Republican was a 

negative predictor of producing an issue frame. Republicans were 0.47 times less likely to 

produce issue-framed coverage than non-Republicans. There was no relationship between actor 

!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!
29 According to Ene, Leighton, Blue, and Bell (2014) “in HGLMs, there is assumed to be no 
error variance at level-1, therefore, a slight modification is needed to calculate the ICC. This 
modification assumes the dichotomous outcome come from an unknown latent continuous 
variable with a level-1 residual that follows a logistic distribution with a mean of 0 and a 
variance of 3.29 (Snijders & Bosker, 1999, as cited in O’Connell et al. 2008).” 
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degree centrality and the likelihood of producing issue coverage (RQ11b), nor was there a 

relationship between being quoted versus simply mentioned (RQ12b).  

Finally, those variables related to the article/newspaper were entered into the model. 

Results continue to support H17b (experts remained less likely to produce issue coverage). 

Further, government officials remained more likely (RQ10). Centralization, or the variability of 

actor degree centrality across the network was not a significant negative predictor of issue 

coverage; therefore, H18b is not supported.  This time density was a significant positive 

predictor of producing issue coverage, supporting H19b. For every one-unit increase in density, 

the network was 1.96 times more likely to produce issue coverage. Indicators of ownership, 

circulation, and days until the election failed to reach significance.  

The findings here are important in that previous analyses of isolated sources are not 

capturing the complete picture of source use. Findings on density suggest that we need to take 

into account how sources are linked to one another in an effort to create a cohesive narrative. 

Considering the variance accounted for at the level of the source and the article, framing must be 

studied as the outcome of multiple connected actors. This was the final analysis and the 

implications of the current analyses are now discussed in-depth.   
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Table 13: Estimates from a Two-Level Generalized Model Predicting the Probability of Producing Issue Coverage 
 Model 1 Model 2 Model 3 
Fixed Effects    
Intercept -0.88** (0.12) -1.34* (0.60) -1.88* (0.73) 
Politician  1.10 (0.64) 0.96 (0.64) 
Government Official  1.59* (0.62) 1.50* (0.63) 
Interest Group  0.43 (0.61) 0.31 (0.62) 
Expert  -1.70* (0.79) -1.81* (0.80) 
Media  -0.70 (0.64) -0.76 (0.65) 
Citizen  0.74 (0.66) -0.72 (0.66) 
Republican  -0.57* (0.56) -0.52* (0.25) 
Democrat  -0.46 (0.25) -0.43 (0.25) 
Quoted  0.16 (0.10) 0.14 (0.10) 
Actor degree  -0.03 (0.03) -0.02 (0.03) 
Centralization   0.43 (0.43) 
Density   0.67** (0.18) 
Circulation   -0.06 (0.07) 
Ownership   -0.19 (0.10) 
Incumbency   -0.01 (0.26) 
Days until Election   -0.01 (0.01) 
    
Error Variance    
Level-2 Intercept 1.84** (0.34) 1.97** (0.36) 1.72 (0.32)** 
    
Model Fit    
-2LL 1775.77 1689.02* 1679.90* 
* p < .05, ** p < .001 
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CHAPTER 11: DISCUSSION 
 

This project began with the assumption that we cannot fully understand source use until 

we move beyond isolated actors and focus on entire networks of sources. Based on the findings, 

analyzing networks of actors and taking into account the interrelated nature of source use can tell 

us a great deal about the news production process. More than 30 years after Rogers and Kincaid 

(1981), this research reveals that interdependence is an important aspect of communication 

between sources and journalists and among sources and a major determinant of news outcomes. 

Taking into account networks in news construction, my research builds on previous findings on 

the sociology of newswork, agenda building, and framing. More specifically, it helps us to better 

understand journalist-source interactions during elections, provides insight into patterns of 

source use over time, and suggests the possible contribution of source networks to substance in 

coverage.  

Across fields, the investigation of sources in news coverage of politics is not absent from 

the literature, but there has been little research on networks of connected actors. Here, 

connections among sources accounted for variance above and beyond individual source 

characteristics in the prediction of frames, suggesting that such measures will help us better 

capture framing in its entirety. When it comes to sourcing, some actors are vying for media 

attention, and some are called upon to contribute complementary and/or conflicting perspectives.  

Analyzing the way journalists’ create and conceptualize networks and link sources together 

based on their contributions (both outside of and within coverage) is an important step in 

understanding the role sources play in the portrayal of politics. My finding on the relationship 

between networks and the amount of substance in coverage is perhaps most important, as it has 

implications for information acquisition by voters, as well as normative implication for news 



NETWORKS OF NEWS PRODUCTION 

!

111 

construction by journalists. Suffice to say, the implications are far reaching in that networks in 

news coverage may have repercussions for the functioning of a healthy democracy.  

Perceptions of Networks to Journalists   

The first aspect of this project examined the needs journalists perceive various sources 

fulfilling in comparison to other network actors during the 2014 midterm election. Results 

suggest the prominence of sources within a given source network depends to a varying degree on 

their ability to provide certain information/resources characteristics. This is of no surprise as it 

was suggested in previous research; however, this study examined resource contributions 

quantitatively using a network-level perspective. Such research allowed for a more in-depth 

understanding of the dynamics of sourcing in news production, including whether or not 

journalists see sources within certain networks as interchangeable.  

The findings on networks to journalists have several implications. First, we may come to 

some conclusion on the prevalence of experts in political coverage. Supporting the assumptions 

of Manning (2001), the prevalence of experts is due to their ability to supply authoritative, 

trustworthy, and in-depth information. Government officials and politicians hand down official 

information, but experts top the list when it comes to information that can be held in high esteem 

by journalists. Some have suggested that journalists’ rely on government officials for 

authoritative information (Bennett, 1996; Gans, 1978), but according to the findings here this not 

necessarily the case. It is possible, however, that (1) these findings are elections-specific, and (2) 

reliance on politicians and government officials for authoritative information has decreased in 

recent years. Just as perceptions of government and politicians have declined among the public, 

they may have declined among journalists, resulting in greater use of experts in coverage. 
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Experts also topped the list when it came to interpretation of issues. Providing 

background and analysis fell to the experts and interest groups in this study, most likely because 

they are well versed on the issues at hand. While interest groups understand the context and 

background of issues, experts are also seen as trustworthy, perhaps because they are expected to 

follow scientific rigor and adhere to a level of neutrality (Boyce, 2007). This sample of 

journalists seemed to view the contributions of experts as fairly positive. This being the case, 

their prevalence in election coverage will most likely continue in coming elections.  Of 

importance, however, the centralization scores and strength of ties in the trustworthy and 

accurate networks suggest we should not conclude that journalists necessarily see sources other 

than experts as untrustworthy or inaccurate.  

Regardless of their lower centrality on accuracy and trustworthiness, politicians have 

their place. Not only do they provide a long list of important resources, journalists protest to 

interacting with them more frequently, supporting past research (Graber & Dunaway, 2015). 

They dominate source networks when it comes to articulate, timely, conflict-laden, dramatic, and 

emotional information. Experts are articulate as well, but they are apparently not as eager as 

politicians. Along with being timely, politicians provide the information often seen as 

newsworthy in today’s journalism world – conflict and drama (Cappella & Jamieson, 1996). 

These resources are highly related and especially contribute to the perceived newsworthy nature 

of a piece. Whether such contributions are positive is an open question. Bennett (2009) would no 

doubt suggest such information falls in within dangerous categories of bias. Zaller (2003), on the 

other hand, may see such contributions as positive should they attract the attention of readers.  

The separation of resource networks in exploratory factor analysis is quite telling, as it 

seems to represent a line between those information characteristics that represent traditional 
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news norms and values and those that are often seen as the more sensational aspects of news. 

Based on correlations across networks, journalists look to different actors to contribute 

information falling in these two categories – one representing accuracy and depth, and one 

representing entertainment.  

One cannot conclude this discussion without recognizing that citizens, according to the 

journalists included in this survey, provide limited resources. As one journalist put it in the open-

ended comments following the survey: “[I] found it sad how low I ranked citizen/voters. But 

they often are the least informed and biased.” Though they provide unique information that 

might compliment input from others, and rank high on dramatic information, their network role 

is minimal in most instances. It is overwhelmingly apparent that politicians reign supreme 

(Schudson, 1991), and ordinary citizens are of little use for reporters covering state and local 

elections unless they bring something extraordinary to the table (Graber & Dunaway, 2015). 

Gans’ (2001) call for a more multiperspectival approach to news seems a far off dream, at least 

in relation to election coverage.  

While this study provides some preliminary insight into the use of networks of sources, it 

has its limitations. First, of course, is the sample size. This small sample of journalist may have 

failed to tap the true views of those covering the midterm elections. Even if it taps the 

perceptions of those covering the 2014 midterms, it cannot be generalized beyond the current 

election. In my contact with journalists in follow-up phone calls several refused to take the 

survey because (1) they said they did not have time, or (2) they are averse to taking surveys, even 

anonymously. The anti-survey culture among journalists is difficult to understand, especially 

considering their adherence to freedom of information and their own expectations concerning 
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source compliance. Future research may want to systematically examine journalistic perceptions 

of survey and how this relates to perceptions of organizational rules and journalistic norms.  

Beyond this, the current study gets at just that: perceptions. In future research, mixed 

method approaches, especially those employing qualitative and quantitative techniques, will 

prove important in helping us fully understand how network interdependence and reciprocal 

exchange contribute to news (Brüggemann, 2014; de Vreese, 2012; Strömbäck & Nord, 2006). 

For example, Gibson’s (2005) measures of talking ties would be quite applicable to such 

interactional data in which we can truly examine the give and take among journalists and sources 

as they navigate their way through conversation.  

Also, this study focused on journalists’ networks, but there are many other networks 

involved in the news production process. The study of networks in news production must move 

beyond journalists to focus on all individuals involved. The networks of sources and voters are 

no doubt consequential in determining the information sources pass on to the media and the ways 

in which individual citizens interpret the news. Still, it represents an important move in the right 

direction in terms of quantitatively examining how journalists see various sources as contributing 

to the news production process.   

Determinants of Networks to Journalists 

After determining who journalists turn to for information, the second analysis in this 

project attempted to answer the following: What are the decision-making rules journalists use 

when they choose sources, and how might they apply them in their everyday election coverage? 

Logistic regression results suggests that, when it comes to predicting source use, (1) the level of 

news norms is more important that other levels within the hierarchy of news influence, and (2) in 

terms of these news norms, two somewhat contradictory categories of norms seem to be fulfilled 
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in tandem. Journalists often choose sources for the sake of both trustworthy and accurate 

information and to garner entertainment-laden content that attracts and motivates audience 

members.  

First, the block of variables representing individual-level characteristics rarely accounted 

for a great deal of variance in sourcing.  Variables such as sex, experience, and education were 

never significant predictors. On the other hand, beat reporting was consistently significant, 

suggesting that beat reporters, at least in the realm of politics, tend to approach sourcing 

differently than non-beat reporters. In other words, the networks they cultivate are unique due to 

their being entrenched in politics and elections. This supports findings that journalistic 

perceptions and their implementation of those perceptions vary by specialization (Albaek, 

2011b). For example, beat reporting was a negative predictor of using experts for authoritative 

information in coverage of the 2014 midterms. Previous findings by Freedman and Fico (2004) 

suggest that reporters in the capitol are less likely to use experts than reporters outside of the 

capitol.  

Overall the effects of individual-level characteristics were quite minimal, and those 

aspects having to do with journalistic norms were the most impactful. That individual 

characteristics minimally influence the news journalists’ produce, at least during the 2014 

midterm election, may be important. Had the individual-level accounted for a great deal of 

variance it would suggests that personal characteristics may result in biased newswork. Across 

models, the variable block representing role perceptions commonly accounted for more variance 

and resulted in a significant improvement in model fit. This suggests that, when it comes to 

choosing sources for various types of information, role perceptions tend to drive journalistic 

decision-making.  
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That said, the selection of sources seems to be driven by two somewhat conflicting 

categories of role perceptions. The selection of experts, politicians, and citizens is often driven 

by the need to attract audiences and get information out quickly.  As suggested by previous 

researchers, journalists often attend to their role perceptions in a more or less contradictory 

fashion (Weaver & Wilhoit, 1996; Weaver et al., 2007). Findings show that the selection of 

sources for economic reasons (quick turnaround and garnering large audiences) is often 

combined with the more traditional motivations of journalistic investigation and objectivity 

(verification and accountability). Chapters seven and eight do share interesting similarities in 

terms of their findings.  

Still the use of sources in this way cannot be interpreted as a move away from responsible 

reporting by journalists. For example, that selecting citizens for unique information aligns with 

both attracting audience and being skeptical of officials may be interpreted as a revision of 

norms, rather than a move away from traditional norms. Nor should the finding that the selection 

of politicians for emotional information aligns with both analysis and the need to get information 

out quickly. For example, through in-depth interviews Pantti (2010) found the incorporation of 

emotion is often seen “as an adaptation to late modern social and cultural contexts. Although 

[journalists] saw that emotions have become more acceptable elements of news, this 

development has not changed the traditional values or roles of journalism … emotion did not 

present a challenge to the rationales of factuality and objectivity” (p. 179). This was based on a 

sample of television journalists, but no doubt newspaper journalists face the same challenges. In 

light of this, the findings suggest that journalists see both the more traditional- and the more 

entertainment-oriented aspects of coverage as complementary. The same can be said of the 
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finding that selecting politicians for conflict helps them not only get information out quickly, but 

also to motivate citizens.  

Organizational attributes also accounted for a significant amount of variation in sourcing 

across models. This includes ownership, journalistic freedoms, and newspaper leaning. Yet, 

these came second to journalistic norms, suggesting that journalistic role perceptions are 

universal features shared by journalists across newsroom environments (as should be the case). 

Nor did the political context play a large role in source selection. Based on these results, only 

senate races were significant predictors and may present journalists with a different animal in 

comparison to congressional and gubernatorial races, a finding that should be further 

investigated. 

The findings cannot rule out that, at least in some instances, the journalistic roles 

perceptions driving source use may have to do with “pressures to construct more dramatic stories 

that supposedly appeal to audiences who value being entertained over becoming informed” 

(Skovsgaard et al., 2013, p. 377). The sample was simply too small to detect effects if they 

occurred in the population and sparse data prevent us from truly interpreting the impact of the 

various levels of influence. Further research is needed on the relationship between source use 

and the hierarchy of journalistic influences before we can come to generalizable conclusions.  

As suggested by Donsbach (2004), “journalists’ news decisions are a highly complex 

phenomenon and a challenge to communication research” (p. 131). An empirical theory that 

accounts for this complexity is still out of reach. However, the findings do provide insight into 

some of the motivations behind source use – the need to fulfill traditional norms and those of an 

entertainment driven culture. Further research is needed to discover how news norms and role 

perceptions play out in the actual news production process, especially “the possibility that the 
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professional norms of the business are after-the-fact legitimizing myths that justify but may not 

direct the enterprise itself” (Cook, 1996, p. 471).  

Source Frequencies in Real Life, across Time 

The third aspect of this project investigated the extent to which journalists’ perceived 

networks mirrored their actual networks, as well as the construction of networks over time. The 

former is important in that recall of communication networks has proven faulty in sociological 

research (Killworth & Bernard, 1976). If we want to continue using survey to study networks in 

news sourcing, we need to establish whether reports of source use are reliable. In contrast, 

exploratory over time analyses, approached through an agenda-building lens, were meant to 

establish whether patterns of sourcing can be expected. Based on these analyses, both can be 

answered in the affirmative.  

First, perceived frequency of contact with members of journalists’ source networks 

mirrored the frequency of actors’ appearances within coverage, at least among the journalists in 

this study. In the election context, however, this may be more straightforward. This may not be 

the case when it comes to government policy, crisis events, etc. Replication across topics is 

needed to ensure we can rely on journalists’ network perceptions.  

Journalists recognize the frequency with which they interact with actors, but this varies 

over time. An exploratory study of network development in congressional elections revealed two 

distinct patterns of coverage and suggested network-level measures constitute a new indicator of 

the agenda-building process. First, journalists tended to either increase network ties or decrease 

network ties over the course of time. The reasons behind this pattern seem to fall on the side of 

journalistic norms and routines as they were evenly split among newspapers. A qualitative look 

at coverage revealed no event-driven reason why such patterns might exist; therefore, the 
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narrowing or broadening of source use may be norm-dependent. A larger sample size and the 

incorporation of various predictor variables could further reveal the norms driving such patterns.  

The current work does suggest that network-level measures could help researchers make 

theoretical progress on agenda building over time, which is often missing from such research 

(Baumgartner & Jones, 1993). In other words, such methods could allow researchers to 

generalize across elections and issues. In this study, two patterns have been discovered, and there 

may be more. In the end, however, both type of network progression ended up in a similar place 

in that Month 2 networks were similar regardless of the direction of progression.  

The similarity across networks in Month 2 is telling. As Cook suggests (2005), reporting 

in the U.S. is highly institutionalized and uniform. Patterson (1992) found that, regardless of 

journalistic freedoms, news judgments by U.S. reporters are more similar in comparison to other 

countries. Results suggest that, even if reporters diverge in source use initially, coverage 

converges during the final month of the election and is highly similar across newspapers large 

and small. Though the same actors are not being used across news outlets, Tuchman’s (1978) 

thesis of similar patterns of sourcing is similarly upheld, at least in relation to source categories. 

Still, source use is definitely not static. The lack of correlation in sourcing over the two months 

suggests that journalists may choose the direction they wish to take when it comes to source 

diversity. Politicians did dominant coverage; however, during election season, politicians had to 

compete with a variety of actors that journalists chose to incorporate into the networks over time.  

The time frame of the study was quite short, but it was determined by several constraints. 

Increasing this time period is problematic considering the short nature of local- and state-level 

general election (approximately two months). There is also an issue with the extent of coverage. 

For many newspapers the limited number of articles prevents one from looking at coverage by 
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week. This may not be the case, however, with presidential primary elections, where the time 

frame can be lengthened and the amount of coverage is, in all likelihood, more substantial. This 

is also the case with national policy debates, where coverage can also be substantial and last for 

months. Source networks over time should be investigated when it comes to policy development 

and projects are currently underway to examine the development of networks in coverage of the 

Patient Protection and Affordable Care Act. The development of policy may follow similar 

patterns as the media hone in on the major players in a given debate or, perhaps, open up the 

debate to a more diverse collection of source types.  

Networks as Predictors of Frames 

The most important finding of this project is that sources should not be studied in 

isolation, but as interdependent actors whose contribution are linked together through the 

construction of networks within coverage. In regression analyses and multi-level models we find 

that the amount of connectedness across network actors, which suggests greater dialogue and/or 

the use of supplementary viewpoints, is a significant positive predictor of the substantive nature 

of coverage. Previous research suggests the benefits of source diversity (Maddison & Watts, 

2012), but this is the first to bring to bear diversity in connections across a narrative. Findings of 

multi-level models suggest that the causal mechanisms behind news constructions are essentially 

more complex than what the theories of agenda setting and indexing suggest (Althaus, 2003; 

Jones & Wolfe, 2001; Van Aelst & Walgrave, 2011). Further, framing must be studied as the 

outcome of multiple connected actors, taking on a more system-level approach to the political 

processes (Wolfe et al., 2013). Studying actors in isolation or simply the interactions of 

journalists and politicians without taking into account the influence of networks of actors mat not 
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truly capture the influences facing news production.30 The variance accounted for at both levels 

suggests that both networks and individual sources carry weight.  

Before continuing with this bigger picture, it is important to look at the differential 

findings between multi-level models predicting strategy and those predicting issue. Democrats 

and Republicans were both significantly likely to produce strategy coverage. Those sources 

directly linked to a party are more likely to produce strategy coverage. Republicans were also 

less likely to produce issue coverage when compared to non-Republicans. Future research should 

be able to test whether the current findings on incumbency and political affiliation persist, as 

well as whether there is some alternative reason for such findings (e.g. issue emphasis across 

elections).  

Beyond this, one source consistently produced more strategy-framed and less issue-

framed coverage – experts. In election coverage, at least, journalists more often than not turn to 

experts for comments on the ways politicians are conducting their campaigns and the likely 

outcome of elections based on context and poll numbers (Cross, 2010). Considering that 

journalists more commonly initiate these particular source-journalist interactions (Albæk, 

2011a), these findings suggest that reporters are using experts in a very strategic fashion. Though 

perceptions of the resources provided by experts may be fairly positive (see Chapter 7: Results 

1), the actual use of experts tends to fall on the side of strategy and game. On the other hand, 

appointed government official were linked more commonly to issue coverage than other sources, 

suggesting that journalists may look to them for more substantive information.  

!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!
30 A follow-up regression analysis (see Table 11) in which the number of sources within a given 
article was included as an independent variable resulted in the variable representing density 
being no longer significant. Yet, when the variable accounting for the number of sources was 
included in multi-level models (see Table 12 and Table 13), it failed to reach significance and 
density remained a significant predictor. Such findings further suggest that both our 
conceptualization of sourcing and of framing is quite consequential for our overall conclusions.  
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On the other hand, politicians were not significantly likely to produce either frame. 

Further, being quoted versus being paraphrased was not a significant predictor of either strategy 

or issue coverage. These findings combine suggests that while journalists hold the cards for some 

sources and may use them for specific purposes, in many instances the production of frames is 

probably more of a give and take with both sources and journalists determining the type of 

information contributed to coverage (Reich, 2006; Ross, 2010; Van Aelst & Walgrave, 2011). 

Cappella and Jamieson (1997) are right that “it is impossible to know which came first—the 

conflict-driven sound-bite-oriented discourse of politicians or the conflict-saturated strategy-

oriented structure of press coverage” (p. 9). While this is true and the current associations cannot 

support a causal interpretation, the current findings suggest a combination of journalistic 

discretion in source use and the possibility that certain claims makers, especially politicians, are 

able to determine the themes present in the debate at different points in time. The evidence 

suggests that in the contemporary media environment journalists tend to adopt one approach to 

certain sources, while others are given greater leniency. Such results may support the recent 

suggestion by Bennett (forthcoming) that, rather than seeing things in black and white, a better 

assumption may be a combination of indexing and narrative licensing on behalf of journalists.  

This study is not the last word in responsibility for strategy coverage. But one thing is 

certain – journalist can purposefully construct networks in a way that produces substance. 

Connecting sources should be considered an aspect of frame building, of which journalist are in 

control (Bedingfield & Anshari, 2014; Hänggli & Kriesi, 2010). By doing so in a way that allows 

“dialogue” across actors – allowing actors to respond to one another – they can help produce 

coverage that is more issue-laden and beneficial to the voter. Of course, this depends on whether 

you side with those who believe strategy coverage is detrimental (Cappella & Jamieson, 1997; 
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Graber, 1994; Valentino, Beckmann, & Buhr, 2001), or a minority who believe it may have some 

beneficial properties (Zaller, 1999; Zhao & Bleske, 1998).  No matter the side you choose, it is 

especially through dialogue among sources that we can move toward solutions and evaluations. 

The influence of density on the substantive nature of coverage has far reaching implications. 

In the end, concepts of interdependence and the analysis of networks have utility in this 

area of research. The creation of frames is inevitably an interdependent process.  In politics, 

narratives are highly contested and the ways in which journalists organize these conflicting 

interests should determine coverage outcomes. This research, therefore, supports the notion that 

agenda-building and framing outcomes are not as simple as we once thought. It is a dance not 

between source and journalist, but journalists and network. Further, it suggests that the flow of 

the dance may differ based on the type of source and the nature of the content. Journalists will 

play more or less of a role in shaping coverage outcomes based on the type of frame in question.  

This study is not without limitations. In future studies, it is important that we differentiate 

between different types of experts to see if, perhaps, there is a lack of uniformity based on 

industry, subject, and the like (Albaek et al., 2011). The influence of networks on framing 

outcomes also needs to be addressed in multiple arenas. While greater density was a positive 

predictor it is possible that certain issues may call for a lack of density or greater centralization. 

This study focused on source networks as influencing general framing outcomes; however, it 

does not examine the extent to which various actors are able determine the range of debate. More 

research is needed to determine whether network construction relates to support for/against the 

viewpoints of political elites. That being said, the overall contribution of this research is 

recognition that neither journalist nor source owns the script exclusively, and network processes 

are an important determinant of source use. 



NETWORKS OF NEWS PRODUCTION 

!

124 

APPENDIX A 
 

Midterm Election Survey 
Bethany Anne Conway 

November, 2014 
 
Informed Consent (IC) 
 
Thank you for agreeing to take a short survey on your experiences coverage the midterm 
elections.  
 
Name of Project: Coverage of the 2014 midterm elections 
Principle Investigator: Bethany Conway, Department of Communication, University of Arizona, 
bethany7@email.arizona.edu 
  
Here at the University of Arizona, we are conducting research on coverage of the 2014 midterm 
elections.  If you agree to participate, you will help us understand how reporters across the 
country approached coverage of this year's exciting midterm elections and how this relates to 
coverage and election outcomes. This is a survey designed to be representative of those covering 
the 2014 midterm election. 
  
You work hard to bring important information to voters and your experiences covering the 
campaign trail are important! Your answers will be combined with those of all other survey 
respondents so that we can get an overall picture of what reporters think. Neither you nor your 
individual responses will be identified in any written report compiled from the survey. 
  
If you agree to participate, you will take an approximately 15 minute online survey. Participation 
in this study is completely voluntary.  You are entirely free not to participate.  In the event that 
you choose not to continue, we will retain the information you did provide unless you request 
that your data be destroyed and/or excluded from any analysis. 
  
You will not be identified in any written materials. All information obtained is strictly 
confidential unless disclosure is required by law. Only researchers directly involved in this 
project will have access to the survey responses you provide. And even though project 
researchers will have access to the survey data, they will NOT be able to link it to any of your 
personal identifying information. 
  
For the purposes of this survey, you have been assigned a randomly generated and anonymous 
Survey Identification Number.  The only person who will have access to a list that matches the 
randomly identified and anonymous Survey Identification Numbers to names and e-mail 
addresses of survey respondents is the Project Director and Principal Investigator Bethany 
Conway, Department of Communication, University of Arizona 
(bethany7@email.arizona.edu).  She will keep this identifying information on a computer drive, 
in a locked cabinet, completely separate from all the survey data we collect from you and other 
respondents. She will destroy all the identifying information after six years. 
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Your participation in this survey is very much appreciated, as is your work in covering the 
midterm elections. Thank you for taking the time to share your experiences. 
 
WHAT IF I HAVE QUESTIONS? 
 
If you have any questions about this study, please contact the University of Arizona Principal 
Investigator, Bethany Conway, at bethany7@email.arizona.edu.  If you have any questions that 
have not been answered by the Principal Investigator or if you wish to report any concerns about 
this study, you may contact the University of Arizona’s Human Subject Protection Program at 
520-626-6271. 

Q1 (PIC). Participant’s informed consent: 

I have read the information about the study and understand the conditions under which I agree to 
participate.  I willingly consent to participate in the study. (1) 

I do not wish to participate in this study. Please remove my name from participation. 
First, I would like some background on your newspaper. (0) 
 
Q2 (CoverMid). Did you cover the midterm elections? 
 
Yes (1) 
No (0) 
 
Q3 (CoverRace). Which races did you cover? (check all that apply) 
House (1) 
Senate (2) 
Governor (3) 
Other (4) 
Other_1: Text entry 
 
Q4 (OwnStat). What is the ownership status of your newspaper? 
 
Owned by a public corporation whose shares are publically traded (1) 
Owned by a larger company (2) 
Privately owned (3) 
Don’t know (99) 
Refuse to answer (98) 
 
Q5 (FullTime). How many full-time news and editorial people are employed at your 
organization? 
 
More than 400 (5) 
300-399 (4) 
200-299 (3) 
100-199 (2) 
Less than 100 (1) 
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Don’t know (99) 
Refuse to answer (98) 
 
I would like to know about your use of sources in coverage of the midterm election. Please think 
about the story (stories) you wrote during the election and the resources provided by the various 
sources that appeared in coverage. 
 
Q6. (RAccurate) Thinking about your experience covering the midterms, please rank the 
following sources by arranging them in order from 1 (the best) to 5 (the worst) based on their 
ability to provide accurate information. 
 
Candidates for office (including spokespersons and campaigns) 
Appointed government officials (non-elected) 
Interest groups (e.g., nonprofits, advocacy groups, and industry officials) 
Experts (including university professors and researchers) 
Citizens/voters 
 
Q7. (RAuthority) Thinking about your experience covering the midterms, please rank the 
following sources by arranging them in order from 1 (the best) to 5 (the worst) based on their 
ability to provide authoritative information. 
 
Candidates for office (including spokespersons and campaigns) 
Appointed government officials (non-elected) 
Interest groups (e.g., nonprofits, advocacy groups, and industry officials) 
Experts (including university professors and researchers) 
Citizens/voters 
 
Q8. (RArticulate) Thinking about your experience covering the midterms, please rank the 
following sources by arranging them in order from 1 (the best) to 5 (the worst) based on their 
ability to provide well-articulated information. 
 
Candidates for office (including spokespersons and campaigns) 
Appointed government officials (non-elected) 
Interest groups (e.g., nonprofits, advocacy groups, and industry officials) 
Experts (including university professors and researchers) 
Citizens/voters 
 
Q9. (RTimely) Thinking about your experience covering the midterms, please rank the following 
sources by arranging them in order from 1 (the best) to 5 (the worst) based on their propensity to 
call you back in a timely fashion. 
 
Candidates for office (including spokespersons and campaigns) 
Appointed government officials (non-elected) 
Interest groups (e.g., nonprofits, advocacy groups, and industry officials) 
Experts (including university professors and researchers) 
Citizens/voters 
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Q10. (RComplex) Thinking about your experience covering the midterms, please rank the 
following sources by arranging them in order from 1 (the best) to 5 (the worst) based on their 
ability to explain complex information. 
 
Candidates for office (including spokespersons and campaigns) 
Appointed government officials (non-elected) 
Interest groups (e.g., nonprofits, advocacy groups, and industry officials) 
Experts (including university professors and researchers) 
Citizens/voters 
 
Q11. (RDrama) Thinking about your experience covering the midterms, please rank the 
following sources by arranging them in order from 1 (the best) to 5 (the worst) based on their 
ability to provide dramatic content. 
 
Candidates for office (including spokespersons and campaigns) 
Appointed government officials (non-elected) 
Interest groups (e.g., nonprofits, advocacy groups, and industry officials) 
Experts (including university professors and researchers) 
Citizens/voters 
 
Q12. (RConflict) Thinking about your experience covering the midterms, please rank the 
following sources by arranging them in order from 1 (the best) to 5 (the worst) based on their 
ability to provide information focusing on election-related conflict.  
 
Candidates for office (including spokespersons and campaigns) 
Appointed government officials (non-elected) 
Interest groups (e.g., nonprofits, advocacy groups, and industry officials) 
Experts (including university professors and researchers) 
Citizens/voters 
 
Q13. (RBackground) Thinking about your experience covering the midterms, please rank the 
following sources by arranging them in order from 1 (the best) to 5 (the worst) based on their 
ability to provide background on the issues. 
 
Candidates for office (including spokespersons and campaigns) 
Appointed government officials (non-elected) 
Interest groups (e.g., nonprofits, advocacy groups, and industry officials) 
Experts (including university professors and researchers) 
Citizens/voters 
 
Q14. (RReliable) Thinking about your experience covering the midterms, please rank the 
following sources by arranging them in order from 1 (the best) to 5 (the worst) based on their 
ability to provide reliable information. 
 
Candidates for office (including spokespersons and campaigns) 
Appointed government officials (non-elected) 
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Interest groups (e.g., nonprofits, advocacy groups, and industry officials) 
Experts (including university professors and researchers) 
Citizens/voters 
 
Q15. (RUnique) Thinking about your experience covering the midterms, please rank the 
following sources by arranging them in order from 1 (the best) to 5 (the worst) based on their 
ability to provide a unique perspective. 
 
Candidates for office (including spokespersons and campaigns) 
Appointed government officials (non-elected) 
Interest groups (e.g., nonprofits, advocacy groups, and industry officials) 
Experts (including university professors and researchers) 
Citizens/voters 
 
Q16. (RAnalysis) Thinking about your experience covering the midterms, please rank the 
following sources by arranging them in order from 1 (the best) to 5 (the worst) based on their 
ability to provide analysis of the issues. 
 
Candidates for office (including spokespersons and campaigns) 
Appointed government officials (non-elected) 
Interest groups (e.g., nonprofits, advocacy groups, and industry officials) 
Experts (including university professors and researchers) 
Citizens/voters
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Q17. I would like to know about how frequently you used the following sources in coverage the midterm election.  
 
Please think about the story (stories) you wrote during the election. How often did you use the following sources: 
 Never (1) Rarely (2) Sometimes (3) Most of the 

time (4) 
Always (5) Refuse to 

answer (98) 
(FCandidate) 
Politicians/candidates 
(including 
spokespersons and 
campaigns) 

      

(FOfficial) 
Appointed government 
officials 

      

(FGroup) Interest 
groups (including 
nonprofit 
organizations, 
advocacy groups, and 
industry officials) 

      

(FExpert) Experts 
(including university 
professors and 
researchers) 

      

(FNews) Other news 
media outlets  

      

(FCitizen) 
Citizens/voters 

      

(FOther) Other       
 
Q18 (NewsInfl). How strong do you think the influence of the media should be on the formation of public opinion? Please choose a 
number from zero to ten, where zero means no influence and ten means very great influence. 
 
0---------10 
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Q19. Please think about the following tasks the news media perform for audiences and indicate the extent to which you think they are 
important. 
 
 Extremely 

unimportant (1) 
Somewhat 
unimportant (3) 

Neither important 
nor unimportant (4) 

Somewhat 
important (5) 

Extremely 
important (7) 

Refuse to 
answer (98) 

(ImpInfo) Get 
information to 
the public 
quickly.  

      

(ImpAnal) 
Provide 
analysis and 
interpretation 
of complex 
problems. 

      

(ImpRelax) 
Provide 
entertainment 
and relaxation. 

      

(ImpClaims) 
Investigate 
claims and 
statements 
made by 
government.  

      

(ImpVerify) 
Stay away 
from stories 
where content 
cannot be 
verified.  

      

(ImpWide) 
Concentrate on 
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news that is of 
interest to the 
widest possible 
audience.  
(ImpIssues) 
Discuss policy 
issues while 
they are being 
developed.  

      

(ImpIntel) 
Develop 
intellectual and 
cultural 
interests of the 
public. 

      

(ImpOfficials) 
Be an 
adversary of 
public officials 
by being 
constantly 
skeptical of 
their actions.  

      

(ImpBiz) 
Be an 
adversary of 
business by 
being 
constantly 
skeptical of 
their actions.  

      

(ImpAgenda) 
Set the political 
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agenda.  
(ImpViews) 
Give ordinary 
people a 
chance to 
express their 
views on 
public affairs.  

      

(ImpMotivate) 
Motivate 
ordinary 
people to get 
involved in 
public 
discussion of 
important 
issues.  

      

(ImpSolve) 
Point people 
toward 
possible 
solutions to 
societal 
problems.  

      

Next, I would like to know about the resources you used for story ideas when covering the midterm election.  

Q20. Please tell me how often you rely on each of the following resources: 

 Never (1) Rarely (2) Sometimes (3) Often (4) All of the time 
(5) 

Don’t know 
(99) 

(IdeaAcquaint) 
Personal interest  
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(IdeaPersonal) 
Discussion with personal 
acquaintances 

      

(IdeaStaff) Others on 
staff 

      

(IdeaReaders) Readers 
emails or phone calls 

      

(IdeaPrint) 
Other newspapers (text: 
please specify) 

      

(IdeaTV) Television 
news outlets (text: please 
specify) 

      

(IdeaPR) A public 
relations person who 
pitches you a story  

      

(IdeaPressRC) Campaign 
news release 

      

(IdeaPressRG) 
Government news release 

      

(IdeaPressRNP) New 
release from a non-
profit/advocacy 
organization  

      

(IdeaTwitter) Twitter 
posts 

      

(IdeaFacebook) Facebook 
posts 

      

(IdeaOther) Other (text: 
please specify)  
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Q21. Please think about the story (stories) you wrote during the midterm election and answer the following questions. Please tell me 
the extent to which you think the following actions are appropriate when carried out by a journalist covering elections:  

 Very 
inappropriate (1) 

Somewhat 
inappropriate (2) 

Neither Appropriate 
nor inappropriate (3) 

Somewhat 
appropriate (4) 

Very 
appropriate (5) 

Refuse to 
answer (98) 

(UsePressC) 
Using news 
releases “as is” 
from a political 
campaign  

      

(UsePressG) 
Using a news 
release “as is” 
from a 
government 
office 

      

(UsePressNP) 
Using a news 
release “as is” 
from a non-
profit/advocacy 
group 

      

(UseQuoteT) 
Using a 
quotation from 
a candidate’s 
Twitter feed 

      

(UseQuoteFB) 
Using a 
quotation from 
a candidate’s 
Facebook page 
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I would like to ask you a few questions about your news organization.  
 
Q22. (FreeSelect) How much freedom do you have in selecting the stories you work on? 
 
Almost complete freedom (5) 
A great deal (4) 
A moderate amount (3) 
A small amount (2) 
None at all (1) 
Don’t know (99) 
Refuse to answer (98) 
 
Q22a. (FreeChoose) How much freedom do you usually have in deciding which aspects of a story should be emphasized? Would you 
say: 
 
Almost complete freedom (5) 
A great deal (4) 
A moderate amount (3) 
A small amount (2) 
None at all (1) 
Don’t know (99) 
Refuse to answer (98) 
 
Q23. (GoodJob) One a scale from 0 to 10, where zero means poor and ten means outstanding, how good a job do of informing the 
public do you think your news organization is doing? 
 
0---------10 
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Q24. How important would you say the following goals are to the owners of senior managers of your news organization? 
 
 Not at all 

important 
(1) 

Very 
important 
(2) 

Somewhat 
important 
(3) 

Neither 
important 
nor 
unimportant 
(4) 

Somewhat 
important 
(5) 

Very 
important 
(6) 

Extremely 
important 
(7) 

Refuse to 
answer (98) 

(OrgProfit) 
Earning high, 
above average 
profit? 

        

(OrgMoral) 
Maintaining or 
securing high, 
above average 
employee moral?  

        

(OrgAudience) 
Keeping the size 
of your audience 
as large as 
possible? 

        

(OrgQuality) 
Producing 
journalism of 
high, above-
average quality?  
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Q25. Here are some statements that express some journalists’ attitudes or beliefs about the organizations for which they work. Please 
indicate whether you strongly agree, somewhat agree, are neutral, somewhat disagree or strongly disagree? 
 
 Strongly 

disagree (1) 
Disagree (2) Neither agree 

nor disagree (3) 
Agree (4) Strongly agree 

(5) 
Refuse to 
answer (98) 

(OrgPriority) At my 
news organization, 
profits are higher 
priority than good 
journalism 

      

(OrgRise) The quality 
of journalism at my 
news organization has 
been rising steadily 
over the past few 
years.   

      

(OrgResource) At my 
news organization, 
newsroom resources 
have been shrinking 
over the past few 
years.   

      

(OrgResearch) My 
news organization 
does a lot of audience 
research to learn what 
kinds of information 
our audience wants or 
needs 
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Q26. (OrgScale) The media are often classified politically in terms of left, right, and center. One 
scale from zero, which means extreme left, to 10, which means extreme right, where would you 
place the editorial policy of your news organization? 
 
0---------10 
 
I would like to know a bit MORE about your use of sources in coverage of the midterm election. 
Please think about the story (stories) you wrote during the election and the resources provided by 
the various sources that appeared in coverage. 
 
Q27. (RFactual) Thinking about your experience covering the midterms, please rank the 
following sources by arranging them in order from 1 (the best) to 5 (the worst) based on their 
ability to provide factual information. 
 
Candidates for office (including spokespersons and campaigns) 
Appointed government officials (non-elected) 
Interest groups (e.g., nonprofits, advocacy groups, and industry officials) 
Experts (including university professors and researchers) 
Citizens/voters 
 
Q28. (RQuotable) Thinking about your experience covering the midterms, please rank the 
following sources by arranging them in order from 1 (the best) to 5 (the worst) based on their 
ability to provide quotable information. 
 
Candidates for office (including spokespersons and campaigns) 
Appointed government officials (non-elected) 
Interest groups (e.g., nonprofits, advocacy groups, and industry officials) 
Experts (including university professors and researchers) 
Citizens/voters 
 
Q29. (ROfficial) Thinking about your experience covering the midterms, please rank the 
following sources by arranging them in order from 1 (the best) to 5 (the worst) based on their 
ability to provide official information. 
 
Candidates for office (including spokespersons and campaigns) 
Appointed government officials (non-elected) 
Interest groups (e.g., nonprofits, advocacy groups, and industry officials) 
Experts (including university professors and researchers) 
Citizens/voters 
 
Q30. (RComplicat) Thinking about your experience covering the midterms, please rank the 
following sources by arranging them in order from 1 (the best) to 5 (the worst) based on their 
ability to explain complicated information. 
 
Candidates for office (including spokespersons and campaigns) 
Appointed government officials (non-elected) 
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Interest groups (e.g., nonprofits, advocacy groups, and industry officials) 
Experts (including university professors and researchers) 
Citizens/voters 
 
Q31. (RAvailable) Thinking about your experience covering the midterms, please rank the 
following sources by arranging them in order from 1 (the best) to 5 (the worst) based on their 
propensity to be regularly available. 
 
Candidates for office (including spokespersons and campaigns) 
Appointed government officials (non-elected) 
Interest groups (e.g., nonprofits, advocacy groups, and industry officials) 
Experts (including university professors and researchers) 
Citizens/voters 
 
Q32. (REmotion) Thinking about your experience covering the midterms, please rank the 
following sources by arranging them in order from 1 (the best) to 5 (the worst) based on their 
ability to provide emotional content. 
Candidates for office (including spokespersons and campaigns) 
Appointed government officials (non-elected) 
Interest groups (e.g., nonprofits, advocacy groups, and industry officials) 
Experts (including university professors and researchers) 
Citizens/voters 
 
Q33. (RTrust) Thinking about your experience covering the midterms, please rank the following 
sources by arranging them in order from 1 (the best) to 5 (the worst) based on their ability to 
provide trustworthy information. 
 
Candidates for office (including spokespersons and campaigns) 
Appointed government officials (non-elected) 
Interest groups (e.g., nonprofits, advocacy groups, and industry officials) 
Experts (including university professors and researchers) 
Citizens/voters 
 
Q34. (RInterpret) Thinking about your experience covering the midterms, please rank the 
following sources by arranging them in order from 1 (the best) to 5 (the worst) based on their 
ability to provide interpretation of issues. 
 
Candidates for office (including spokespersons and campaigns) 
Appointed government officials (non-elected) 
Interest groups (e.g., nonprofits, advocacy groups, and industry officials) 
Experts (including university professors and researchers) 
Citizens/voters 
 
Q35. (RCombative) Thinking about your experience covering the midterms, please rank the 
following sources by arranging them in order from 1 (the best) to 5 (the worst) based on their 
ability to provide argumentative information. 
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Candidates for office (including spokespersons and campaigns) 
Appointed government officials (non-elected) 
Interest groups (e.g., nonprofits, advocacy groups, and industry officials) 
Experts (including university professors and researchers) 
Citizens/voters 
 
Q36. (RContext) Thinking about your experience covering the midterms, please rank the 
following sources by arranging them in order from 1 (the best) to 5 (the worst) based on their 
ability to explain the context of important issues.  
 
Candidates for office (including spokespersons and campaigns) 
Appointed government officials (non-elected) 
Interest groups (e.g., nonprofits, advocacy groups, and industry officials) 
Experts (including university professors and researchers) 
Citizens/voters 
 
Q37. (RDistinct) Thinking about your experience covering the midterms, please rank the 
following sources by arranging them in order from 1 (the best) to 5 (the worst) based on their 
ability to offer a distinct perspective. 
 
Candidates for office (including spokespersons and campaigns) 
Appointed government officials (non-elected) 
Interest groups (e.g., nonprofits, advocacy groups, and industry officials) 
Experts (including university professors and researchers) 
Citizens/voters 
 
A few more questions and we will be finished.  
Q38. (Experience) How many years of journalistic experience do you have? 
 
Less than 2 (0) 
2-4 (1) 
4-6 (2) 
6-8 (3) 
8-10 (4) 
More than 10 (5) 
Refuse to answer (98) 
 
Q39. (Current) Of your years of experience, how many were spent at the current newspaper? 
 
Less than 2 (0) 
2-4 (1) 
4-6 (2) 
6-8 (3) 
8-10 (4) 
More than 10 (5) 
Refuse to answer (98) 
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Q40. (Beat) Do you usually cover a specific “beat” or subject area, or do you usually cover 
different things? 
 
Cover a specific beat (0) 
Cover different things (1) 
Don't know (99) 
Refuse to answer (98)  
 
Q41. (WBeat) What beats do you cover? 
 
Q42. (Sex) Please provide your sex: 
 
Male (1) 
Female (0) 
Prefer not to specify (98) 
 
Q43. (PolAff) Generally speaking, do you usually think of yourself as a REPUBLICAN, a 
DEMOCRAT, an INDEPENDENT or something else? Please select the response that best 
represents you.  
 
Republican (0) 
Democrat (1) 
Independent (2)  
Other (text entry) 
 
Q43a. (PolAffRS) Would you say that you identify as a Republican STRONGLY or NOT VERY 
STRONGLY? 
 
Not very strongly (0) 
Strongly (1) 
 
Q43b. (PolAffDS) Would you say that you identify as a Democrat STRONGLY or NOT VERY 
STRONGLY?  
 
Not very strongly (0) 
Strongly (1) 
 
Q43c. If you think of yourself as an "Independent" or "Other", do you think of yourself as closer 
to the Republican Party or to the Democratic Party? 
 
Closer to Democratic Party (0) 
Closer to Republican Party (1) 
Neither (2) 
 
Q44. (Hispanic) Are you Latino or Hispanic? 
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Yes (1) 
No (0) 
Don’t know (99) 
Refuse to Answer (98) 
 
Q45. (Race) In which of the following racial groups would you place yourself? 
 
White (Caucasian) (1) 
Black or African-American (2) 
Asian or Asian American (3) 
American Islander or Alaska Native (4) 
Pacific Islander (5) 
Other (specify)(6) 
Don’t Know (99) 
Refuse to answer (98) 
 
Q46. (Ideology) When it comes to politics, people often place themselves on a liberal to 
conservative spectrum.  Which of the following best reflects where you would place yourself? 
 
Extremely liberal (1) 
Liberal (2) 
Slightly liberal (3) 
Moderate/middle of the road (4) 
Slightly conservative (5) 
Conservative (6) 
Extremely conservative (7) 
Haven’t thought much about this (99) 
Refuse to answer (98) 
 
Q47. (Education) What is the highest grade of school or level of education you completed? 
 
High school or GED  
Vocational or technical school beyond high school  
1-3 years of college  
Graduated from college  
Some graduate work, no degree  
Master’s degree  
Doctorate, law, or medical degree  
Don’t know  
Refuse to answer  
 
Q48. (JourDegree) Do you have a degree in journalism? 
Yes (1) 
No(0) 
Refuse to answer (98) 
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APPENDIX B 
 

Midterm Election Codebook 
02/04/2015 

PI: Bethany Anne Conway 
 
This project focuses on the sources used in coverage of the 2014 midterm election, as well as the 
coverage contributed by those sources both individually and in the aggregate. For each of the 35 
congressional races included in this project, I have 1) posted your individual coding assignments 
on the Dropbox, and 2) created 10 Aggregate Chart Excel sheets (one per week) for the two 
months of election coverage we will be coding. Source categories (Class, PolAff, Title, Source) 
and the news outlet for each race are located in the first row. The first column, “Class”, is where 
you will code the category of a given news source. The second column, “PolAff,” is where you 
will code the political affiliation of a given news source (when applicable). The third column, 
“Title,” is where you will identify a source’s title (e.g., Candidate, Congressman, Associate 
Professor of Political Science, etc.). The actual source names should be added to the fourth 
column, “Source.” When you are done coding, each cell at the intersection of a given news outlet 
and source will contain a digit identifying the number of times that source appeared in news 
coverage each week. 
 
All of the newspaper articles included in the current project are there because they contain 
information on the midterm congressional elections. Either they discuss one or more races of 
interest, or they discuss the tenor of the midterms elections generally (voter turn out, voter 
sentiment, political climate, endorsements). While they may go off on tangents, as well as focus 
on the national political climate, at least some of the content MUST focus on the local 
congressional election of interest. In the event that encounter an article that does not mention the 
congressional elections, please bring this to the attention of PI Bethany Conway.  
 
In this codebook you will find instructions for 1) identifying sources, 2) highlighting them 
correctly, 3) creating “Aggregate” and “Net” excel files, and 4) coding content for issue or 
strategy. Please read this codebook carefully and refer to it regularly as you complete the coding 
process. It is pertinent that all coders follow this coding scheme in order to maintain reliability.  
 
 
 
 
 
 
 
 
 
 
 
 
 
 



NETWORKS OF NEWS PRODUCTION 

!

144 

1.  The Aggregate Chart         3 

 1.1 Who Counts         3 

1.2 Who Does Not Count        3 

1.3 What Counts         4 

 1.4 Adding a Source to the Aggregate Chart      4 

 1.5 Identifying Source’s Class       4 

 1.6 Identifying Source’s Political Affiliation       5 
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1. Aggregate chart 
1.1 Who Counts 
 
When a source is quoted, paraphrased, or mentioned within a given segment, highlight that 
source within the news article. In order to be coded as a source, the individual or organization 
need not be directly quoted. They need only to be mentioned. Anytime a source is mentioned, 
whether cited by a reporter or mentioned by another source within a quote, this constitutes a 
source appearance and should be highlighted. However, a distinction should be made based on 
whether or not they are supplying information or simply being mentioned in order to demonstrate 
a concept or action. A source should be highlighted in yellow if they are being quoted or 
paraphrased (the have supplying information to the journalists) and in grey if they are being used 
simply for demonstrative purposes (the journalist is mentioning an action a source took or 
mentioning a source simply to make a point). 

•! In other words, anytime a source is providing information, whether they are being 
quoted or paraphrased (e.g. “Senator Reid indicated that …”) they should be 
highlighted in yellow. Anytime a reporter simply mentions a source to demonstrate a 
point (e.g. “They are going to need to get Representative Barber elected if they want 
to pass this…” or “Senator Warren has voted many times with the Obama 
administration”), they should be highlighted in grey. This is an important distinction 
so please make sure you understand the above.  

•! Keep in mind that Sources include organizations (e.g. Republican National 
Committee, National Rifle Association).  

•! If you have any trouble deciding whether a source should be highlighted in yellow or 
grey, add this to the “Source Issues” word document in the “Misc. Word Documents” 
file on the Dropbox.  

•! Spokespersons for government officials who are NOT identified by first and last 
name should be coded as the politicians himself or herself. For example, “A 
spokesperson for Congressman Ron Barber (D) said…” This should be coded as the 
congressman himself. When this happens, make sure to remind yourself that you are 
coding it as such by inserting a comment that identifies the affiliations (e.g. “Code as 
Rep. Ron Barber”).  

 
1.2. Who Does Not Count 

•! Do not code congressional and senate committees. This includes, for example, the 
Senate Finance Committee. These committees are made up of several politicians from 
both parties. It is similar to saying “some senators say…” or “some members of 
congress believe …” In other words, statements attributed to such committee are 
somewhat ambiguous and we have chosen not to include them as sources.31 

•! You DO need to count government entities such as the Justice Department and 
Congressional Budget Office, but you should NOT include “The Whitehouse” as a 
source. General references to Republicans and Democrats should only be included if 
they are talking about the Republican National Committee (RNC) or Democrat 
National Committee (DNC). In other words, “Republicans expressed anger over the 
bill” does not count as a source.  

!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!
31 Please, bring it to my attention immediately if you do not understand this coding rule.  
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1.3 What Counts 

•! One you have initially identified a new source, you need to keep track of every time a 
source is mentioned. Keep in mind that “the congressman,” and “the organization” 
constitutes a source when it is used to follow up an initial mention, as does a reporter 
using a source’s last name in subsequent references (e.g. Pelosi). 

•! You WILL need to read carefully, as PRONOUNS (i.e., him, her, them, he, she, they) 
still count as a source mention (unless the connection between pronoun and source is 
ambiguous). For example, a reporter may mention Ron Barber in one paragraph, 
Martha McSalley in the next, and in the next make reference to them using pronouns 
(e.g. “her opponent says he never intended to …” You need to highlight these as 
source mentions. Not only will you need to highlight such pronouns, in some cases 
you may also need to insert a comment reminding yourself who this pronoun 
represents (if it is far removed from the initial mention).  

•! Do not bother coding for sources or frame (see section 3) for breakout content. This 
normally occurs at the end of a cohesive article and is in short blurbs. In the 
newspaper, they either occur as a caption under a photograph or in a breakout box. 
We will not be coding these as part of the cohesive narrative.  

 
1.4 Adding a Source to the Aggregate Chart 
 
Once you are finished coding all source mentions within an article, it is time to add sources to 
the Aggregate Chart for a given week. If a source has not been previously identified and already 
added to the Aggregate Chart for that week, the next step is typing a source’s name in the 
“Source” column of the Aggregate Chart. It is absolutely pertinent that names are spelled 
correctly and in their entirety. Coding across weeks will be combined in the end, and 
misspellings and improper name use prevents the smooth combination of networks.  
 
1.5 Identifying a Source’s Class  
 
Once the source has been identified, a comment should be placed in the document and a number 
should be placed in the “Class” column identifying in which source category they belong (see 
sample Aggregate Chart in Dropbox under Sample Excel Files). Code this by adding the proper 
number in the comment and in the chart column: 
 

1) Politician: Elected officials or those running for office, including the president, 
congresspersons, senators, councilpersons, etc. 
2) Government/public officials or government organizations: This includes any appointed 
government officials, such as the Secretary of Health and Human Services or a city 
manager.  
3) Interest groups and think tanks: Interest groups include any businesses, associations, or 
think tanks that seeks to publicly promote and create advantages for its cause. Think 
tanks are more often than not nonprofit organization that performs research and advocacy 
on various issues (be careful not to confuse these with media organizations).  
4) Experts: These include, for example, professors and political strategists. 
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5) Other media outlets/polling organizations: These include pundits, commentators, 
analysts, journalists 
6) Ordinary citizens 
99) Other 

 
• In the event that you are having trouble categorizing a source, we will discuss this 
collectively and come to an agreed upon conclusion. Please make note of it in the 
“Source issues” word document under “Misc. Word Documents” on Dropbox. 
• If you conclude that several sources who are categorized as “99) Other” constitute their 
own category, we will also discuss this collectively. Please make note of it in the “Source 
issues” word document under “Misc. Word Documents” on Dropbox. 
•  In some cases, individual citizens may not be identified by name, they may be given a 
title such as “resident,” “attendee,” “citizen,” etc. Simply code them as “6” and add them 
to a source row in which the source is labeled “Citizen” in the Aggregate Chart for that 
week. ONLY put ordinary citizens in their own line in the Aggregate Chart if they are 
identified by their FIRST AND LAST NAMES. In other words, when a citizen is 
identified by his/her first and last names that source receives his/her own line and is given 
a 9 in the class line.32  
• If a source is unidentifiable (e.g. “Unidentified male”), don't guess! If a source is 
unidentifiable they simply cannot be included.  
 

1.6 Identifying a source’s political affiliation 
 
Next, if the source is an elected official, identify their political affiliation in the same comment 
used to identify the source’s class, as well as the “PolAff” column in the Aggregate Chart. If the 
affiliated party of a politician (senator, congressperson, governor, etc.) is not directly stated, look 
it up online. Sources other than politicians, unless specifically identified with a party, should be 
given a zero in the “PolAff” column, labeling them as NA. Do not guess! Their affiliation must 
be concrete. Code this by adding the proper number to the “PolAff” column: 
 1) Republican 
 2) Democrat 
 3) Other (e.g. Libertarian) 
 0) Not applicable 
 
1.7 Identifying a source’s title 
 
Finally, the person’s title should be placed in the “Title” column. For example, while you will 
type “Harry Reid” in the “Source” column, in the “Title” column you will type “Senator.” For 
example, while you will type “Kate Kenski” in the source column, in the title column you will 
type “Professor at University of Arizona.”  
 
1.8 Tracking Source Use 
 

!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!
32 Though citizens who are not fully identified will be added to the citizen line, in matrix 1 they 
should be given their own line and labeled “Citizen 1,” “Citizen 2,” etc.  
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Here, the unit of analysis is the article. In other words, regardless of the number of times a source 
appears within a given article, for the purposes of the aggregate chart they are counted once per 
article. Therefore, once a new source is added and properly coded based on his/her “Class,” 
“PartyAff,” and “Title,” a 1 should be placed in the cell where that source’s row and the news 
organization’s column intersect to indicate that they appeared in a given article. If a source was 
already identified previously during that week (which will happen with most congressional 
candidates), you will not add that source again to the aggregate chart. You will simply find the 
line where the source was previously added and up the count in their cell by 1. This is how we 
keep track of the frequency with which a given source appears in news coverage for a given 
week.  

• Once again, we are treating the article as the unit of analysis. Therefore, if Ron Barber 
appears in two articles in a given week this constitutes 2 appearances and a 2 should 
appear in the cell where his column and that of the news organization intersect.  
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2. Matrix of Source Relations 
 
2.1 Requirements for Matrix 
 
 Next we will be mapping relations among sources within a given news article. In the event that a 
news article contains at least three sources (i.e., sources that you highlight in yellow or grey), 
create an Excel file with the same label as the article but add “net” at the end.33 For example, if 
the article is labeled “AZStar_1014” then the Excel file will be labeled “AZStar_1014net.” Place 
these files in the subfolder I have created for you within the folder for a given newspaper (For 
example, within the folder Arizona Daily Star on Dropbox there is an AZStar_Nets folder). In 
this excel file, you will then create the matrix that maps the connections among sources in a 
given news article. You MUST see the “Sample_Nets” file on Dropbox under Sample Excel 
Files in order to understand the creation of such matrices. We will also practice this several 
times! 
 
In the first cell of the first row, create a column called “Class.” In this file you will place the 
same class codes included in the aggregate chart. Next to the column labeled “Class” you will 
create a column labeled “Quoted.” In this column you will type a 1 if a source was directly 
quoted or paraphrased (highlighted in yellow), and a 0 if a source was simply mentioned by a 
reporters (grey). All sources highlighted in yellow at any point will get a 1 in this column 
(regardless of whether they were also highlighted in grey at some point). All sources that were 
only highlighted in grey will get a zero in this column. Next to the “Quoted” quoted column, you 
will then create a “Source Code” column to be filled in later (see 3.4 Individual Triadic Coding). 
Next to the quoted column, next create a “Source” column. Within this column you will once 
again place the correctly spelled source name.  
 
2.2 Documenting the matrix  
 
Once you have added sources to the aggregate chart and laid out the “net” file as detailed above, 
you will place numbers in the cell where two sources intersect to indicate the number of times 
they are connected to one another. For the purposes of the current project, sources are considered 
linked based in their sequential use within the text. When yellow/grey highlighted sources occur 
in order they are connected within coverage and a 1 should be placed in the matrix at the 
intersecting cell between these two sources. If they follow each other more than once, up the 
count to show the number of times two sources are linked together in a given segment. Don't 
worry, we will practice this! 
 

•! You will NOT connect a source to him or herself. For example, Ron Barber may be 
mentioned two or three times in a row. Just keep moving on through the transcript for the 
next highlighted source and connect him to this next source. 

!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!!
33!!This includes three different unidentified citizens. Even if they occupy the same line in the 
aggregate chart, they constitute separate appearances in a transcript and should be labeled 
“Citizen 1,” “Citizen 2,” “Citizen 3,” etc., in the nets files. !
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•! Keep in mind that “the congressman,” “the organization,” “her opponent” and pronoun 
use all constitute a connection, as does a reporter using a source’s last name in 
subsequent references (e.g. Barber). 

 
When you are finished, make sure to save the file and specified above and move on to the 
subsequent section.  
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3. Moving from “nets” to frames 
 
3.1 Segments that Require Frame Codes 
 
For those articles for which a “net” file is created (i.e., those with three or more sources), you 
will also be coding for the amount of strategy/game framing vs. issue framing within that 
segment. For the purposes of creating this Frame Ratio, you are counting the number of Global 
Identifier Codes that are marked, with the paragraph serving as the unit of analysis. You do this 
by inserting a comment at the end of each paragraph that says “Strategy” or “Issue” (see more 
below). 

• In order to assess the Global Identifier Code for a paragraph, you must first break down 
the paragraph.  You will assess each sentence within a paragraph, and code a sentence as 
strategy (highlight in red) or issue (highlight in blue). Keep in mind that a sentence can 
only be EITHER issue or strategy (or neither).   
• For the purposes of the strategy and issue codes below, they should only be applied to 
coverage that is either focusing on a specific midterm race or the midterm elections 
generally (voter turn out, voter sentiment, political climate, endorsements). Anytime that 
you deem the content tangential (it does not focus on a specific race, the midterms 
generally, or the political climate nationally) do not code it. This applies, for instance, to 
a general discussion about propositions on which voters must decide.  
 

3.2 The Strategy Code 
 
To determine if a sentence contains a strategy frame, ask yourself the following questions:  

• Does the sentence deal with opinion polls and politicians’ or parties’ standing in 
the polls? 

- This includes any mention of public opinion that relates to the (un)likely 
success of a politician.  

• Does the sentence deal with politicians, parties or other actors in relation to 
potential election/voting outcomes and/or coalitions/government formation? 

- If the news story reports or speculates about election results or 
government/coalition formations (e.g. Republicans taking over the senate), 
or ANY mention of a vote it should be coded as strategy. This includes for 
example, “things hanging in the balance” or the potential for a given 
politician to work with others once he/she gets to Washington.   

• Does the sentence deal with politicians, parties or other actors winning or losing 
(elections, debates, or in general)? 

   - This also applies to organization’s whose initiatives may not be passed.  
• Does the sentence make use of a language of sports or war? 

- Use of a language of sports and war, such as battle, competition, victory, 
or fight. 

• Does the sentence deal with politicians’ or parties’ strategies or tactics for 
winning elections, legislative debates, governing negotiations, favorable news 
coverage, or for achieving other forms of political success? 

- This includes the use of derogatory terms (e.g., calling a bill. a hatchet 
job), references about “rallying voters”, “showing their cards”, etc.  Any 
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time you feel that the coverage is focusing on the strategy a politician or 
party is employing in order to accomplish their goal or is giving an 
example of that strategy playing out in real time (e.g. “The candidate 
chose mainly to stick with premeditated talking points.”) it should be 
coded as strategy.  

• Does the sentence deal with politicians’ or parties’ motives for actions, 
positions, or behaviors? 

- Here, this only includes aspects other than their sincere beliefs 
concerning the issues and aspects of the issues (this would be coded as 
issue). The motives we are looking for here concern politicians doing 
certain things in order to get the needed votes, not because they believe it 
is right. For example, a candidate stressing women’s issues in order to get 
the women’s vote or a candidate stressing a business related issue to get 
the support of local business owners. This also includes any statements 
that suggest a candidate voted with “their party” or voted to satisfy the 
“party base.”  

• Does the sentence deal with party, candidate or campaign style or performance? 
- Refers to party, candidate or campaign style or performance, or how they 
campaign. This includes references to “going negative” or any references 
to holding campaign events or “going on the road” or “door to door,” etc.  

• Does the sentence deal with the media’s role in politics or campaigning and/or 
the relationship between political actors and the media? 

- This only applies to media outlets INFLUENCING politics or vice versa 
(e.g. media covering a race in a partisan fashion, candidates feeling that 
the media is out to make them look bad, etc.). 

 
If you answer yes to any of the questions above, a sentence should be coded as issue and 
highlighted in red (this identifies the sentence as containing one or more strategy references). Be 
careful not to highlight over yellow and grey codes! Keep in mind that organizations and interest 
groups may be using these terms too, and thus should be counted (e.g., lobbying on their own 
behalf).  
  
3.3 The Issue Code 
 
Anytime a sentence deals with actual issues, the effects of those issues, or a politician’s sincere 
belief on the issues (e.g. abortion, women, economy), it should be considered as containing an 
issue frame and highlighted in blue. One again, be careful not to highlight over yellow and grey 
codes! Sentences with issue frames should be highlighted in blue.   

• In order for something to be coded as issue it must move beyond simple issue mentions 
to give you something substantive about a given issue. In other words, the simple 
mention of health care does not constitute issue coverage unless aspects of the issue are 
also discussed.  
• However, to move from non-issue to issue coverage it’s enough to say something very 
minimal about a given issue. For example, while “Barber also brought up the issue of 
prescriptions drugs” should not be coded as issue, the following should: “Barber is 
confident that the bill will eventually reduce the cost of prescription drugs.”  
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• In other words, it must move beyond mere mention to provide some background detail, 
or specifics. You must be able to presume that a reader can learn at least some minimal 
information it should be coded as issue.  

 
3.4 Assessing the dominant frame 
 
In the event that a sentence contains both issue and strategy references, remember that it can 
ONLY be coded as one or the other.  In cases where sentences contain both issue and strategy 
references, you can do one of two things: 

•! Do a word count of the number of strategy related words vs. issue related words. Code 
based on which has a larger word count.  

•! In the event that the word count is even, try to assess which frame is the dominant one 
within the sentence.  Maybe they mention multiple issues but only make one strategy 
reference, then code as issue by highlighting the entire sentence in blue. Or maybe there 
are multiple strategy references and only one issue reference, then code as strategy by 
highlighting the entire sentence in red.   

•! If the word count is equal and you cannot determine how a sentence should be coded 
based on the reference above, use a comment to highlight the sentence and mark as 
“Mixed.” This is kind of a “last resort” measure. In the event that you must do so, make a 
note in the “Mixed sentences” word document in “Misc. Word Documents” folder in the 
Dropbox and we will decide collectively.  

 
If a sentence DOES NOT contain a frame (i.e., it does not have a strategy or issue frame), do not 
highlight the sentence.  It will not count towards the Global Identifier Code, nor will it count 
toward the Frame Ratio. 
  
When you are finished identifying frames by sentence, assign each paragraph a Global Identifier 
Code by inserting a comment at the end of the paragraph.   

•! If the paragraph contains one or more sentences highlighted in red only, insert a comment 
at the end of the paragraph and write “Strategy” for its Global Identifier Code. 

•! If the paragraph contains one or more sentences highlighted in blue only, insert a 
comment at the end of the paragraph and write “Issue” for its Global Identifier Code. 

•! If the paragraph contains both types of frames (e.g., the paragraph contains one or more 
sentences in red as strategy AND one or more sentences highlighted in blue as issue), you 
need to assess the dominant frame within the speaking turn.  Sometimes it will be 
obvious (e.g., five red sentences to one blue, which would get a Global Identifier of 
Strategy). Other times, you will have to do a word count. 

o! Example: A paragraph contains one sentence in red (strategy) and one sentence in 
blue (issue), and it is unclear which sentence is longer.  Simply count the number 
of words within each sentence that contains a frame. The longer sentence (i.e., the 
one containing the most words) will determine the Global Identifier Code. 

•! In the unlikely event that a paragraph has an equal number of issue related words and 
strategy related words, use the same logic as above to determine it coding  (depth of the 
issue and strategy references). If you still cannot come to conclusion on a Global 
Identifier assign it an identifier label of “Mixed,” mark it in the “Mixed paragraphs” word 
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document in “Misc. Word Documents” folder in the Dropbox and we will decide 
collectively.  

•! Remember, a paragraph must contain at least ONE strategy or issues framed sentence 
(highlighted in red or blue accordingly) to receive a Global Identifier. If a paragraph does 
NOT contain a sentence coded with a frame (i.e., none of the sentences within the 
speaking turn are highlighted), you do not assign a Global Identifier, and you do not 
count it towards the Frame Ratio. 

   
Once all of the Global Identifier Codes have been noted within a segment, you are ready to 
create the Frame Ratio. Simply count up the number of Strategy Global Identifiers, and the 
number of Issue Global Identifiers (again, ignoring any speaking turns that do not contain 
frames).  Within the associated “nets” Excel sheet, insert a column on the right hand side of the 
spreadsheet.  You will insert your Frames Ratio in the cells next to the Matrix.  

-Enter “Ratio,” and in the cell below it, enter “=” and then the number of Strategy Global 
Identifiers divided by (/) the number of Issue Global Identifiers for that segment. 
-In the event that a segment ONLY contains Strategy Global Identifiers, or ONLY Issue 
Global Identifiers, under the Ratio cell write “NA” and notate which one of the frame 
Global Identifiers were present and how many.  Example: “NA only 4 Strategy.” 

  
3.5 Individual Source Codes (triadic coding) 
 
Once you have identified the overall ratio, you must give each individual source their own code 
to indicate whether they are embedded within or contributed through quotes or paraphrasing 
more strategy (2), issue (1), or neither (0) type of content. In other words, for individual sources 
you need only assign a dummy code identifying whether the actor or organization was connected 
mainly to strategy frames (2), issue frames (1), or neither (0).   

•! For each source appearance/mention, the overall content of that appearance/mention 
needs to be assessed. You will have already identified whether a sentence is 
predominantly issue or strategy. Here you will count up the number of issue versus 
strategy sentences in which a given source is embedded or they contributed through 
quotes in order to assign a Global Source Code. This source code will be added to the 
“Source Code” column to the left of Matrix.  

•! For example, if Ron Barber only contributes/is embedded in two strategy sentences, he 
gets a strategy code (2). If he only contributes/is embedded in two issue paragraphs, he 
gets an issue code (1). If there are two strategy codes versus one issue (regardless of the 
word count), he gets a strategy dummy code. If a source only contributes/is embedded in 
a sentence that is coded as neither strategy nor issue (i.e. not highlighted), they are 
assigned a 0. Regardless of the number of 0 codes, if a source is assigned either a 1 or 2 
at any point they are then assigned that dummy code and not zero. If he has one strategy 
frame code and one issue frame code, use the word count of each sentence to decide 
which code to assign. REMEMBER to count the entire sentence. 

o! It could be the case that a source is mentioned within an issue sentence but that 
speaking turn is overall coded as a strategy and that is ok. You would still assign 
that source a 1.  

o! When a source is quoted and is mentioned within an article, these codes 
collectively must be used to determine that source’s dummy code. To keep track, 
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use a separate sheet of paper or feel free it insert comments in the document. This 
can be especially useful in longer articles.  

o! These codes should be entered to the left of the source in the “Source frame” 
column for Matrix 1. 
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Saving the File 
 

Once you are completely done with your portion of the coding, resave a file and add your initial 
to the end to indicate that the file is ready for the PI. For example, if the file is “AZStar_1014,” I 
would resave it and upload it into the Dropbox as “AzStar_1014bc.”
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